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Abstract
The concept of how training load affects performance is founded in the notion that
training contributes to two specific outcomes, these are developed simultaneously by
repeated bouts of training and act in conflict of each other; fitness and fatigue (Banister
et al., 1975). The ability to understand these two components and how they interact with
training load is commonly termed the “dose-response relationship” (Banister, 1991). The
accurate quantification of training load, fitness and fatigue are therefore of paramount
importance to coaches and practitioners looking to examine this relationship. In recent
years, the advancement in technology has seen a rise in the number of methodologies
used to assess training load and specific training outcomes. However, there is a general
lack of evidence regarding the reliability, sensitivity and usefulness of these methods to
help inform the training process. The aim of this thesis was therefore to improve the
current understanding around the monitoring and prescription of training, with special
reference to the relationship between training load, fitness and fatigue.
Chapter 4 of this thesis looked to establish test re-test reliability. Variables selected for
investigation were measures of subjective wellness; fatigue, muscle soreness, sleep
quality, stress levels and mood state, assessments of physical performance;
countermovement jump (CMJ), squat jump (SJ) and drop jump (DJ) and the assessment
of tri-axial accelerometer data; PlayerLoadTM and individual component planes anteriorposterior (PLAP), mediolateral (PLML), and vertical (PLV), were collected during a submaximal shuttle run. The results from this investigation suggest that a short three minute
sub-maximal shuttle run can be used as a reliable method to collect accelerometer data.
Additionally, assessments of CMJ height, SJ height, DJ contact time (DJ-CT) and DJ
reactive strength index (DJ-RSI) were all deemed to have good reliability. In contrast,
this chapter highlighted the poor test re-test reliability of the subjective wellness
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questionnaire. Importantly, the minimum detectable change (MDC) was also calculated
for all measures within this study to provide an estimate of measurement error and a
threshold for changes that can be considered ‘real’.
Chapter 5 assessed the sensitivity and reproducibility of these measures following a
standardised training session. To assess sensitivity, the signal-to-noise (S: N) ratio was
calculated by using the post training fatigue response (signal) and the MDC derived from
Chapter 4 (noise). The fatigue response was considered reproducible if the S: N ratio was
greater than one following two standardised training sessions. Three measures met the
criteria to be considered both sensitive and reproducible; DJ-RSI, PLML and %PLV. All
other measures did not meet the criteria. Subjective ratings of fatigue, muscle soreness
and sleep quality did show a sensitive response on one occasion, however, this was not
reproducible. This might be due to the categorical nature of the data, making detectable
group changes hard to accomplish. The subjective wellness questionnaire was
subsequently adapted to include three items; subjective fatigue, muscle soreness and sleep
quality on a 10-point scale. The test re-test reliability of these three questions was
established in Chapter 6, demonstrating that subjective fatigue and muscle soreness have
good test re-test reliability.
Chapter 6 was comprised of two studies looking to simultaneously establish the doseresponse relationship between training load, measures of fatigue (Part I) and measures of
fitness (Part II). In Part I training load was strategically altered on three occasions during
a standardised training session in a randomised crossover design. In Part II training and
match load was monitored over a 6-week training period with maximal aerobic speed
(MAS) assessed pre and post. A key objective for both studies was to assess differences
in the training load-fitness-fatigue relationship when using various training load
measures, in particular differences between arbitrary and individualised speed thresholds.
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Results from Part I showed a large to very large relationship between training load and
subjective fatigue, muscle soreness and DJ-RSI performance. No differences were found
between arbitrary and individualised thresholds. In Part II however, individual external
training load, assessed via time above MAS (t>MAS), showed a very large relationship
with changes in aerobic fitness. This was in contrast to the unclear relationships with
arbitrary thresholds. Taking the results from both studies into consideration it was
concluded that t>MAS is a key measure of training load if the objective is to assess the
relationship with both fitness and fatigue concurrently with one measure.
Chapter 7 subsequently looked to validate the training load-fitness-fatigue relationships
established in Chapter 6 via an intervention study. The aim was to develop a novel
intervention that prescribed t>MAS, in order to improve aerobic fitness, based on the
findings from Chapter 6. Additionally, the fatigue response following a standardised
training session was assessed pre and post intervention to evaluate the effect the predicted
improvements in aerobic fitness would have on measures of fatigue. Results from Chapter
7 indicate a highly predictable improvement in aerobic fitness from the training load
completed during the study, validating the use of t>MAS as a monitoring and intervention
tool. Furthermore, this improvement in aerobic fitness attenuated the fatigue response
following a standardised training session. The final key finding was the very strong
relationship between improvements in aerobic fitness and reductions in fatigue response.
This further highlights the relationship between t>MAS, fitness and fatigue.
In summary, this thesis has helped further current understanding on the monitoring and
prescription of training load, with reference to fitness and fatigue. Firstly, a rigorous
approach was used to identify fatigue monitoring measures that are reliable, sensitive and
reproducible. Secondly, the relationship between training load, fatigue and fitness was
clearly established. And finally, it has contributed new knowledge to the existing
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literature by establishing the efficacy of a novel MAS intervention to improve aerobic
fitness and attenuate a fatigue response in elite youth football players.
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cm

SPR

Sprint running

> 24 km.h-1

sRPE

Session rating of perceived exertion

Arbitrary units

sV̇O2max

Speed at maximum oxygen uptake

km.h-1

SSG

Small sided game

t>MAS

Time above maximum aerobic speed

min

TD

Total distance

m

TE

Typical error

TRIMP

Training impulse

VHSR

Very high speed running

V̇O2

Oxygen uptake

V̇O2max

Maximum oxygen uptake

Yo-Yo IR1

Yo-Yo Intermittent Recovery Level 1

Α

Cronbach’s Alpha

#sats

Number of satellites

km.h-1

Arbitrary units

> 21 km.h-1
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CHAPTER 1
1.0

INTRODUCTION

Page | 1

1.1 Introduction
The physical performance of football players competing in the English Premier League
has significantly increased over recent years (Barnes et al., 2014, Bush et al., 2015). Elite
players are required to compete in a high number of competitive matches including
domestic, European and international games over the course of a 9-month season. Players
will normally play weekly and often bi-weekly although, during periods of fixture
congestion, players might play up to three matches in a 7-day period (Carling et al., 2015).
In order to succeed teams must possess players with both high levels of technical skill
and well-developed physical capabilities (Bangsbo, 1994, Stølen et al., 2005). The elite
football player will typically cover around 9-13 km during a standard 90 minute match,
depending on position. This distance includes high speed running (HSR), sprinting,
jumping and tackling as well as accelerations, decelerations and physical contacts with
the opposition (Mohr et al., 2003, Rampinini et al., 2007, Di Salvo et al., 2009). The
combination of a 90 minute game duration and the high-intensity intermittent nature of
match play suggests that physiologically, elite players must have an excellent aerobic
energy system in order to meet the endurance requirements of the game (Helgerud et al.,
2001, Impellizzeri et al., 2006). Additionally, players must possess an excellent anaerobic
energy system to perform repeated sprints, accelerations, changes of direction and
maximal jumps (Buchheit et al., 2010b, Akenhead et al., 2013).
In modern elite football, the most popular way to assess the physical demands of training
and match play is through global positioning systems (GPS) (Cummins et al., 2013,
Akenhead and Nassis, 2016). However, with these systems recording over 200 variables,
clarity is required regarding which variables have a real impact on specific training
outcomes (Drust, 2018). Impellizzeri et al. (2005) suggest that the training process is a
combination of external load and individual characteristics that determine the specific
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training outcome. Early work by Banister et al. (1975), suggested that two simultaneous
responses occur from a given training load; a positive function (fitness gain) and a
negative function (fatigue). These two responses work in conflict with each other, it is
therefore the balance between these two components that causes a shift towards a fatigued
state or a fitness gain. This will ultimately determine the performance of an athlete. Very
limited research has been completed to date looking to establish the relationship between
training load, fitness (Akubat et al., 2012, Manzi et al., 2013) and fatigue (Thorpe et al.,
2015, Scott and Lovell, 2017) in football. With regards to fitness, only internal load
measures and been used, suggesting an individualised training impulse (iTRIMP) has the
strongest relationship with changes in aerobic fitness (Akubat et al., 2012, Manzi et al.,
2013). No studies to date have assessed the relationship between external load and
changes in fitness. With regards to fatigue, small to large relationships have been found
between subjective ratings of fatigue and HSR (Thorpe et al., 2015) and individualised
external load (Scott and Lovell, 2017). However, methodological issues might be the
cause of these small relationships. These studies will be discussed in greater depth in
Chapter 2.

1.2 Aims and Objectives of the Thesis
The few studies that have established some association between training load, fitness and
fatigue have failed to show any consensus on which measures are best for assessing
training load; which measures are best used to monitor a player’s level of fatigue or how
these components interact to determine the physical performance of elite football players.
The overall aim of this thesis was therefore to further the current understanding around
the monitoring and prescription of training, with special reference to the relationship
between training load, fitness and fatigue in elite youth football players. This aim was
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addressed over the course of four experimental chapters, which set out to achieve the
following objectives:
1. To determine the most appropriate methods for assessing fatigue in an applied
environment by establishing the test-re-test reliability, sensitivity and
reproducibility of potential fatigue monitoring measures. (Chapters 4 and 5)
2. To examine the dose-response relationship between training load, fitness and
fatigue, with special reference to the use of individualised external training load.
(Chapter 6)
3. To investigate the efficacy of a training intervention to improve aerobic fitness
and subsequently examine its ability to attenuate a fatigue response. (Chapter 7)
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CHAPTER 2
2.0

LITERATURE REVIEW
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2.1 Introduction
The aim of this literature review is to provide background information regarding the
monitoring of training load and fatigue in elite football players. The initial section of this
review will look at the physical and physiological demands of football, followed by a
critical review of the current evidence regarding monitoring training load, with special
reference to the dose-response relationship. Furthermore, this literature review will
provide an examination of the mechanisms that underpin fatigue and how fatigue might
be monitored in an applied football environment.

2.2 Physical and Physiological Demands of Football
2.2.1 Match activity profiles
Football match play lasts 90 minutes, encompassing two periods of 45 minutes separated
by a 15 minute interval. The ball is typically in play for 55-60 minutes (Bloomfield et al.,
2007). The remaining time is made up of throw-ins, set plays such as; free kicks, penalty
kicks, goal kicks also, injury time and periods when the ball is out of play (Carling and
Dupont, 2011). The analysis of activity profiling in football has evolved comprehensively
since the initial studies (Reilly and Thomas, 1979, Bangsbo et al., 1991). Early methods
of football match activity profiling consisted of hand annotation and time-motion analysis
systems, which were very time consuming compared to the more contemporary GPS and
semi-automatic camera systems used today. These modern systems have presented a more
sophisticated method of evaluating complex movements such as, maximum velocity
sprinting, accelerations and decelerations.
Distances covered at the elite level are generally around 9-13 km for outfield players
(Bradley et al., 2009). Typically, centre midfield positions will cover the greatest total
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distance (TD) during games (∼12,000 m), suggesting that for these players aerobic
capacity might be more important than for other positions. Central defenders are often
reported as covering the least distance (∼10,000 m), with other positions (full backs, wide
midfield and centre forwards) typically being similar to one another, covering ∼11,000
m (Bradley et al., 2009). Furthermore, similar distances have been reported in youth
academy football (Abbott et al., 2018b). Recent research has highlighted that TD has
remained consistent throughout a 7-year period in the English Premier League (Barnes et
al., 2014) and no differences are apparent between playing standards, with regards to
distance covered (Bradley et al., 2010). An appreciation of the TD covered during a game
provides valuable information, however, without an understanding of the speeds at which
that distance is covered and other demanding physical characteristics of match play, such
as jumping, throwing, heading, dribbling and contesting with opponents, it is difficult to
accurately assess the demands of competition.
During match play, a sprint occurs approximately every 90 seconds with each bout lasting
an average of 3-5 seconds (Bangsbo et al., 1991). Depending on the threshold used,
sprinting (>25.2 km.h-1) constitutes 150 – 300 m of the distance covered in a game, with
substantial differences apparent between positions (Figure 2.1). Also, high speed running
(>19.8 km.h-1) displays some substantial differences between positions, with players
covering on average 650 – 1100 m during match play (Di Salvo et al., 2009).
Another important consideration when assessing the physical demands of football match
play, is the acceleration and deceleration profile. Varley and Aughey (2013) found that
acceleration efforts ≥ 2.78 m·s-2 occurred eight times more frequently than sprint efforts
(>25 km·h-1). It was also found that 85% of these acceleration efforts did not result in
speeds registered in the high speed threshold (>15 km·h-1). These findings highlight the
importance of assessing the acceleration demands alongside speed demands. Following
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on from this study, Akenhead et al. (2013) assessed the temporal patterns of accelerations
and decelerations during match play. They established time dependent reductions
throughout a game and transient reductions following peak periods, suggesting that a
players’ capacity to perform optimally might be effected throughout match play.

Figure 2.1. Distance covered while completing high speed running and sprinting by
five outfield playing positions (Di Salvo et al., 2009). Error bars represent 1 SD.

2.2.2 Aerobic energy demands
Football is an intermittent sport during which the aerobic energy system is heavily taxed
(Bangsbo et al., 2006), with mean and peak heart rates (HR) of around 85 and 98% of
maximal values, respectively (Ali and Farrally, 1991, Bangsbo, 1994). These HR
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measurements during a game appear to suggest that the average oxygen uptake (V̇O2) is
around 70% of maximum V̇O2 (V̇O2max). There is a lack of literature regarding the precise
V̇O2 profile during a football match, due to the difficulty of assessing V̇O2 in the field.
However, portable gas analysers have been used to quantify the V̇O2 kinetics during
various football activity patterns (Esposito et al., 2004). This research suggests a strong
linear relationship between HR and V̇O2, concluding that the physiological demands of
football activities can be estimated from HR measured in the field.
Some authors have suggested maximal aerobic capacity to be positively related to game
performance and team success (Helgerud et al., 2001, Hoff et al., 2002). As previously
mentioned average V̇O2 during match play is around 70% V̇O2max (Stølen et al., 2005),
therefore, it is logical that an enhanced aerobic capacity would enable a player to reach
and sustain a higher work rate and potentially exert a greater influence during a game.
However the suitability and sensitivity of V̇O2max as a determinant of football work rate
has been questioned by some (Edwards et al., 2003, Bangsbo et al., 2006). A player’s HR
during a game is rarely below 65% of maximum, signifying that blood flow to the
exercising musculature is continuously higher than at rest (Stølen et al., 2005), indicating
that oxygen utilisation by exercising muscles rather than oxygen delivery might be a more
important factor (Christensen et al., 2011).
The intermittent, repeat-sprint nature of football match play suggests a requirement for
rapid V̇O2 on-kinetics in order to maximise the aerobic contribution to repeated highintensity bouts, thus limiting reductions in performance caused by metabolic bi-products
associated with anaerobic energy production (Mohr et al., 2003, Magalhães et al., 2010).
Fast V̇O2 kinetics theoretically facilitate faster recovery and a reduced “oxygen debt”,
enabling repeat high-intensity efforts to be better maintained (Dupont et al., 2005, Dupont
et al., 2010).
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2.2.3 Anaerobic energy demands
Although aerobic metabolism is the major provider of energy during a football match, the
most decisive actions are underpinned by anaerobic metabolism (Stølen et al., 2005).
Anaerobic energy production is high during football match play, indicated by the high
number of brief intense actions (150 - 250) (Mohr et al., 2003). Mean blood lactate
concentrations of 2 – 10 mmol.L-1 have been observed during football match play, with
individual peak values reaching >12 mmol.L-1 (Ekblom, 1986, Krustrup et al., 2006).
These findings indicate that the rate of muscle lactate production is high during match
play. However, it is worth noting the differences observed between muscle and blood
lactate. Krustrup et al. (2006) found weak correlations between muscle and blood lactate
concentrations, this is likely due to differences in lactate turnover in the muscle compared
to the blood, with the rate of lactate clearance being significantly higher in muscle than
in the blood (Bangsbo et al., 1993). Nonetheless, the high blood lactate and moderate
muscle lactate concentrations during match-play suggested that the rate of glycolysis is
high for short periods of time during a game. Furthermore, phosphocreatine (PCr)
breakdown might be high, especially during shorter periods of high-intensity exercise,
whilst re-synthesis of PCr levels might occur during periods of low-intensity exercise
(Bangsbo et al., 2006). Post-match muscle biopsies have shown PCr levels to be as low
as 70% compared to pre-match concentrations (Krustrup et al., 2006), with levels
decreasing as low as 30% during elite football match-play (Bangsbo, 1994).
This section has discussed the physical and physiological demands of football match play,
highlighting the need for excellent aerobic, anaerobic and sprint capabilities in order to
meet the demands at the elite level. It could therefore be suggested that if players and/or
teams are to succeed at the elite level methods for monitoring and improving these
physiological and physical capabilities are of paramount importance to practitioners.
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2.3 Football Training
2.3.1 Training structure
A typical training week or “micro-cycle” in elite level football will involve 4-6 training
sessions and one competitive game, with the most demanding training sessions placed
towards the beginning of the training week (Jeong et al., 2011, Wrigley et al., 2012).
Early studies, quantifying training and match load via the session rating of perceived
exertion (sRPE) reported that match load is approximately 18 to 25% of total weekly load
(Impellizzeri et al., 2004, Wrigley et al., 2012). More recent studies have utilised the
advancements in GPS technology to assess weekly external training demands over the
course of a football season (Malone et al., 2015a, Akenhead et al., 2016). Malone et al.
(2015a) assessed training micro-cycles on three occasions over a season in an elite
football team. The authors found that training load was significantly reduced the day
before match day (MD-1), with no differences observed across the remaining training
days. They concluded that coaches might employ similar overall training load on the
majority of training days, then attempt to unload on MD-1 in order to increase player
readiness leading into the match. This could have important implications for training
monotony, if training load is not correctly manipulated across the training week there
could be inadequate recovery, accumulation of fatigue with subsequent effects on
performance and injury risk (Foster, 1998). Akenhead et al. (2016) assessed daily training
load over 18 in-season, 7-day micro-cycles, they found TD covered differed significantly
across a 4-day training structure (Figure 2.2). Likewise, high speed distance (>21 km.h1

) followed a similar pattern with a Tuesday (MD-4) displaying the highest load of the

week. Comparable to the findings of Malone et al. (2015a), Akenhead et al. (2016) found
players completed their lowest training load on MD-1.
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Along with other studies that have assessed external training load in-season (Gaudino et
al., 2013, Owen et al., 2016) it is apparent that the structure of the training week differs
slightly in elite football from team to team, this will largely be depended on the
philosophy of the manager and his staff (Weston, 2018). However, a similar pattern has
arose, that players are “loaded” toward the start of the training week, both in terms of
volume and intensity, and “de-loaded” leading into a game. Further research is need to
understand how daily and weekly structure of training can impact on the relationship
between training load, fitness, fatigue and performance.

Figure 2.2. Weekly training structure for total distance and high speed distance as
reported by Akenhead et al. (2016).

2.3.2 Training methodologies
Training programs and methodologies in elite football will largely be led by the clubs
manager and his coaching/support staff. However, in modern football the methodologies
used will most often be football specific and evidence based. One of the most popular
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methodologies is the use of small sided games (SSG). In SSGs players experience similar
technical and tactical situations as they would encounter in competitive match play (Owen
et al., 2004). Due to this fact, game-based conditioning using SSG has become a popular
method of developing specific aerobic and anaerobic fitness in football players
(Impellizzeri et al., 2006). There are a number of different constraints that can be
manipulated during SSGs to alter the physiological, physical, technical, tactical and
psychological demands of the training stimulus. Firstly, the number of players completing
a SSG can elicit different outcomes. Studies have shown that SSG formats with fewer
players elicit greater HR than larger numbered games (Owen et al., 2004, Impellizzeri et
al., 2006, Rampinini et al., 2007). However, as work-rate has been observed to remain
consistent, irrespective of the number of players, it could be suggested that the increase
in technical actions observed with fewer players also increases the physiological demands
of SSGs (Jones and Drust, 2008). A substantial amount of research has investigated the
impact of pitch size on the physiological and technical response to SSGs (Rampinini et
al., 2007, Kelly and Drust, 2009, Casamichana and Castellano, 2010), the findings
however are conflicting. Kelly and Drust (2009) did not find any differences between the
HR responses to three different pitch sizes. In contrast, Rampinini et al. (2007) and
Casamichana and Castellano (2010) found significant differences in HR responses
between SSGs played on pitches with different sizes, concluding there are higher HR
values during SSGs played on a large pitch when compared to medium- and small sized
pitches. Similar conflicting results have been found for technical actions, such as, passing,
receiving, dribbling, interceptions and heading (Kelly and Drust, 2009). However, a
higher number of shots and tackles has been found during SSGs on smaller pitches (Owen
et al., 2004, Kelly and Drust, 2009). These contrasting findings might be due to the
differences in pitch size used. A review of SSGs by Aguiar et al. (2012) documented the
large range of pitch sizes used within the literature; for example, a 6v6 SSG had a range
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of 240 - 2400 m2. Perhaps an important consideration is the relative pitch space per player
(m2 per player), this can allow pitch sizes to be used that are comparable to 11v11 match
play, resulting in greater distance covered, HSR and longer periods of ball possession,
compared to smaller pitch sizes (Olthof et al., 2018). A large number of constraints can
also be used during SSGs to elicit different responses. It is beyond the scope of this review
to discuss these in great detail, however these might include factors such as presence of
goalkeepers and goals (Dellal et al., 2008), coach encouragement (Rampinini et al., 2007)
and rule changes (Hill-Haas et al., 2010). Although SSGs have been shown to prompt
improvements in aerobic fitness (Impellizzeri et al., 2006) the exact physiological and
technical responses are often conflicting within the literature (Aguiar et al., 2012).
Furthermore, a criticism of SSGs is that they can potentially limit the amount of high
speed and sprinting exposure players receive in training (Ade et al., 2014) an important
consideration when looking to improve performance and mange injury risk (Malone et
al., 2017b). While SSGs can be an important component of training, used to provide
players with a sport specific stimulus, it could be suggested that in order to target specific
physiological or physical qualities such as aerobic fitness or maximum sprint speed
supplementary training should be completed.

2.3.3 Supplementary training
A range of supplementary training methods are utilised within football; aerobic and
anaerobic conditioning, as well as speed, strength and power training. For the purpose of
this review the focus will be on the use of running based conditioning drills to improve
aerobic and anaerobic capabilities. Helgerud et al. (2001) conducted one of the first
training studies that looked to evaluate the effects of an aerobic interval intervention on
football performance. Their training intervention consisted of a 4 × 4 minutes running
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interval programme at 90–95% of maximum HR (HRmax), with three minutes active
recovery between bouts. Following this training intervention improvements in V̇O2max
(11%), lactate threshold (16%), and running economy at lactate threshold (7%) were
found. Similarly, the distance covered during a match increased by 20%, the number of
sprints doubled and involvements with the ball during a match increased by 23%.
Helgerud et al. (2007) further evidenced the efficacy of high intensity aerobic interval
training when they compared the use of long slow distance running (continuous run at
70% HRmax for 45 min), lactate threshold running (continuous run at lactate threshold 85% HRmax for 25 min), 15/15 interval running (47 repetitions of 15 s at 90-95% HRmax
with 15 s of active rest at 70% HRmax) and the 4 x 4 minute protocol previously described.
Results indicate the high intensity aerobic interval training of 15:15 and 4 x 4 minute
performed at the same intensity both revealed significantly higher absolute V̇O2max
improvements of 5.5 and 7.3%, respectively, compared to the moderate and low intensity
training groups. Concurrent improvements in stroke volume and cardiac output were also
evident in the high intensity aerobic interval training groups indicating a strong
dependence between these parameters. Although the evidence for the effectiveness of
high intensity aerobic interval training based on percentage of HRmax is clear, the ability
to programme and monitor interval training via HR telemetry is difficult in the field, given
the need for constant live monitoring of each player. Furthermore, although the 4 x 4
protocol offers a significant reduction in volume compared to long slow distance running
it still poses a substantial volume and time cost which might detract from football specific
training.
An alternative method of programming high intensity interval training is to use the speed
corresponding to V̇O2max or maximal aerobic speed (MAS). Dupont et al. (2004) used a
15:15 protocol, completing 2 x 12-15 repetitions, running at 120% MAS over a 10 week
period. Using this method players cover an individual distance determined according to
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their own MAS, over the same time period (15 s) while at the same relative intensity
(120% MAS). Results indicated that a high intensity interval training program elicited an
8% improvement in MAS compared to normal football training, completed during a
control period. More importantly this protocol was completed alongside habitual football
specific training and shows that a high intensity interval training program based on %
MAS can improve aerobic fitness, in-season, with minimal time cost (∼15 minutes per
session). Another popular supplementary training method is repeated sprint (RS) training.
This is defined as “a series of short, maximal sprints (3–7 s in duration), separated by a
short recovery period (<60 s)” (Buchheit and Laursen, 2013a). A comprehensive metaanalysis by Taylor et al. (2015) has highlighted that RS training can induce moderate
(effect size; ES = 0.61) improvements in high-intensity intermittent running performance
(Yo-Yo Intermittent Recovery Level 1; Yo-Yo IR1), RS ability, power and sprint speed,
and therefore offers an effective strategy to improve a range of physical qualities, in a
time efficient manner, in football players.
In conclusion, this section has reviewed the typical training structure, methodologies and
supplementary training used in elite football. Although football specific methods such as
SSGs offer an attractive option to coaches given their claim to enhance both the physical
and technical qualities of players it has become apparent throughout this review that to
improve specific physical qualities supplementary training might be advantageous. Thus,
previous literature has clearly established the ability of supplementary running based
protocols to improve aerobic fitness in football players. Methods such as MAS based
interventions and RS training might offer the most effective and time efficient options for
practitioners to use in order to improve a range of physical qualities, alongside habitual
football training. Although the usefulness of these interventions is clear, how the cost
they impose on the global training load of a football player and ultimately how they affect
the training load, fitness and fatigue relationship is yet to be established.
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2.4 Monitoring Training Load in Football
2.4.1 The training process
During the training process, players are regularly exposed to systematic and repetitive
exercise stimuli with the goal of inducing adaptation and maximising performance. Other
goals of the training process might include delaying the onset of fatigue and reducing the
risk of injury. Player monitoring has become an integral component of the decision
making process around the preparation of football players. Closely monitoring both
training load and training response is essential to ensure a balance between exposure and
recovery exists within the training plan.
The training process starts with the training plan in which a certain training dose (or
training load) is prescribed by the coach. One of the first steps in the setup of a successful
training monitoring system is to quantify the dose of training and matches. A conceptual
model of the training process has been suggested by Impellizzeri et al. (2005).

Figure 2.3. The training process as proposed by Impellizzeri et al. (2005).

The training dose can be monitored using both measures of internal and external training
load. External training load is defined as the objective measure of the work that an athlete
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completes during training or match play and is measured independently of the internal
training load (Halson, 2014). The internal training load is the physiological stress caused
by training or competition. The magnitude of the stress imposed by training defines the
subsequent adaptation (Halson, 2014). Internal training load ultimately determines
training outcome, and is itself determined by a combination of external training load and
individual characteristics (e.g. age, weight, fatigue state) (Figure 2.3).

2.4.2 The dose-response relationship
The efficacy and effectiveness of different training load methods is dependent on their
ability to inform the training process and understanding the interactions between training
load and the subsequent training outcome such as; fitness, fatigue and performance.
Banister et al. (1975) proposed a simple model to explain the training response to a given
training load and the resultant impact on performance. Banister et al. (1975) suggested
that performance at any given time point is determined by two main components: a fitness
response and a fatigue response (Figure 2.4).
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Figure 2.4. Conceptual model of the dose-response relationship (Banister et al. 1975).

The fitness response involves the physiological adaptation to training, which is the long
term positive effect and will eventually result in an improvement in performance. The
fatigue response is a shorter term negative effect caused by the training induced fatigue
resulting in a decrease in performance (Banister et al., 1975). Therefore, Banister et al.
(1975) suggest that, in its simplest form, performance at any time in a training program
can be defined as the fitness gains in response to training minus the level of fatigue
(Performance = Fitness – Fatigue). This relationship between training load, fitness,
fatigue and performance is depicted in Figure 2.5. We can see that for a given training
load there are simultaneous fitness (+) and fatigue (-) responses, while fatigue is greater
than fitness the player is in a negative performance state. However, as fatigue dissipates
at the quicker rate performance increases until the player is in a positive performance
state.
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Training Load

Fatigue

Fitness

Performance

Figure 2.5. Representation of the training load, fitness, fatigue and performance model
(Banister et al., 1975).

2.4.3 External training load
External load refers to the total mechanical or locomotive work that is completed by a
player, commonly expressed as a function of distance, speed or time. The use of GPS
technology to monitor external training load in football is now common practice
(Akenhead and Nassis, 2016, Weston, 2018). Furthermore, there are a plethora of studies
within the literature that have used GPS to assess both match play and training. A search
in PubMed for the term “GPS Soccer” will return 179 studies in November 2018. The
validity and reliability of GPS to assess instantaneous velocity, accelerations and
decelerations (Jennings et al., 2010, Varley et al., 2012, Akenhead et al., 2014, Johnston
et al., 2014) has been established, indicating good validity and reliability. However, it
should be noted that as constant velocity or acceleration increase the validity and
reliability decrease.
The TD covered during training or match play is considered a general index of the
players’ workload (Aughey, 2011, Cummins et al., 2013). External workload is often
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further categorised into speed zones in an attempt to understand the locomotor profile or
intensity distribution of the players’ loading. The way in which these speed zones are
classified however varies greatly within the literature. For example HSR has been
classified as low as 13 km·h-1 and as high as 24 km·h-1 (Jennings et al., 2010). These
dissimilarities in classification of speed thresholds, accompanied with differences in the
technology available (Randers et al., 2010), equipment manufacturers (Johnston et al.,
2014), sampling frequencies (Jennings et al., 2010) software versions (Buchheit et al.,
2014) and data-processing techniques (Malone et al., 2017a) make comparisons between
studies and general recommendation about external training loads difficult. A recent
survey of practitioners working in elite clubs across Europe has highlighted that arbitrary
speed thresholds (>19.8 and >25.2 km·h-1) are most commonly used to quantify training
load during training sessions and match play, along with TD and accelerometer variables.
Scientific justification for the demarcation of speed zones is often lacking within the
literature and in practice is frequently governed by the need to match thresholds to the
semi-automated tracking systems used in football stadiums (i.e. ProZone/ Amisco Di
Salvo et al. (2009)).
Another aspect of external training load which is important for practitioners to consider
is the acceleration and deceleration demands of training and match play. The ability to
accelerate has been associated with critical activities within football, such as being first
to the ball, and creating/stopping goal scoring opportunities (Carling et al., 2008). From
a workload standpoint the research of Akenhead et al. (2013, 2015, 2016) has highlighted
that not only is accelerating and decelerating an import component of match play
workload (18% of TD covered >1 m·s-2), but also there is a higher physiological cost
(increase blood lactate values and RPE) associated with accelerating compared to steady
running. Therefore it is suggested that acceleration and deceleration are an important
aspect when evaluating external load in football, however, the dose-response relationship
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between acceleration and declaration and specific training outcomes has yet to be
established.
An additional method utilised by practitioners to quantify external load is tri-axial
accelerometer data. In team sport research, the most commonly used tri-axial
accelerometer data, is referred to as PlayerLoad™ (PL), defined by the manufacturers, to
provide an overall external load for an individual as it encompasses running and nonrunning events in all planes of motion (vertical, mediolateral and anterior-posterior), such
as running, jumping, tackles and changes of direction (Boyd et al., 2011). There are
strong correlations between PL and TD covered during football training activities (r20.83; Scott et al. (2013a)). Furthermore, PL and its individual component planes have
shown within-match patterns during games, showing that locomotor efficiency (PL per
metre covered) increases towards the end of each half, which might be representative of
fatigue (Barrett et al., 2016). However, it is important to acknowledge the current
limitations of tri-axial accelerometer data. Recent research has suggested that the
accuracy of estimated ground reaction forces, as a measure of whole body biomechanical
loading is poor (Verheul et al., 2019). Caution should therefore be applied when
interpreting accelerometer data, particularly from one segment (MEMS device between
the scapulae), as it is unlikely to represent external whole body biomechanical loads. No
studies to date have utilised tri-axial accelerometer data as an external load measure when
assessing the dose-response relationship with specific training outcomes.
There have only been two studies which have used external load to investigate the doseresponse relationship between training load and measures of fatigue in football (Thorpe
et al., 2015, Scott and Lovell, 2017). Thorpe et al. (2015) findings show that subjective
ratings of player wellness, specifically perceived fatigue display large (r =-0.51)
associations with fluctuations in daily HSR (>14 km·h-1). Other markers assessed such as
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countermovement jump (CMJ) height and HR indices showed trivial to small (r = 0.13 –
0.23) associations with external load. The authors concluded that a limitation was the
arbitrary nature of their external load measure, suggesting, the use of individualised speed
thresholds that take into account each individuals physiological characteristics might
represent a better way of quantifying training load. Building on this work, Scott and
Lovell (2017) assessed the relationship between external training load and subjective
wellness, using both arbitrary and individualised HSR measures. They found small to
moderate (r = -0.19 to -0.31) relationships between training load and subjective measures
of fatigue and muscle soreness. Furthermore, no clear differences were observed between
arbitrary and individualised speed thresholds. It could be suggested however, that
methodological issues, resulted in the questionable relationships found in the two
aforementioned studies. Both studies assessed training load and fatigue daily throughout
a short training period (17-21 days), this does not allow for the training dose to be
standardised or for the potential accumulation of fatigue. Similar studies under more
controlled training conditions are therefore warranted.

2.4.4 Internal training load
Internal training load measures are typically based on either HR or a subjective RPE
(Banister and Calvert, 1980, Foster et al., 1996). Banister and Calvert (1980) developed
a training load measure based on HR to define the dose of exercise in training impulse
(TRIMP) units. Banister’s TRIMP was defined as:
TRIMP = duration training (min) x ΔHR x y
ΔHR = (HRex – RHR) / (HRmax – RHR)
Where HRex is exercise HR, and RHR is resting HR. The weighting factor (y) is based on
typical blood lactate profile in trained males and females (Banister and Calvert, 1980).
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Banister’s TRIMP uses mean HR during exercise to quantify internal training load.
Following the original TRIMP method proposed by Banister and Calvert (1980), several
modifications to the method have been proposed. Edwards (1993) proposed a different
HR-based TRIMP method using five arbitrary HR zones with each zone weighted from
one to five where the duration spent in each zone is multiplied by the weighting factor to
provide a total TRIMP score. Lucia et al. (2003) proposed a three zone-based TRIMP
method. The three zones are based around physiological thresholds: zone one is below
the ventilatory threshold, zone two is between the ventilatory threshold and the
respiratory compensation point and zone three above the respiratory compensation point.
Weighting factors are defined as an arbitrary one, two and three for each zone
respectively. More recently, Manzi et al. (2009b) proposed another modified TRIMP
method called iTRIMP. For iTRIMP, the weighting factors are calculated using each
players individual HR – blood lactate response taken from an incremental exercise test.
RPE is another popular method for quantifying internal load (Impellizzeri et al., 2004).
The original RPE scale as developed by Borg et al. (1987) used a 15-point scale of 6 to
20, anchored with words contextualising the scale against subjective perceptions of effort.
The original scale was developed to match typical absolute HR during exercise (60 to 200
b.m-1). Several modifications of the scale have been proposed, the most commonly
utilised being the 11 point scale (0 to 10) (Borg and Kaijser, 2006). Foster et al. (1996)
first proposed using sRPE which is the product of RPE and the duration of exercise.
However, both the validity (Chen et al., 2002) and reliability (Scott et al., 2013b) of RPE
has been questioned within the literature. For example, the sRPE recorded for the same
external workload has been shown to vary depending on the distribution of exercise
intensity across the exercise session (Scott et al., 2013b). However, as RPE is a measure
of perceived load it is possible that psychosocial factors can influence ratings, it could
therefore be suggested that RPE is a good measure of universal training load.
Page | 24

Two studies have investigated the dose-response relationship between internal training
load and measures of fitness in football players. Akubat et al. (2012) assessed a range of
internal training load measures over a 6-week training period, assessing aerobic fitness
pre and post. Results suggest that changes in the speed at lactate threshold are correlated
to mean weekly iTRIMP (r = 0.67). Banisters TRIMP and sRPE did show moderate
correlations with speed at onset of blood lactate accumulation (r = 0.40 – 0.43), however,
these relationships were non-significant, potentially due to the small sample size (n = 9).
Similarly, Manzi et al. (2013) monitored iTRIMP during an 8-week pre-season period in
elite football players and assessed measures of aerobic fitness pre and post. They found
that accumulated iTRIMP was significantly correlated to improvements in V̇O2max (r =
0.77), ventilatory threshold (r = 0.78) and Yo-Yo IR1 performance (r = 0.69). These two
studies suggest that it is an individual’s internal response to training which dictates the
changes in aerobic fitness. However, no studies to date have assessed this relationship
using external load measures.

2.4.4 Individualised external training load
It is well established that the internal response to training load is what drives the training
outcome (Impellizzeri et al., 2005). This is therefore a limiting factor when assessing the
external workload of players through systems such as GPS. An alternative method might
be to use individualised speed thresholds based on the physiological characteristics of the
individual player. This will provide an “internalised” measure of external load, which
might improve the relationships with specific training outcomes (Akubat, 2014).
Abt and Lovell (2009) first proposed that high speed thresholds, should be individualised
based on the second ventilatory threshold in a similar manner to the methods proposed
by Lucia et al. (2003). Abt and Lovell (2009) found the median velocity at the second
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ventilatory threshold to be 15 km.h-1. This resulted in a three-fold increase in the
quantification of HSR distance covered compared to the arbitrary distance covered above
19.8 km.h-1. Although this is an obvious finding as the threshold for high speed has been
substantially reduced, this highlights that true high speed activity might be substantially
underestimated when using higher arbitrary thresholds. Although these findings show the
need to individualise training loads based on physiological characteristics, the methods
used by Abt and Lovell (2009) require extensive laboratory testing which might not be
feasible in an applied football environment. Other methods have been employed to assess
players training load with reference to individual fitness characteristics gained via field
based assessments. Percentage of maximum sprint speed (MSS) has been used previously
(Harley et al., 2010), however, it has been highlighted that using one single fitness
characteristic might not reflect the complete locomotor profile of a player (Weston, 2013,
Hunter et al., 2015). Alternatively, Mendez-Villanueva et al. (2013) used a technique
which encapsulated field based testing data to estimate a players’ MAS and sprint
capabilities (MSS). This technique allows for an estimation of a players’ anaerobic speed
reserve (ASR) and has been used to establish a players’ transition (>30% ASR) into
anaerobic workload (Bundle et al., 2003, Mendez-Villanueva et al., 2013). More recently,
Hunter et al. (2015) compared a number of different methods for individualising speed
thresholds (Table 2.1), including both laboratory and field based measures. They
discussed that an approach using laboratory derived thresholds of respiratory
compensatory threshold and speed at V̇O2max (sV̇O2max) would be the gold standard
method for individualising speed thresholds. However, a method using field based
measures of MAS, MSS and ASR poses an ecologically valid, economical and practical
technique for individualising thresholds.
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Table 2.1. Description of methods used to categorise speed thresholds (Hunter et al., 2015).
ARB

IND

MAS

MSS

LOCO

Low-Speed
Running

< 14.99

< RCT

< 79% MAS

< 49% MSS

< 79% MAS

High-Speed
Running

15.00 17.99

RCT sV̇O2max

80-99%
MAS

50-59%
MSS

80% -99%
MAS

Very HighSpeed
Running

18.00 24.99

sV̇O2max 29% ASR

100-139%
MAS

60-79%
MSS

100% MAS 29% ASR

Sprinting

25.00 –
35.00

30% ASR –
MSS

140% MAS 35 km.h-1

80% - 100%
MSS

30% ASR MSS

RCT: speed corresponding to a players respiratory compensation threshold; sV̇O2max: Speed
corresponding to the players maximal oxygen uptake; ASR: anaerobic speed reserve; MAS: maximal
aerobic speed; MSS: maximum sprint speed; ARB: arbitrary speed zones; IND: Individualised speed
zones incorporating RCT, sV̇O2max, and MSS; LOCO: locomotor speed zones incorporating MAS and
MSS.

Studies that have used MAS to individualise speed thresholds from field based
assessments have tended to use a modified version of the Montreal Track Test (Leger and
Boucher, 1980) and the VAM-EVAL (Mendez-Villanueva et al., 2013, Hunter et al.,
2015, Abbott et al., 2018a). Another method that might provide a simple and effective
estimate of MAS is time trial performance. Multiple studies have shown that MAS can
be estimated from the average speed during a time trial for any distance between 1200
and 2200 metres (Lorenzen et al., 2009, Bellenger et al., 2015). However, the reliability
and/or usefulness of such a test to individualise speed thresholds has yet to be established.
One study to date has utilised individualised speed thresholds to assess the dose-response
relationship between training load and measures of fatigue (Scott and Lovell, 2017). As
previously discussed, they found small to moderate (r = -0.19 to -0.31) relationships
between training load and subjective measures of fatigue and muscle soreness. However,
no clear differences were observed between arbitrary and individualised speed thresholds,
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calling into question the utility of individualised training load for assessing the doesresponse relationship with fatigue. These findings might be a result of the acute nature of
this study that correlated daily training load with subjective fatigue. It is likely that acute
daily differences between arbitrary and individualised measures; for example from one
training session, are small. However, when these small differences are accumulated over
time distinctions might be more apparent. No studies to date have assessed the chronic
dose-response relationship between individualised training load and changes in fitness,
furthermore, this is a topic that has been highlighted within the literature as needing
further investigation (Drust, 2018).

2.5 Fatigue in Football
Previous sections within this literature review have introduced the importance of the doseresponse relationship and provided an overview of the current literature on monitoring
training load in football. The following sections will look to discuss the training response,
with special reference to fatigue. An overview of the mechanisms behind fatigue in
football will be undertaken and a holistic view of the methods used to monitor fatigue
will be discussed.
The broad use of the term fatigue within the literature presents a challenge as this can
encompass several different phenomena that are the consequence of different
physiological and perceptual processes (Enoka and Duchateau, 2008). In the field of
sports science the consequences of fatigue have been defined as “a failure to maintain the
required or expected force” (Edwards, 1981) and “an exercise-induced reduction in the
ability of muscle to produce power or force” (Bigland‐Ritchie and Woods, 1984).
However, these definitions focus on the physiological consequences of fatigue, mainly
reductions in muscular force. Another important aspect of fatigue, that needs
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consideration, is the perceptual component. Other researchers have defined fatigue as “the
conscious perception of changes in subconscious homeostatic control systems” (St Clair
Gibson et al., 2003), this suggests that fatigue is a sensation experienced by the exerciser
that is critical to the regulation of exercise intensity. It has therefore been recommended
that a consideration of both the physiological and perceptual consequences are necessary
to understand the phenomena of fatigue during exercise (Barry and Enoka, 2007). For the
purpose of this thesis the operational definition of fatigue will be “an inability to maintain
optimal performance due to physiological and perceptual changes”.

2.5.1 Metabolic fatigue
As discussed in previous sections the activity profiles, and in particular high-intensity
running have been seen to fall significantly during the final periods of a football match
(Reilly and Thomas, 1979, Mohr et al., 2003, Krustrup et al., 2006). The exact underlying
mechanism for the apparent reduction in physical performance towards the final stages
of match play remain unclear, largely due to the numerous technical and tactical
influences. The source of energy in high-intensity exercise depend predominantly on
muscle glycogen rather than extracellular glucose (Jacobs et al., 1982). Muscle glycogen
stores have been shown to be almost fully depleted after a football match (Saltin, 1973).
More recently, less severe reductions in muscle glycogen have been found post-match,
although further analysis revealed over half of the individual type I and II fibres showed
depleted or partially depleted glycogen capacity, particularly in fast twitch fibres
(Krustrup et al., 2006). Interestingly, the depletion of glycogen in fast twitch fibres to a
critically low level where maximal glycolytic rate cannot be maintained (Bangsbo et al.,
1992) was shown to determine the point of fatigue during match play (Krustrup et al.,
2006). Therefore, the substantial reduction of muscle glycogen observed in individual
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fibres could hamper the ability to maximal exert force and consequently decline single
and repeated sprint performance.
In addition to fatigue towards the end of a match, time motion analysis has indicated that
transient fatigue might also occur during match play (Mohr et al., 2003, Akenhead et al.,
2013, Barrett et al., 2016), with a reduced ability to undertake high-intensity running,
sprinting and acceleration during the five minute period following the most intense period
of the game. Furthermore, it was shown that following an intense period of match play,
sprint performance was significantly reduced when compared to sprint performance at
the end of the first half (Krustrup et al., 2006). An exercise-induced elevation of lactate
and the associated increase in hydrogen ions (H+) within the muscle are thought to
contribute to the temporary decrement in performance during these intense periods. In
addition to acidosis, anaerobic metabolism in skeletal muscle also involves hydrolysis of
creatine phosphate to creatine and inorganic phosphate (Pi). It has been suggested that Pi
might be a major cause of fatigue during high intensity exercise (Westerblad et al., 2002).
Increased Pi has been shown to substantially impair myofibrillar performance, decreases
sarcoplasmic reticulum calcium release and therefore contributes to the decreased
activation (Allen and Trajanovska, 2012).
The rapid depletion of adenosine triphosphate (ATP)/ PCr and the relative short time to
replenish PCr stores is suggested to influence the ability to perform subsequent bouts of
high intensity activity, and consequently contribute to a decline in performance during
match play (Bangsbo, 1994). However, biopsy studies during football match play indicate
PCr is only reduced by 25% following a high intensity period (Krustrup et al., 2006). It
must be noted however, that the values in the aforementioned study might have been
underestimated as a result of the rapid recovery of PCr stores and the delay in obtaining
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the muscle biopsy. Indeed, PCr might deplete individual fibres almost completely
following intense activities (Soderlund and Hultman, 1991).
Another proposed factor in the onset of temporary fatigue in football is an accumulation
of potassium ions (K+) in the muscle interstitial metabolism and the resulting electrical
disturbances in the muscle cell (Bangsbo et al., 1996). This was in agreement with another
study, which reported a significant increase in interstitial K+ concentrations during
exhaustive exercise with a simultaneous decline in muscle pH (Nordsborg et al., 2003).
Training studies have demonstrated that intense intermittent training reduces
accumulation of K+ in muscle interstitial during exercise, through a larger re-uptake of K+
and greater activity of the muscle sodium-potassium pumps. Subsequently, the lower
accumulation of K+ in muscle interstitial delayed fatigue during intense exercise,
supporting the notion that K+ accumulation is involved in the development of fatigue
(Nielsen et al., 2004). With reference to football, studies have shown that plasma K+ levels
can be elevated to levels around that observed following exhaustive incremental
intermittent exercise (Krustrup et al., 2003). The intermittent nature of football means
that a myriad of factors and mechanisms could lead to fatigue in players. Metabolic
factors such as reductions in ATP, PCr, glycogen and muscle pH, coupled with
accumulation in muscle lactate, H+, Pi and K+ might contribute to the diminishing
physical performance.

2.5.2 Neuromuscular fatigue
Neuromuscular fatigue can relate to any alteration in the physiological processes
governing the central nervous system or muscle function, but is typically quantified by
examining voluntary and artificially-evoked forces during an isometric muscle action
(Thomas et al., 2018). Peripheral mechanisms of fatigue operate at, or distal to, the
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neuromuscular junction with central fatigue being defined as a progressive reduction in
voluntary activation of a muscle (Carroll et al., 2016). There is a tendency within the
literature to use the term neuromuscular fatigue, when assessing physical performance
measures such as jump or sprint tests, however, although these measures might relate to
muscle function they are not specifically assessing neuromuscular fatigue. For the
purpose of this review the term neuromuscular fatigue will signify the assessment of
muscle function through peripheral or central pathways.
Peripheral fatigue is a consequence of impairments in contractile function and central
fatigue, the capacity of the central nervous system to activate muscle (Gandevia, 2001).
Peripheral contributors to muscle fatigue can be assessed by measuring involuntary
responses to electrical stimulation at rest. Additionally, central contributors can be
examined through responses to electrical and magnetic stimulation during voluntary
contractions (Thomas et al., 2018). Three studies to date have investigated the central and
peripheral mechanisms associated with match related fatigue (Rampinini et al., 2011,
Thomas et al., 2017, Brownstein et al., 2017). Firstly, Rampinini et al. (2011) observed
significant moderate-to-large correlations between voluntary activation (central marker)
and TD covered in elite players. No correlations were found between physical match
performance characteristics and peripheral markers of fatigue. Rampinini et al. (2011)
concluded that central fatigue seems to be the main cause of the decline in maximum
voluntary contraction and sprinting ability, whereas peripheral fatigue seems to be more
related to increased muscle soreness and therefore seems very likely linked to muscle
damage and inflammation. Similarly, Thomas et al. (2017) found a simulated football
match resulted in substantial fatigue that persisted for up to 72 h post exercise. Central
fatigue, determined via voluntary activation, was substantially reduced immediately post
exercise and, although markedly recovered by 24 h, remained significantly depressed for
48 h post exercise. Peripheral fatigue was substantial immediately post exercise, remained
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similarly depressed at 24 h, and was still below baseline at 72 h. They suggest, this marked
and prolonged nature of peripheral fatigue indicated that changes in skeletal muscle
function primarily explained the resolution of neuromuscular fatigue in the days after
football match play. Further, these peripheral changes are likely related to muscle
damage, as evidenced by the large increase in creatine kinase (CK) in the days post
exercise, and the subsequent inflammatory response rather than processes within the
central nervous system.

2.5.3. Exercise induced muscle damage
High-intensity actions such as sprinting, high-speed running, acceleration, deceleration,
jumping, tackling, and are repeatedly performed over the course of a football match (Di
Salvo et al., 2009, Akenhead et al., 2013). Indeed, sprinting; changes in direction;
acceleration and deceleration actions involve eccentric contractions which have
previously been associated with the potential to induce muscle damage (Byrne et al.,
2004). Muscle damage is characterised by a temporary reduction in muscle function, an
increase in intracellular proteins in the blood, an increase in perceptual muscle soreness
and evidence of swelling (Howatson and Van Someren, 2008). Initially, muscle damage
results from a mechanical disruption of the muscle fibre, including membrane damage,
myofibrillar disruptions characterised by myofilament disorganisation and a loss of Zdisk integrity (Raastad et al., 2010). Secondary damage is linked to the subsequent
inflammatory response and infiltration of neutrophils that further compromise the
mechanically damaged area (Butterfield et al., 2006). Elevated levels of muscle damage
markers have been reported at the end of a football match (Ispirlidis et al., 2008, Silva et
al., 2013). Exercise induced muscle damage derived from high-intensity activity
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involving an eccentric component could therefore, contribute to a reduction in physical
performance seen during match play.

2.5.4 Time course of recovery in football
In order for practitioners to have an impact on training load management and recovery
strategies in the days post match play, understanding the time course of recovery is of
vital importance. Studies that have assessed the time course of recovery tend to focus on
physical performance measures, neuromuscular function, subjective measures and
biochemical markers, with the majority of studies assessing a range of measures
concurrently (Ascensão et al., 2008, Ispirlidis et al., 2008, Fatouros et al., 2010,
Rampinini et al., 2011, Brownstein et al., 2017, Thomas et al., 2017).
Sprint performance is compromised immediately after exercise by -3% to -9%
(Magalhães et al., 2010, Rampinini et al., 2011). Thereafter, the recovery of sprint
performance differs largely between studies with complete recovery occurring between 5
(Andersson et al., 2008) and 96 h (Ispirlidis et al., 2008). When tested immediately after
exercise, CMJ jump performance ranged from no decrement (Thorlund et al., 2009) to 12% (Magalhães et al., 2010, Thomas et al., 2017). Jump performance completely
recovered from 48 h (Ispirlidis et al., 2008, Fatouros et al., 2010) to more than 72 h after
exercise (Andersson et al., 2008, Magalhães et al., 2010).
Football match play has provoked neuromuscular fatigue that is both central and
peripheral in origin (Rampinini et al., 2011, Brownstein et al., 2017, Thomas et al., 2017).
Brownstein et al. (2017) assessed voluntary activation, measured through motor point
stimulation following a competitive match. They found significant reductions post-match
(7.1%) and at 24 h (4.7%), before recovering by 48 h. The magnitude of impairments and
time-course of recovery of central fatigue was similar to that reported previously
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(Rampinini et al., 2011, Thomas et al., 2017). Thomas et al. (2017) found peripheral
fatigue, evidenced by reductions in quadriceps potentiated twitch force, was substantial
post match (-14%), persisted at 24 h post match (-13%) and remained under baseline at
48 h (-8%) and 72 h (-5%). These results suggest the neuromuscular fatigue experienced
in the days post match play can be explained to a greater extent by processes occurring
within the muscle, that are likely related to muscle damage and the subsequent
inflammatory response rather than processes within the central nervous system (Thomas
et al., 2017).
The assessment of subjective wellness has been used to measure sensations of fatigue,
muscle soreness, sleep quality and stress in football players post match play (Ispirlidis et
al., 2008, Fatouros et al., 2010, Brownstein et al., 2017, Thomas et al., 2017). This
research highlighted that perceptual fatigue and muscle soreness is evident post match
and can persist for more than 72 h, which is longer than the time course observed for
physical performance and neuromuscular fatigue (Brownstein et al., 2017). A lack of
association between subjective and objective measures of fatigue has previously been
reported (Saw et al., 2015b), and provides support for the inclusion of both when
assessing recovery following match play. This might provide a more comprehensive
understanding of a players physiological and perceptual levels of fatigue.
Biochemical markers found in blood plasma and saliva have been used to evaluate the
physiological mechanisms associated with fatigue post match play. Markers of muscle
damage, inflammation, immune status, oxidative stress and hormone activity have been
assessed (Bangsbo et al., 2006, Ispirlidis et al., 2008, Morgans et al., 2014, Brownstein
et al., 2017, Thomas et al., 2017). Muscle proteins, such as CK, leak into the plasma from
skeletal muscle fibres when they are damaged. Increases in CK have been seen
immediately post-match (>200%) and have peaked between 24-48 h (>700%) and return
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to baseline values from 72-120 h (Magalhães et al., 2010, Ispirlidis et al., 2008). Large
discrepancies within the literature are apparent, which might be due to questionable
validity and reliability (Nédélec et al., 2012). However, CK is widely used as the
magnitude of increase is so great relative to other proteins. Moreover, CK remains
elevated for several days compared to other proteins so might be useful for assessing
muscle damage and the inflammatory response, which could be the cause of delayed onset
of muscle soreness.
This section has provided an overview of the potential mechanisms of fatigue, such as
metabolic fatigue, neuromuscular fatigue and exercise induced muscle damage.
Following this, the time course of recovery was discussed, highlighting that fatigue might
be apparent for up to 72 h post match play, however, there are some large differences
between studies. Several mechanisms are possible to explain these differences between
studies in the magnitude of fatigue and the subsequent recovery time course. Firstly, there
is high variability and poor reliability of physical outputs during match play, such as highintensity running (Gregson et al., 2010). Secondly, contextual factors, such as, match
outcome, quality of the opposition and match location might influence physical outputs
(Lago-Peñas et al., 2011, Barrett et al., 2018). Collectively, all these factors contribute
to a level of fatigue that might vary greatly from one match to another. One possible
solution to this problem might be to assess fatigue in a training environment. This can
allow for the load placed upon players to be more carefully standardised, whilst still
providing a football specific stimulus from which to assess fatigue.

2.6 Monitoring Fatigue in Football
The mechanisms of fatigue and time course of recovery were outlined in the previous
section, however, for practitioners the ability to monitor the fatigue response of their
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players on a daily or weekly basis is of upmost importance. In order to be used as a valid
indicator of fatigue in an applied environment, potential tools should be simple, quick,
non-invasive and easy to administer. Furthermore, potential measures should be sensitive
to fluctuations in training load and their response to acute load should be distinguishable
from chronic changes in adaptation (Meeusen et al., 2013). Due to logistics, time and
financial cost, subjecting athletes to frequent rigorous laboratory testing that is widely
regarded as the gold standard, does not represent a feasible option. As such, practitioners
and researchers seek assessments that are associated with physiological measures and that
can be utilised in the field. The remainder of this section will discuss the various potential
methods that have been proposed for this purpose.

2.6.1 Subjective measures
Subjective measures, often collected through psychometric questionnaires, are widely
used in team sports (Taylor et al., 2012a, Akenhead and Nassis, 2016). A recent review
emphasised that subjective measures might report greater sensitivity to acute and chronic
training load, fitness and fatigue compared to objective measures (Saw et al., 2015b).
However, there has yet to be a consensus on the most appropriate questionnaire to be
used. Profile of Mood States (McNair et al., 1981), Recovery-Stress Questionnaire
(Kellmann and Kallus, 2001) and Daily Analyses of Life Demands (Rushall, 1990) are
just some of the assessment tools which have been used within the literature. However,
their length, narrow focus or lack of specificity to the sporting context has led many sports
programs to develop their own questionnaires (Saw et al., 2015a). Subsequently,
practitioners and researchers have incorporated customised, shortened questionnaires into
their monitoring practices and research (Hooper and Mackinnon, 1995, McLean et al.,
2010). However, the reliability and sensitivity of these shortened wellness questionnaires
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is largely unknown. Research in the Australian-Rules Football League (AFL) has shown
custom psychometric scales to be sensitive to daily, weekly and seasonal changes in
training load (Buchheit et al., 2013, Gastin et al., 2013). Furthermore, daily subjective
wellness (fatigue, muscle soreness, sleep quality, stress and mood) was significantly
correlated with daily variations in training load in a pre-season camp in AFL players
(Buchheit et al., 2013). More recently, research has established the dose-response
relationship between training load and subjective measures in football (Thorpe et al.,
2015, Scott and Lovell, 2017). Results indicate that subjective fatigue and muscle
soreness are sensitive to acute changes in training load, and often outperform other
objective measures of fatigue. Within the literature, there is still limited evidence around
the reliability of subjective measures. Furthermore, the lack of guidelines regarding how
to interpret and act upon changes in subjective measures, and what changes are practically
meaningful, poses a future challenge for researchers and practitioners.

2.6.2 Physical performance measures
Various maximal jumping and sprinting based protocols have been employed as surrogate
measures of neuromuscular function by practitioners and researchers attempting to
monitor fatigue. The previous section of this review highlighted that CMJ has been used
extensively to assess post match play fatigue and recovery, with decrements in
performance evident for up to 72 h (Andersson et al., 2008, Magalhães et al., 2010).
However, less attention has been given to the utility of jump performance measures as a
regular monitoring tool, and their sensitivity to changes in training load. From the studies
that have utilised jump performance as a monitoring tool, the results appear in conflict
with those reported in match play fatigue studies. CMJ performance was not sensitive as
a measure of fatigue status in elite youth players when analysed alongside daily
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fluctuations in training load (Malone et al., 2015b). Furthermore, a study into adolescent
football players revealed no change in CMJ height or correlation to training load during
a three week training period (Buchheit et al., 2010a). Thorpe et al. (2015) found a small
positive correlation (r = 0.23) between HSR and changes in CMJ height, proposing that
HSR might have had a priming/ potentiating effect on the following days CMJ
performance.
It has been suggested that alternative parameters to height, which can be derived from a
CMJ might provide greater sensitivity to fatigue (Gathercole et al., 2015). Of the 22
variables analysed from a CMJ, 18 showed substantial changes post exercise, they
concluded that as well as jump height, the movement strategy should also be assessed
(e.g. eccentric and concentric time, flight time: contraction time ratio [FT: CT]).
Furthermore, studies by Cormack et al. (2008a, 2008b) identified that CMJ height might
lack the necessary sensitivity to detect changes in fatigue post match play and over the
course of an AFL season. They suggested that as CMJ height was a performance outcome,
small alterations in technique might be able to maintain height and mask the effects of
fatigue. Cormack et al. (2008a, 2008b) proposed that force-time variables, such as the
FT: CT ratio from a CMJ or DJ-RSI are the most useful variables due to their sensitivity
to fatigue. DJ-RSI has shown promise as a potential measure to indicate levels of fatigue
given its apparent sensitivity following match play (Hamilton, 2009, Brownstein et al.,
2017, Thomas et al., 2017). However, its sensitivity to fluctuations in training load and
dose response relationship has yet to be established.

2.6.3 Accelerometer measures
The use of tri-axial accelerometers, such as those integrated into micro-electromechanical systems (MEMS), have demonstrated an ability to detect fatigue post exercise
Page | 39

(Patterson et al., 2011, Cormack et al., 2013). Indeed, exercise induced fatigue has been
shown to result in an altered gait strategy during running (Patterson et al., 2011), which
has been associated with reduced sprint performance (Mendez-Villanueva et al., 2008,
Gathercole et al., 2015), as well as increased injury risk (De Ste Croix et al., 2015).
Further, it has been shown that during a fatigue-inducing RS protocol, large decrements
in accelerometer load, specifically vertical acceleration were observed (Akenhead et al.,
2017). The result of an altered running strategy are determined by a reduction in the
vertical acceleration of the centre of mass during running (Lee and Farley, 1998). This
has previously been detected by an integrated accelerometer worn between the scapula
(Barrett et al., 2014). In one of the first studies to assess tri-axial accelerometer load in
team sports, Cormack et al., (2013) assessed players fatigue levels prior to a game, using
the FT: CT ratio, and categorised them as fatigued or non-fatigued. They found a
reduction in vertical acceleration in players categorised as fatigued, attributing these
reductions to decrements in the force absorbing and generating capacity of the leg
extensor muscles, which could potentially have implications for performance and injury
risk (De Ste Croix et al., 2015, Barrett et al., 2016). More recently, Rowell et al. (2018)
corroborated these findings by showing reduced FT: CT and reduced SSG output resulted
in an increase in mediolateral acceleration and a decreased in vertical acceleration during
match play. Although these data present clear changes in tri-axial accelerometer load
during AFL match play, there is very limited research on the use of accelerometer data as
a monitoring tool. One potential solution might be to utilise a sub-maximal running
protocol which has been documented as widely used in practice (Akenhead and Nassis,
2016). This would allow for a timely assessment to be made, on a large squad of players,
potentially as part of their daily warm-up. It is worth noting however, Edwards et al.
(2018) and Verheul et al. (2019) suggest caution must be taken when using
accelerometers within player tracking devices due to poor placement of the unit and an
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inability to measure whole body biomechanical load, this results in questionable validity
and reliability of the data. Any future methods used to collect tri-axial accelerometer data
should therefore ensue correct standardisation of the testing protocol and be clearly
assessed for acceptable reliability.

2.6.4 Heart rate measures
The literature has focused upon the use of HR derived indices such as; HRex, and heart
rate variability (HRV) as potential means of evaluating the effects of exercise on the
cardiac autonomic nervous system (Buchheit, 2014, Thorpe et al., 2017). The autonomic
nervous system is interlinked with many other physiological systems (Borresen and
Lambert, 2007), consequently, its responsiveness might provide useful information
regarding global physiological status of a player during training and competition. Recent
developments in technology that allow for non-invasive , beat-to-beat HR telemetry and
more recently smart phone applications (Esco and Flatt, 2014) have advanced the
application of HR measures in athletes (Buchheit, 2014). However, due to methodological
inconsistencies within the literature, contradictory findings have been observed (Plews et
al., 2013, Buchheit, 2014).
Standardised sub-maximal tests have been used to assess HRex, which has been associated
with changes in aerobic fitness (Buchheit, 2014). In AFL players Buchheit et al. (2013)
found a very large inverse correlation between changes in high speed running
performance (Yo-Yo IR1) and changes in HRex, indicating that chronic reductions in HRex
are associated with improvements in fitness. However, changes in HRex also displayed a
large inverse correlation with changes in training load, suggesting that increases in
training load also reduce acute HRex (Buchheit et al., 2013). This finding is in
contradiction to what might be expected, for instance acute training-induced fatigue is
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generally associated with an increased sympathetic activity (Mourot et al., 2004), which
would suggest an increase in HRex. In elite football players HRex has been shown to
remain unchanged across a training week, despite large fluctuations in training load
(Thorpe et al., 2016), this again questions the usefulness of HRex for assessing fitness and
fatigue.
Vagal-related time domain parameters of HRV have recently received greater attention
than more traditional spectral analyses due to their superior reliability and assessment
capture over short periods of time (Malik et al., 1996, Esco and Flatt, 2014, Thorpe et al.,
2017). Sensitivity to changes in training load and performance have mainly been
observed in endurance athletes (Manzi et al., 2009a). Commonly, HRV is reduced,
indicating sympathetic dominance, in the days following intense exercise (Stanley et al.,
2013), however, results from endurance sports have shown inconsistent results (Plews et
al., 2014). In elite football, HRV has been shown to decrease in response to high-speedrunning distance (r = 0.20) (Thorpe et al., 2015). Contrastingly, in the same population,
HRV did not change across a standard in-season training week (Thorpe et al., 2016).
Inconsistencies within the literature might be down to methodological differences, Plews
et al. (2013, 2014) suggest measuring HRV daily on waking, and interpreting results in
combination with resting HR to allow HRV saturation to be taken into consideration.
Furthermore, the authors suggest the use of a rolling 7-day average to reduce the inherent
noise in HRV data. Although the literature on the use of HR indices for monitoring the
training response is theoretically sound, in applied practice, performing daily assessments
with a squad of 20+ players might be difficult. Therefore further research is required to
assess the efficacy of daily HR derived indices to assess the training response.
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2.6.5 Endocrine measures
Previous literature has examined a range of endocrine measures; biochemical, hormonal
and immunological responses to team-sport competition (Nédélec et al., 2012, Twist and
Highton, 2013). It is beyond the scope of this review to discuss the relevant literature on
the vast number of endocrine responses to exercise. This section will specifically focus
on four of the most popular endocrine measures; CK, salivary immunoglobulin A and
cortisol. Changes in CK following match play have been discussed in Section 2.5.4, CK
values peak between 24-48 h and return to baseline values from 72-120 h (Ispirlidis et al.,
2008, Magalhães et al., 2010). Although widely used as a marker of muscle damage,
questions remain regarding the apparent large individual variability (Hartmann and
Mester, 2000) and between match variability (Russell et al., 2015). Furthermore, no
research to date has utilised CK measurement as a regular monitoring tool. Salivary
immunoglobulin A has become a popular means to assess immune function in athletes
via the use of real-time lateral flow devices. In elite football players salivary
immunoglobulin A has shown reductions during an intensive fixture schedule (Morgans
et al., 2014). It could therefore be suggested that salivary immunoglobulin A provides a
non-invasive assessment that is sensitive to the changes in either the physiological and/or
psychological stress associated with a period of intensive training or competition. The
adrenal hormone cortisol has been shown to increase up to 48 h after competition (Mohr
et al., 2016) and increase following period of intense training (Filaire et al., 2003),
indicating a stress response from the endocrine system during the recovery phase
following match play. Very few longitudinal studies have assessed endocrine measures,
particularly throughout a full football season. The impractical nature and cost of
individual samples might explain the limited data assessing these measures over extended
training and competition periods.
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In summary this section has provided a brief review of the existing literature on methods
for monitoring fatigue in football. Although a vast amount of literature exists on the time
course of recovery post match, research on using such methods for daily or weekly
monitoring of players is limited. The general consensuses within the literature is that
measures must be cost effective, easy to administer, simple to analyse and help to inform
the decision making process (Halson, 2014). Furthermore, the reliability, sensitivity and
dose-response nature of a number of potential monitoring tools has yet to be evaluated
and requires investigation.

2.7 Conclusion and Perspective
This review has provided a discussion of relevant literature on the physical and
physiological demands of football, football training methodologies, fatigue in football
and the monitoring of training load and fatigue, with special reference to the dose
response relationship. Football is a highly demanding sport which requires an array of
physical, physiological and cognitive capabilities in order to perform at the elite level.
With these high physical and physiological demands comes a large amount of fatigue
which can take a number of days to recover from. Furthermore, in order to train players
to meet these demands comprehensive training regimes are required. The monitoring of
training load and fatigue has become a critical aspect of the role of a practitioner within
elite football. Careful daily monitoring is required to improve the training process,
ensuring players are improving their physical capabilities without undue fatigue and
increase injury risk. However, very limited research has been completed in this area. The
dose-response relationship between training load, fitness and fatigue and how this impacts
on physical performance in football is largely unknown. It is therefore the aim of this
thesis to firstly, establish the most robust methods for monitoring fatigue in an applied
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environment. Secondly, to establish the relationship between training load, fitness and
fatigue. And finally, to investigate how this relationship can be used to improve the
monitoring and prescription of training and ultimately improve the physical performance
of football players.
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CHAPTER 3
3.0

GENERAL METHODOLOGY
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3.1 Introduction
This chapter will provide a brief overview of the protocols that will be used to assess key
variables throughout the thesis. Specifics relating to their application are contained within
each individual chapter.

3.2 Ethical Approval
Institutional ethics approval was obtained from the University of Northumbria at
Newcastle Faculty of Health and Life Sciences ethics committee in accordance with the
Helsinki declaration. Prior to testing, all participants were provided with information
sheets that described the purpose of each study. Written informed consent was provided
by all participants and by their parents for participants under 18 years of age (see
Appendix A). This research programme was conducted in collaboration with Newcastle
United FC, an organisation at which I hold a professional position as Academy Sports
Scientist. In order to maintain ethical and professional standards, club officials - Academy
Manger and Head Coach, were informed of all the procedures of each study and they
provided a written letter in support of this as part of each ethics approval submission.

3.3 Participants
All participants were volunteers from a full-time professional football academy
competing in the English under 18 Premier League. Before inclusion in each study,
participants were deemed to be free from illness and injury by the football club medical
staff. All participants were familiarised with the experimental procedures prior to the
completion of the initial experimental trials. Testing was conducted at the same venue
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within the clubs’ training facility and were conducted at the same time of day to limit the
influence of circadian variation.

3.4 Procedures
3.4.1 Fatigue measures
3.4.1.1 Subjective ratings of wellness
A psychometric questionnaire based on previous recommendations (Hooper and
Mackinnon, 1995) was collected each day, on an electronic device, to assess common
indicators of player wellness. In Chapters 4 and 5 questionnaire items were related to
fatigue, sleep quality, muscle soreness, stress and mood. Each question was scored on a
5-point Likert scale with 1-point increments (scores of 1–5, with 1 and 5 representing
very poor and very good, respectively) (Appendix B). Additionally, the summation of all
5 scores provided a total wellness score (5-25).
Due to the unacceptable reliability and sensitivity of the 5 item questionnaire reported in
Chapters 4 and 5, the questionnaire was shortened in Chapter 6 to only include subjective
fatigue, sleep quality and muscle soreness. Each question was scored on a 10-point Likert
scale with 1-point increments (scores of 1–10, with 1 and 10 representing very poor and
very good respectively) (Appendix C). Additionally, the summation of all 3 scores
provided a total wellness score (3-30). Following the assessment of reliability and internal
consistency in Chapter 6, only 2 items; subjective fatigue and muscle soreness were used
in Chapters 7 and 8.
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3.4.1.2 Jump assessments
Prior to completing assessments of jump performance a standardised warm up was
completed. This consisted of three minutes, self-paced, light aerobic activity on a cycle
ergometer (Keiser, Fresno, CA, USA), followed by dynamic mobility exercises and three
submaximal practice CMJs. All jumps (described below) were completed using an optical
timing system (OptoJump, Microgate, Italy), the validity of which has been previously
established (Glatthorn et al., 2011). Each assessment consisted of four attempts, separated
by one minute of rest. The average and the best of the four jumps were analysed during
pilot testing and displayed very similar results. Therefore the average of the four jumps
was used as the criterion measure of performance based on previous recommendations
(Taylor et al., 2010).

Countermovement jump
The CMJ was executed to a self-selected depth, without pausing and the hands placed on
the hips. Participants were instructed to jump as high as possible with no knee or hip
flexion during the flight phase. Jump height (cm) estimated from flight time was recorded.

Squat jump
The squat jump (SJ) was executed to a self-selected depth with the hands placed on the
hips (Figure 3.1). Participants were instructed to squat down to a self-selected depth for
a four second count, then jump as high as possible with no knee or hip flexion during the
flight phase. Jump height (cm) estimated from flight time was recorded.
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Drop jump
The drop jump (DJ) was performed from a 30 cm box with hands placed on the hips, in
line with previous research (Brownstein et al., 2017, Thomas et al., 2017). Participants
were instructed to step off the box, rebound off the floor as quickly as possible and jump
as high as possible with no knee or hip flexion (Figure 3.1). Contact time (ms) (DJ-CT),
jump height (cm) estimated from flight time (DJ-H) and reactive strength index (m·s-1)
(DJ-RSI) were recorded.

3.4.1.3 Sub-maximal shuttle run
A sub-maximal shuttle running test was used to assess participants’ mechanical loading.
All participants were fitted with a MEMS device (MinimaxX S4, Catapult Sports,
Melbourne, Australia) worn between the scapular in a tight-fitting vest to reduce
movement artefact. MEMS devices contained a tri-axial piezoelectric linear
accelerometer (Kionix: KXP94) sampling at a frequency of 100 Hz. A continuous 20 m
shuttle run was performed for a three minute period, at an average speed of 12 km·h-1, on
an artificial 4G surface. Pacing was controlled using a custom audio track played over a
loudspeaker. Data were downloaded using the manufacturer’s software (Catapult Sprint,
Version 5.1.7) and raw data were exported to Microsoft Excel. The first minute of data
was discarded as a “stabilisation” period, the subsequent 2 minutes were used for
statistical analysis. Combined tri-axial accelerometer data were presented as PL, which
is a modified vector magnitude expressed as the square root of the sum of the squared
instantaneous rates of change in acceleration in each of the three planes, divided by 100
(Boyd et al., 2011). Individual component planes of PL, anterior-posterior [PLAP],
mediolateral [PLML], and vertical [PLV] were recorded and expressed in arbitrary units
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(au). The percentage contribution of each component plane to overall PL was also
calculated; %PLAP , %PLML and %PLV.

Figure 3.1. Photographs showing examples of jump assessments. (Published with
consent).
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3.4.2 Physical performance testing
3.4.2.1 Maximum sprint speed
Following a standardised warm up, participants completed two maximal 40 m sprints on
an artificial 4G surface, with three minutes recovery between efforts. Split times were
recorded at 30 and 40 m (Brower Timing Systems, Draper, UT), with the time taken to
complete this 10 m split used as the participants MSS (km.h-1) (Mendez-Villanueva et al.,
2013). The best MSS gained over the two sprints was used for the purpose of each study.

3.4.2.2 Maximal aerobic speed
To estimate MAS (km.h-1) participants completed a 1500 m time trial on an outdoor
artificial 4G pitch (Figure 3.2). The time taken to complete this time trial was recorded
and the average speed calculated. This method of assessing aerobic fitness has previously
been validated (Lorenzen et al., 2009, Bellenger et al., 2015). Additionally, ASR was
calculated from this data by subtracting a players MAS from their MSS. This is in
accordance with previous literature (Mendez-Villanueva et al., 2013).
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Figure 3.2. Schematic of the 1500m time trial completed on a 4G artificial football
pitch.
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3.4.3 Training load
Training load was calculated for every training session and match played during each
experimental period, using a number of different methods; GPS, HR and sRPE.

3.4.3.1 Global positioning system
External load was measured using GPS units (MinimaxX S4, Catapult Sports, Melbourne,
Australia) sampling at a frequency of 10 Hz. GPS devices were switched on at least 15
minutes prior to each training session and match to ensure a full satellite signal. Number
of satellites (#sats) and horizontal dilution of precision (HDOP) values as described by
Malone et al. (2017a), can be found in respective chapters. Participants were given the
same device for each session to avoid inter-unit error (Jennings et al., 2010). Following
each training session and match, data were downloaded using the manufacturer’s software
(Catapult Sprint, Version 5.1.7, Catapult Sports, Melbourne, Australia). This GPS system
has previously been shown to provide valid and reliable estimates of instantaneous
velocity during acceleration, deceleration, and constant-velocity movements during
linear, multidirectional, and football-specific activities (Varley et al., 2012, Akenhead et
al., 2014). A description of external load variables can be found in Table 3.1.
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Table 3.1. Description of external training load variables gained via global positioning
system technology.
TD

Total distance covered in training or match play

HSR

Distance covered or time spent above 17 km·h-1

VHSR

Distance covered or time spent above 21 km·h-1

SPR

Distance covered or time spent above 24 km·h-1

AD Load

Acceleration and deceleration distance ± 2 m·s-2

MAS

Distance covered or time spent above MAS km·h-1

30% ASR

Distance covered or time spent above 30% ASR km·h-1

Note: TD: total distance, HSR: high speed running, VHSR: very high speed running, SPR:
sprint running, AD Load: acceleration and deceleration load, MAS: maximal aerobic speed,
ASR: anaerobic speed reserve.

3.4.3.2 Heart rate telemetry
Measurements of HR were collected using a short-range telemetry HR transmitter strap
recording at 5 s intervals (Polar T34, Polar Electro, OY, Finland). Data were downloaded
and analysed using specific software (Catapult Sprint, Version 5.1.7, Catapult Sports,
Melbourne, Australia). A heart rate exertion (HRE) score was calculated based on
Edwards TRIMP (Edwards, 1993), using the time spent in five HR zones, based on agepredicted HRmax (Tanaka et al., 2001) and multiplied by a zone specific weighting factor:
duration in zone one (50-59% of HRmax) multiplied by one, duration in zone two (60-69%
HRmax) multiplied by two, duration in zone three (70-79% HRmax) multiplied by three,
duration in zone four (80 89% HRmax) multiplied by four and duration in zone five (90100% HRmax) multiplied by five.
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3.4.3.3 Session rating of perceived exertion
Approximately 30 minutes after each training session and match, participants reported
their RPE using the method of Foster et al (1996). Each player was asked verbally, in
private, how hard they found each session, reporting their subjective perception of effort
using the Borg 10-point scale. sRPE was subsequently calculated by multiplying the RPE
by the number of training or match minutes played. Participants were familiarised with
the use of the RPE scale prior to the start of each experimental period.

3.4.4 Standardised training session
A standardised training session was used regularly throughout this thesis in order to assess
a training induced fatigue response (Chapters 5, 6 and 7). Although the sessions varied
slightly between chapters, the sessions completed within each chapters were always
standardised and typically included a warm up, possession drills, technical and tactical
drills, SSGs and supplementary running drills. This session was designed based on
previous unpublished observations as to what a “strenuous” training session would entail
given the playing standard, and training age of the participants.
An example of a standardised session training load report can be found in Appendix D.
When training load was manipulated in Chapter 6 – Part I to establish the dose-response
relationship the main body of the session was standardised with varying levels of
supplementary running completed in order to provide a “moderate”, “high” or “very high”
training load. Specific details about the standardised training sessions and training loads
can be found within each individual chapter.
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CHAPTER 4
4.0

THE RELIABILITY OF POTENTIAL FATIGUE
MONITORING MEASURES IN ELITE YOUTH
FITNESS PLAYERS

Published papers from this chapter:
Fitzpatrick, J. F., Russell, M., Hicks, K. M. and Hayes, P. R. (2019) The reliability of
potential fatigue monitoring measures in elite youth soccer players. The Journal of
Strength and Conditioning Research, Published ahead of print.

Conference communications from this chapter:
Fitzpatrick, J. F., Russell, M. and Hayes, P. R. (2016). Reliability of a fatigue response in
elite youth football players. 21st annual Congress of the European College of Sport
Science, Vienna, Austria, 6th – 9th July 2016.
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4.1 Introduction
In sport, the ability to monitor and manage training and fatigue is of vital importance to
coaches and practitioners (Halson, 2014). In an attempt to make informed decisions about
physical performance, fatigue status, readiness to train and training prescription,
practitioners seek methods that attempt to quantify the magnitude of fatigue throughout
the competitive week (McCall et al., 2014, Akenhead and Nassis, 2016). As discussed
within the literature review of this thesis, many methods exist to monitor fatigue in an
applied setting; subjective wellness measures, physical performance tests, autonomic
nervous system function and biochemical markers to name a few (Twist and Highton,
2013, Halson, 2014, Thorpe et al., 2017). Concerns about reliability and logistical
feasibility however, might prevent the use of such methods being used on a regular basis,
in practice (Akenhead and Nassis, 2016).
An important factor to consider when selecting a potential measure of fatigue is
measurement reliability. The reliability of a test refers to an acceptable level of
consistency between repeated tests within a practically relevant timeframe (Atkinson and
Nevill, 1998). A test with poor reliability will be unsuitable for tracking changes in fatigue
due to an inability to detect a true change in the measure (Hopkins, 2000). Factors that
influence reliability include the protocol, measurement device used to collect the data and
any systematic or random changes in the mental or physical state of the individual
between trials (Atkinson and Nevill, 1998, Hopkins, 2000). It is therefore imperative that
practitioners understand the error associated with the measures they use in practice,
something which is lacking within the literature.
Subjective measures are widely used in team sports (Taylor et al., 2012a, Akenhead and
Nassis, 2016), however there has yet to be a consensus on the most appropriate
questionnaire to be used. Profile of Mood States (McNair et al., 1981), Recovery-Stress
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Questionnaire (Kellmann and Kallus, 2001) and Daily Analyses of Life Demands
(Rushall, 1990) are just some of the assessment tools which have been used within the
literature. However, their length, narrow focus or lack of specificity to the sporting
context has led many sports programs to develop their own questionnaires (Saw et al.,
2015a). Subsequently, practitioners and researchers have incorporated customised,
shortened questionnaires into their monitoring practices and research (Hooper and
Mackinnon, 1995, McLean et al., 2010). However, the reliability and sensitivity of these
shortened wellness questionnaires has yet to be established. In contrast, the reliability of
assessments of jump performance are well established, with reported coefficient of
variations (CV) of 5% for CMJ (Cormack et al., 2008b), 3% for the SJ (Glatthorn et al.,
2011) and 5-8% for variables derived from a DJ (Beattie and Flanagan, 2015). However,
no studies have documented the minimum detectable change (MDC) which might
represent a more appropriate measure of reliability, providing practitioners with
important information about what change can be considered real (Weir, 2005). The MDC
will provide a level of confidence that a real change had occurred. Furthermore, the MDC
factors in the error of both trail 1 and trail 2, something that is highly important when
assessing test retest reliability.
A recent survey showed that 61% of elite European football teams regularly use a submaximal, non-exhaustive performance test to assess autonomic function (Akenhead and
Nassis, 2016). However, research suggests that due to the limited sensitivity of HR
measures this approach might offer limited meaningful information (Thorpe et al., 2015,
Thorpe et al., 2016). Notwithstanding issues with reliability, validity and sensitivity, a
possible solution might be to utilise other data streams that can be collected during a submaximal assessment. The use of tri-axial accelerometers, such as those integrated into
MEMS devices, have demonstrated an ability to detect fatigue post exercise (Patterson et
al., 2011), with vertical acceleration showing changes under fatigue during both matchPage | 59

play (Cormack et al., 2013) and training (Rowell et al., 2018).Furthermore, Buchheit et
al. (2015a) assessed the reliability of stride variables derived from MEMS devices during
treadmill running. They found that measures of contact time, fight time and vertical
stiffness have a good to moderate reliability (4-16% CV). These data give preliminary
insights into the ability of tri-axial accelerometer data to display changes under fatigue,
however the reliability of measures derived from MEMS devices during sub-maximal
field tests has yet to be established. Furthermore, there is no evidence within the literature
as to the duration of a sub-maximal test required to gain reliable data. This has important
implications for practitioners as a shorter test duration is likely to improve compliance in
an applied setting.
A second aspect of this chapter was to assess the reliability of potential measures of
physical performance, specifically MAS and MSS. As highlighted during Chapter 2, the
aerobic fitness and sprint capabilities of football players are highly important qualities to
assess (Mendez-Villanueva and Buchheit, 2013). Not only can these measures be used to
assess physical performance, they can also be used to individualise training load (Hunter
et al., 2015) and inform high intensity interval training (Dupont et al., 2004). If reliable,
these measures will be used extensively in Chapters 7 and 8, therefore examining the test
re-test reliability and MDC were of upmost importance in this study.
Previous literature has established the reliability of MSS using the popular method of a
flying 10 m time from a 40m sprint (Buchheit and Mendez-Villanueva, 2013). However,
the MDC has yet to be established, therefore, in order to maintain consistency throughout
this thesis the assessment of MSS test re-test reliability was completed. To assess MAS,
the gold standard method would be to evaluate speed at maximum oxygen uptake
(sV̇O2max). This is the maximum running speed attained for at least one minute before
completion of the incremental treadmill test (Billat and Koralsztein, 1996). Obtaining
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sV̇O2max is, however, labour intensive and time consuming. An indirect alternative is mean
running speed calculated from a time trial (Slattery et al., 2006). This method of
assessment is easier, quicker, and more cost effective than laboratory testing and
therefore, if reliable, might provide a sound, more practical assessment of MAS
(Lorenzen et al., 2009). Estimation of MAS based on short distance time trial
performance is conceivable since time trails require maximal efforts demanding a high
contribution of aerobic power, which MAS is claimed to measure (Leger and Boucher,
1980). Previous research has shown that distances between 1500 m and 3200 m can be
used to accurately estimate MAS (Lorenzen et al., 2009, Bellenger et al., 2015). For the
purpose of this study a 1500 m time trial was selected. The rationale for this was to limit
the volume of testing to fit around the players training and match schedule.
Establishing the reliability of measures used to monitor athletes physical performance and
fatigue status is an imperative aspect of applied research and practice. Further, fieldbased, in situ reliability assessments are required in order to quantify “real” changes in
these measures in athletes within their normal training environment and across time
periods that are typically used to quantify the effects of any intervention (Atkinson and
Nevill, 1998).

4.1.1 Study aims
The aim of this study was to quantify the test re-test reliability of a subjective wellness
questionnaire, assessments of jump performance and accelerometer variables derived
during sub-maximal shuttle running in elite youth football players. Also, this study looked
to assess the reliability of a 40 m sprint test to assess MSS and a 1500 m time trial to
assess MAS and establish thresholds for what can be considered “real” changes in these
measures.
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4.2 Methods
4.2.1 Study design
This study was completed at the beginning of the 2015-16 season (October) and consisted
of two testing sessions spaced seven days apart. All players were in full training during
the study, completing around 10.5 h per week of pitch (8.5 h) and gym (2 h) based activity.
All players were familiarised with the experimental procedures prior to commencing the
study, having completed these assessments regularly as part of the football clubs testing
procedures. Each testing session consisted of morning ratings of subjective wellness,
three different assessments of jump performance; CMJ, SJ and DJ and a sub-maximal
shuttle run test used to assess accelerometer variables, in respective order. On a separate
occasion 40 m sprints and a 1500 m time trail were completed to assess MSS and MAS.
Training load was monitored carefully throughout the study period to ensure limited
differences between training weeks (sRPE; Week 1 = 2247, Week 2 = 2280, CV = 9.9%).
Both testing sessions were preceded by 48 h of rest and were conducted at the same time
of day to limit the influence of possible circadian variation.

4.2.2 Participants
Nineteen male youth football players (Age: 17.2 ± 0.5 years, Height: 176.4 ± 4.9 cm,
Body Mass: 73.1 ± 8.5 kg), competing in the English Under-18 Premier League
volunteered to participate in this study. Participants were given full details of the study
procedures and provided personal, and when under 18, parental/guardian written consent
before participation.

Institutional ethical approval was gained prior to any study

involvement (HLSJF240415). Prior to inclusion in the study, all participants were deemed
fit to participate and free of illness or injury by the football club’s medical staff.
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4.2.3 Procedures
4.2.3.1. Subjective wellness
A 5-item questionnaire to assess subjective ratings of fatigue, sleep quality, muscle
soreness, stress and mood were collected as described in Chapter 3, Section 3.4.1.1.

4.2.3.2 Jump performance
Jump performance was assessed for a CMJ, SJ and DJ. Data were collected as described
in Chapter 3, Section 3.4.1.2.

4.2.3.3 Sub-maximal shuttle running
A sub-maximal shuttle run was conducted as described in Chapter 3, Section 3.4.1.3. For
this chapter the test was conducted for a period of five minutes. The first minute of data
was discarded as a stabilisation period, the subsequent two, three and four minutes of the
collection period were used for statistical analysis. This was to compare the reliability of
different time periods and identify the minimum test duration which can be used to
reliably collect accelerometer data during sub-maximal shuttle running.

4.2.3.4 Maximum sprint speed
A 40 m sprint test was used to assess MSS as described in Chapter 3, Section 3.4.2.1.

4.2.3.5 Maximal aerobic speed
A 1500 m time trial was conducted to assess MAS as described in Chapter 3, Section
3.4.2.2.
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4.2.4 Statistical analysis
Visual inspection of histograms and Q–Q plots of raw data indicated no violation of
normality assumptions. Raw data are therefore presented as the mean ± standard deviation
(SD). Test re-test reliability was calculated for each variable and expressed as a typical
error (TE), CV and interclass correlation (ICC), calculated using a custom spreadsheet
(Hopkins, 2015). To assess the ability of each variable to assess “real” change the MDC
(75% confidence level) was also calculated (Weir, 2005). This measures provides a more
stringent assessment of error as it provides a 75% confidence level around the TE and
multiples by √2 to factor in the error in both the pre and post assessment. The MDC was
then used as an input in statistical power calculations to estimate whether the random
measurement error would be small enough to detect the MDC in each outcome measure
with a feasible sample size in a future study (Batterham and Atkinson, 2005). Finally, to
evaluate the internal consistency of the subjective wellness questionnaire Cronbach’s
Alpha (α) was calculated (Cronbach, 1951), with a threshold of >0.7 being set for an
acceptable α (Bland and Altman, 1997), finally, inter-item correlations were considered.

4.3 Results
4.3.1 Subjective wellness
Reliability statistics for each subjective wellness measure are shown in Table 4.1. The TE
for individual subjective wellness questions ranged from 0.30 to 0.60 and was 1.59 for
total wellness. When expressed as a CV values ranged from 11.2% to 30.0%. ICCs for
subjective wellness measures ranged from -0.01 to 0.78. The MDC for each subjective
wellness measure is displayed in Table 4.1, power estimations suggest a sample size of 9
players would be deemed acceptable for future studies. As an additional measure of
reliability for the questionnaire, Cronbach’s α was assessed, this analysis resulted in α =
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0.45 meaning the internal consistency of the 5-items within this subjective wellness
questionnaire is poor. Further analysis into the inter-item correlations showed poor
relationships, with the only substantial correlation being between stress and mood items.

4.3.2 Jump performance
Reliability statistics for each jump test are shown in Table 4.2. The TE for CMJ, SJ and
DJ-H was 1.6 cm, 1.5 cm and 1.8 cm respectively. When expressed as a CV these values
were 4.8%, 4.5% and 6.0% respectively. The TE and CV for DJ-CT was 0.01 s and 4.9%
and for DJ-RSI was 0.11 and 7.7%. ICCs for the jump assessments ranged from 0.76 to
0.88. The MDC for each jump test is displayed in Table 4.2, power estimations suggest a
sample size of 9-10 players would be deemed acceptable for future studies.

4.3.3 Sub-maximal shuttle run
A summary of reliability statistics for the accelerometer data from two minutes of analysis
for the sub-maximal shuttle run is shown in Table 4.3. Reliability was consistent across
all analysis time frames (2, 3 and 4 minutes). ICCs for each accelerometer variable across
all time frames ranged from 0.63 to 0.96. The MDC for each accelerometer variable is
displayed in Table 4.3, power estimations suggest a sample size of 9-10 players would be
deemed acceptable for future studies.

4.3.4 Maximum sprint speed and maximal aerobic speed
Reliability statistics for MSS and MAS are shown in Table 4.4. Both MSS and MAS
showed very good reliability. The MDC values for each measure are also displayed in
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Table 4.4, power estimations suggest a sample size of 9 players would be deemed
acceptable for future studies.

Page | 66

Table 4.1. Reliability statistics for subjective wellness measures.
Trial 1
(SD)

Trial 2
(SD)

TE
(90% CI)

ICC
(90% CI)

CV (%)
(90% CI)

MDC

MDC (%)

Required
Sample Size

Fatigue (au)

3.2
(0.5)

3.1
(0.7)

0.3
(0.2, 0.4)

0.78
(0.56, 0.90)

14.9
(11.4, 21.8)

0.5

14.9%

9

Sleep Quality (au)

3.8
(0.5)

3.6
(0.6)

0.6
(0.5, 0.8)

-0.01
(-0.41, 0.39)

21.0
(16.1, 31.1)

0.9

24.9%

9

Muscle Soreness (au)

3.0
(0.9)

2.7
(0.8)

0.6
(0.5, 0.9)

0.54
(0.17, 0.77)

30.0
(22.7, 45.1)

0.9

33.3%

9

Stress (au)

3.4
(0.7)

3.1
(0.9)

0.6
(0.5, 0.8)

0.46
(0.08, 0.73)

22.7
(17.3, 33.6)

0.9

28.9%

9

Mood (au)

3.9
(0.6)

3.9
(0.7)

0.6
(0.5, 0.8)

0.15
(-0.27, 0.52)

19.2
(14.7, 28.2)

0.9

24.2%

9

Total Wellness (au)

17.3
(1.9)

16.5
(2.0)

1.6
(1.2, 2.3)

0.35
(-0.06, 0.66)

11.2
(8.6, 16.2)

2.5

15.0%

9

Data are presented as group means (± SD) for each trial, typical error (TE), interclass correlation (ICC), coefficient of variation (CV), and minimum detectable
change (MDC) (75% confidence level). The required sample size represented 80% power to detect the MDC.
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Table 4.2. Reliability statistics for jump tests; countermovement jump height (CMJ), squat jump height (SJ), drop jump contact time (DJ-CT) drop
jump height (DJ-H) and drop jump reactive strength index (DJ-RSI).
Trial 1
(SD)

Trial 2
(SD)

TE
(90% CI)

ICC
(90% CI)

CV (%)
(90% CI)

MDC

MDC (%)

Required
Sample Size

CMJ (cm)

35.3
(4.5)

35.0
(4.0)

1.6
(1.3, 2.3)

0.88
(0.73, 0.94)

4.8
(3.7, 6.9)

2.5

7.0%

9

SJ (cm)

34.7
(4.3)

34.4
(3.8)

1.5
(1.2, 2.1)

0.88
(0.75, 0.95)

4.5
(3.5, 6.4)

2.3

6.6%

9

DJ-CT (ms)

0.20
(0.02)

0.21
(0.02)

0.01
(0.01, 0.01)

0.85
(0.69, 0.93)

4.9
(3.8, 7.0)

0.01

7.2%

9

DJ-H (cm)

29.8
(3.5)

29.9
(3.4)

1.8
(1.4, 2.5)

0.76
(0.51, 0.89)

6.0
(4.6, 8.6)

2.8

9.2%

9

DJ-RSI (m.s-1)

1.49
(0.23)

1.43
(0.23)

0.11
(0.08, 0.15)

0.80
(0.59, 0.91)

7.7
(6.0, 11.1)

0.16

10.9%

10

Data are presented as group means (± SD) for each trial, a typical error (TE), interclass correlation (ICC), coefficient of variation (CV), and minimum detectable
change (MDC) (75% confidence level). The required sample size represented 80% power to detect the MDC.
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Table 4.3. Reliability statistics for PlayerLoad™ (PL), individual component planes; anterior-posterior (PLAP), mediolateral (PLML), and vertical
(PLV), and the percentage contribution of each plane.
Trial 1
(SD)

Trial 2
(SD)

TE
(90% CI)

ICC
(90% CI)

CV (%)
(90% CI)

MDC

MDC (%)

Required
Sample Size

PL

39.6
(3.8)

39.5
(3.6)

0.9
(0.7, 1.4)

0.95
(0.87, 0.98)

2.4
(1.8, 3.5)

1.4

3.5%

10

PLAP

14.8
(2.3)

14.5
(2.5)

1.1
(0.9, 1.6)

0.81
(0.59, 0.92)

8.0
(6.1, 11.8)

1.7

11.6%

9

PLML

14.4
(2.0)

13.9
(1.9)

0.7
(0.5, 1.0)

0.89
(0.74, 0.95)

5.7
(4.4, 8.5)

1.1

7.5%

9

PLV

28.1
(3.1)

28.1
(3.0)

0.9
(0.7, 1.3)

0.93
(0.84, 0.97)

3.2
(2.5, 4.8)

1.3

4.6%

10

%PLAP

25.8%
(3.0%)

25.6%
(2.7%)

1.8%
(1.4%, 2.6%)

0.63
(0.28, 0.83)

7.2
(5.5, 10.6)

2.8%

10.8%

9

%PLML

25.2%
(2.8%)

24.6%
(3.1%)

1.3%
(1.0%, 1.9%)

0.83
(0.63, 0.93)

5.9
(4.5, 8.7)

2.0%

7.9%

9

%PLV

49.0%
(2.8%)

49.8%
(2.9%)

1.3%
(1.0%, 1.9%)

0.83
(0.62, 0.93)

2.7
(2.0, 3.9)

2.0%

3.9%

6

Data are presented as group means (± SD) for each trial, typical error (TE), interclass correlation (ICC), coefficient of variation (CV), and minimum detectable
change (MDC) (75% confidence level). The required sample size represented 80% power to detect the MDC.
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Table 4.4. Reliability statistics for measures of maximum sprint speed (MSS) and maximal aerobic speed (MAS).
Trial 1
(SD)

Trial 2
(SD)

TE
(90% CI)

ICC
(90% CI)

CV (%)
(90% CI)

MDC

MDC (%)

Required
Sample Size

MSS (km.h-1)

32.1
(1.4)

31.7
(1.5)

0.4
(0.3, 0.6)

0.93
(0.84, 0.97)

1.4
(1.1, 1.9)

0.7

2.0%

9

MAS (km.h-1)

17.2
(0.9)

17.6
(0.8)

0.2
(0.1, 0.2)

0.97
(0.93, 0.99)

1.0
(0.8, 1.4)

0.3

1.5%

9

Data are presented as group means (± SD) for each trial, typical error (TE), interclass correlation (ICC), coefficient of variation (CV), and minimum detectable
change (MDC) (75% confidence level). The required sample size represented 80% power to detect the MDC.
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4.4 Discussion
The aim of the present study was to quantify the test re-test reliability of a range of
potential measures of fatigue and physical performance in a group of elite youth football
players. The key findings from this study were: (1) a short 3 minute (2 minute analysis)
sub-maximal shuttle run from which accelerometer data was collected showed good
reliability, (2) good reliability was shown for a number of jump assessments; CMJ, SJ,
DJ-CT and DJ-RSI, (3) the psychometric questionnaire used to assess subjective wellness
showed poor reliability and poor internal consistency, (4) very good reliability was shown
for all measures of physical performance.
A novel aspect within this study was the use of a sub-maximal test to assess accelerometer
data gained during shuttle running. All variables displayed consistent reliability statistics
across all time frames. These results are in accordance with recent research which
assessed the validity and reliability of measures of vertical stiffness and peak loading
forces collected via GPS-embedded accelerometers during treadmill running, and found
good to moderate reliability (4-16% CV) (Buchheit et al., 2015b). However, the measures
used in the aforementioned study require specialist software for analysis that utilises
proprietary detection algorithms to recognize foot strikes, a method that has recently been
questioned (Cust et al., 2018). Furthermore, these variables are not widely available to
practitioners using manufacturer software, therefore the data presented in the present
study might provide a more practical alternative. This is the first study to assess these
variables during a sub-maximal field test that can easily be completed as part of the
players’ daily or weekly training regime. A secondary aim of this study was to assess the
minimum test duration that could maintain good reliability. A three minute assessment,
from which the first minute is discarded as a stabilisation period and the final two minutes
used for analysis, is shown to be an acceptable time frame. This provides a clear guideline
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for practitioners who might want to assess a large squad of players simultaneously in a
small period of time; for example as part of a pre-training warm-up.
The assessment of fatigue via jump performance measures, such as, CMJ, SJ and DJ
represents a popular method by which to monitor players in the field. A survey of 41 elite
European football teams indicated that 39% utilise a form of jump testing on a weekly
basis to monitor fatigue (Akenhead and Nassis, 2016). Due to their popularity a number
of studies have assessed the test re-test reliability of jump assessments, however, it was
important to examine the reliability in the specific environment and cohort which would
be used throughout this thesis. Findings from the present study indicate good reliability
for all jump measures, however DJ-H did display the lowest ICC out of all. The reduced
reliability of DJ-H might be due to the high skill demand of the DJ, however, all players
were familiarised with the test before completing the present study. These results are in
agreement with previous observations that have reported a CV of 5% for CMJ height
(Cormack et al., 2008b), 3% for SJ height (Glatthorn et al., 2011) and 5-8% for variables
derived from a DJ (Beattie and Flanagan, 2015). An important consideration when
reviewing the literature on reliability of jump assessments is the range of testing
modalities used (contact mats, force platforms and photoelectric technology). The present
study used the OptoJump system which has previously shown good reliability and validity
when assessing CMJ and SJ (Glatthorn et al., 2011). This is the first study to document
the reliability of a DJ assessed via the OptoJump system, which provides a relatively cost
effective and portable solution for testing in the field compared to force platforms.
Alongside, the CV and ICC another key reliability statistic is the MDC. For jump
measures the MDC ranged from 6.6 - 10.9 %, this provides important information for
subsequent chapters in this thesis and for practitioners. Emphasising that changes in jump
performance need to be greater than or equal to the MDC for a change in that measure to
be considered real.
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In the present study all individual subjective wellness items and overall total wellness
displayed somewhat poor reliability. These findings suggest that if using the current
subjective wellness questionnaire, tracking changes in fatigue on a week to week basis
might be difficult. To our knowledge, this is the first study to examine the reliability of
this type of short psychometric questionnaire that is regularly used in the applied
environment. Other, larger questionnaires such as the Recovery-Stress questionnaire (76questions) have shown large test re-test correlations (r = 0.79) (Kellmann and Kallus,
2001). The factor/s mediating the poor reliability found in the present study might be due
to the simplicity of the questionnaire used. The categorical nature of a 5-point Likert style
question means a 1 point change, e.g. from 5 to 4, is the equivalent to a 20% decrease.
Another aspect of reliability of a psychometric questionnaire is the internal consistency.
This was assessed via Cronbach’s α, with results indicating that the internal consistency
of this questionnaire is poor. This has implications for the composite total wellness score
which is the summation of all five questions. As each item has relatively low inter-item
correlations it could be suggested that a composite score for total wellness should be used
with caution. Future research should look to amend which items are included in the
composite score in order to improve the internal consistency. Given the high CV and low
ICC of each variable, and the poor internal consistency, in order to make this subjective
wellness questionnaire more reliable and robust in an applied environment the low
categorical nature of the Likert scale should be addressed. Conceivably, by increasing the
number of points within the scale to 10, this would provide more options for players to
select and therefore decrease the magnitude of a one unit change.
Another aim of this chapter was to establish the reliability of physical performance
measures, specifically MSS and MAS. The reliability of MSS was shown to be very good,
this is in line with other studies that have assessed MSS in Under-18 football players
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using a 10 m split time from a 40 m sprint (Buchheit and Mendez-Villanueva, 2013).
Similarly, the reliability of MAS was very good. This is the first study to document the
test re-test reliability of a 1500 m time trial in a cohort of elite youth football players.
Furthermore, the MDC provided in Table 4.4 provides practitioners with thresholds for
what can be considered “real” changes in physical performance measures. These are
important findings for future chapters within this thesis, the excellent reliability shown
for MSS and MAS allows us to confidently use these measures to individualised external
training load in Chapter 6. Further, the MDC calculated will allow accurate inferences
about any performance improvements to be made during Chapter 7.

4.4.1 Conclusion
In conclusion, this study has established good reliability for CMJ, SJ and DJ variables.
Accelerometer data gained during sub-maximal shuttle running also displayed good
reliability during a short three minute assessment. However, results suggest that
subjective wellness assessed via a short 5-item psychometric questionnaire has poor test
re-test reliability and internal consistency, therefore, caution must be taken when
assessing changes in subjective wellness as an indicator of a players fatigue status.
Furthermore, physical performance measures of MSS and MAS exhibited excellent test
re-test reliability. The MDC calculated for all measures provides thresholds for “real”
change, allowing accurate decisions to be made about the magnitude of change in
subsequent chapters.
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4.5 Perspective
Chapter 2 of this thesis examined the current literature and provided a discussion of
commonly used methods to monitor fatigue in an applied football environment. It became
clear that although a number of different methods are used the reliability of certain
measures has yet to be established.
Chapter 4 has therefore established the test re-test reliability of a number of potential
fatigue measures, which were appropriate for the environment in which this program of
research was carried out.
Chapter 4 concluded that various jump tests and accelerometer variables have good
reliability. However, the short 5-item wellness questionnaire showed poor reliability and
internal consistency. Irrespective of the level of reliability it is important to discussion
these measure in the context of measurement “signal” and “noise”. By calculating the
MDC for each variable a clear benchmark for measurement “noise” has been established.
Chapter 5 will attempt to build upon these findings and establish firstly, the sensitivity of
a fatigue response following a standardised training session, and secondly, the
reproducibility of this response. This will provide us with a clear benchmark for
measurement “signal”. Only once we have an understanding of both signal and noise can
we make a decision about the usefulness of a particular measure of fatigue or physical
performance.
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CHAPTER 5
5.0

SENSITIVITY AND REPRODUCIBILITY OF A
FATIGUE RESPONSE IN ELITE YOUTH
FOOTBALL PLAYERS

Published papers from this chapter:
Fitzpatrick, J. F., Akenhead, R., Russell, M., Hicks, K. M. and Hayes, P. R. (2019)
Sensitivity and reproducibility of a fatigue response in elite youth football players,
Science and Medicine in Football, 3:3, 214-220.

Conference communications from this chapter:
Fitzpatrick, J. F., Russell, M. and Hayes, P. R. (2016). Reliability of a fatigue response in
elite youth football players. 21st annual Congress of the European College of Sport
Science, Vienna, Austria, 6th – 9th July 2016.
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5.1 Introduction
Team sport activity has been shown to elicit fatigue commensurate with performance
decrements and increased injury risk in youth and senior players (Mohr et al., 2005,
Rampinini et al., 2011). In an attempt to make informed decisions about fatigue status,
readiness to train and training prescription, applied practitioners seek methods that
attempt to quantify the magnitude of fatigue throughout the competitive week (Halson,
2014, McCall et al., 2014, Akenhead and Nassis, 2016). Chapter 4 of this thesis
documented the test re-test reliability and thresholds for MDC associated with a number
of jump assessments, accelerometer variables and subjective wellness measures,
providing a clear estimate of measurement “noise”. However, the sensitivity (signal) of
these measures to training and/or match-play induced fatigue needs to be established.
Measures of fatigue can only be considered valid if they show substantial sensitivity to
changes in training load on a consistent basis.
Surveys on fatigue monitoring in high performance sport demonstrate that subjective
wellness monitoring is used extensively for assessing the overall well-being of team sport
athletes (Taylor et al., 2012b). With 78% of elite football clubs stating they use these
measures on a daily, weekly or monthly basis (Akenhead and Nassis, 2016). A recent
review highlighted that subjective monitoring identified impaired wellness with acute
increases in training load, and improved wellness with an acute reduction in training load
(Saw et al., 2015b). Furthermore, subjective measures responded with superior sensitivity
and consistency compared to objective measures, such as endocrine or HR measures (Saw
et al., 2015b, Thorpe et al., 2015). Daily subjective wellness has been shown to correlate
with daily fluctuations in training load, indicating a possible dose-response relationship
(Thorpe et al., 2015, Scott and Lovell, 2017). Despite this body of evidence suggesting
subjective wellness questionnaires are able to detect acute changes in fatigue Chapter 4
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concluded that they have poor test re-test reliability. Therefore, the present study will use
the MDC calculated in Chapter 4 to assess whether, in spite of poor reliability, subjective
wellness measures are able to detect a fatigue response greater than the MDC.
A range of jump tests; CMJ, SJ and DJ, have been used to examine the time course of
decrements in physical performance following football match-play, with reductions in
jump performance reported for up to 72 h (Nédélec et al., 2012). Brownstein et al. (2017)
found decrements in CMJ height and DJ-RSI immediately post match play and at 24 h
before recovering at 48 h post. Additionally, they found a substantial relationship between
CMJ height and motor point voluntary activation, indicating that central mechanisms of
neuromuscular function might be the cause of the decrements in CMJ height. However,
the sensitivity of jump tests to changes in training load remain unclear. In football players,
CMJ was not sensitive as a measure of fatigue when analysed alongside daily fluctuations
in training load, displaying a weak dose-response relationship (r = 0.23) (Thorpe et al.,
2015). It has been suggested that jump height might not be a sensitive measure due to
changes in jump strategy in an attempt to maintain jump height, which might mask the
effects of fatigue (Gathercole et al., 2015). Other force-time variables such as the FT: CT
ratio (Cormack et al., 2008b) or DJ-RSI (Hamilton, 2009) have displayed a sensitivity to
acute changes in training load and therefore might offer a more appropriate measure of
fatigue than CMJ height. Similar to subjective wellness however, no research to date has
established if assessments of jump performance can detect a reproducible fatigue
response in football players. Therefore, given the reliability established in Chapter 4;
CMJ, SJ and DJ-CT, DJ-H and DJ-RSI will be assessed in the present study.
The use of tri-axial accelerometers, such as those integrated into MEMS devices, have
demonstrated an ability to detect fatigue post exercise (Patterson et al., 2011, Cormack et
al., 2013). Fatigue has been shown to result in an altered gait strategy during running
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(Patterson et al., 2011), which has been associated with reduced sprint and jump
performance (Mendez-Villanueva et al., 2008, Gathercole et al., 2015), as well as
increased injury risk (De Ste Croix et al., 2015). Furthermore, it has been shown that
during a fatigue-inducing RS protocol, large decrements in accelerometer load,
specifically vertical acceleration were observed (Akenhead et al., 2017). The result of an
altered running strategy is determined by a reduction in the vertical acceleration of the
centre of mass (Lee and Farley, 1998), which has previously been detected by an
integrated accelerometer worn between the scapula (Barrett et al., 2014). Cormack et al.,
(2013) attributed a reduction in vertical load, in fatigued elite AFL players, to reductions
in force absorbing and generating capacity of the leg extensor muscles, which could
potentially have implications for injury risk (De Ste Croix et al., 2015, Barrett et al.,
2016). However, given the novelty of this area of research, no data currently exists on the
sensitivity of tri-axial accelerometer load during a sub-maximal shuttle run, to training
induced fatigue.
A multitude of different measures have been used within the literature to try and monitor
fatigue on a daily and/or weekly basis, with varying degrees of sensitivity (see Chapter 2,
Section 2.6). While a number of studies have assessed a fatigue response post match play
(Nédélec et al., 2012), or post training (Thorpe et al., 2015) no one has examined the
reproducibility of this response. For a fatigue monitoring measure to be successful, a three
step approach was proposed. Firstly, a measure must show an acceptable level of test retest reliability (Chapter 4), secondly it must be sensitive to changes in training load, i.e.
changes greater than the MDC (documented in Chapter 4), are evident and finally, the
response must be reproducible, i.e. a consistent response is seen, from the same training
load, which is currently lacking within the literature.
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5.1.2 Study aims
The aim of the present study was to firstly, establish the sensitivity of jump performance,
tri-axial accelerometer variables and subjective wellness measures following a
standardised training session and secondly, to establish the reproducibility of this
training-induced fatigue response over two consecutive training weeks in elite youth
football players.

5.2 Methods
5.2.1 Study design
This study was completed at the start of the in-season period (August) and consisted of
eight testing sessions over a two week period. Players completed morning assessments of
fatigue, prior to training. Each testing session consisted of morning ratings of subjective
wellness, assessments of jump performance; CMJ, SJ and DJ, and a sub-maximal shuttle
run test. Testing was completed before (-24 h, immediately pre) and after (+24h, +48 h)
a strenuous standardised training session (see Chapter 3, Section 3.4.4). Training was
controlled over the first two days, with a low training load session on day one and a very
high training load session on day two, used as the fatigue inducing stimulus (Table 5.1).
All testing sessions were conducted at the same time of day to minimise possible effects
of circadian variation. These testing procedures were replicated over two consecutive
weeks to enable the reproducibility of a fatigue response following the standardised
training session to be established. All players were familiarised with the experimental
procedures, which form part of their training and monitoring routinely.
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Table 5.1. Descriptive statistics (mean ± SD) for training load of the strenuous
standardised training session.
Week 1

Week 2

CV

ES (MBI)

TD

7242
(± 532)

7221
(± 514)

5.5%

-0.04
(Unclear)

VHSR

597
(± 85)

591
(± 71)

8.7%

-0.07
(Unclear)

SPR

325
(± 58)

318
(± 63)

9.1%

-0.11
(Unclear)

AD Load

544
(± 75)

534
(± 64)

7.0%

-0.13
(Unclear)

Note: TD: total distance, VHSR: very high speed running, SPR: sprinting, AD Load:
acceleration and deceleration load, CV: coefficient of variation, ES: effect size, MBI:
magnitude based inference.

5.2.2 Participants
Twelve male youth football players (Age: 17.5 ± 0.5 years, Height: 177.0 ± 4.9 cm, Body
Mass: 72.4 ± 8.9 kg), competing in the English Under-18 Premier League volunteered to
participate in the present study. Participants were given full details of the study
procedures and provided personal, and when under 18 years of age, parental/guardian
written consent before participation. Institutional ethical approval was gained prior to any
study involvement (HLSJF110915). Prior to inclusion in the study, all participants were
deemed fit to participate and free of illness or injury by the club’s medical staff.
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5.2.3 Procedures
5.2.3.1 Subjective wellness
A 5-item questionnaire to assess subjective ratings of fatigue, sleep quality, muscle
soreness, stress and mood were collected as described in Chapter 3, Section 3.4.1.1.
Reliability data is displayed in Chapter 4, Section 4.3.1 and Table 4.1.

5.2.3.2 Jump performance
Jump performance was assessed for a CMJ, SJ and DJ. Data were collected as described
in Chapter 3, Section 3.4.1.2. Reliability data is displayed in Chapter 4, Section 4.3.2 and
Table 4.2.

5.2.3.3 Sub-maximal shuttle run
A sub-maximal shuttle run was conducted as described in Chapter 3, Section 3.4.1.3.
Reliability data is displayed in Chapter 4, Section 4.3.3 and Table 4.3.

5.2.3.4 Training load
Training load was monitored throughout the study in accordance with the description in
Chapter 3, Section 3.4.3. Precision of the GPS signal throughout the study was; #sats:
11.9 ± 0.9; HDOP: 0.93 ± 0.13.

5.2.4 Statistical analysis
Visual inspection of histograms and Q–Q plots of raw data indicated no violation of
normality assumptions. Raw data are therefore presented as the mean ± SD. To evaluate
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the sensitivity of each variable standardised changes in the mean (ES) were calculated
between baseline (-24 h) and + 24 h, using a custom spreadsheet (Hopkins, 2017). The
following criteria were adopted to interpret the magnitude of change; small, >0.2–0.6;
moderate, >0.6–1.2; large, >1.2–2; and very large, >2.00 (Hopkins et al., 2009). The
magnitude of change was classified as a substantial increase or substantial decrease when
there was a 75% or greater likelihood of the effect being equal to or greater than the ES
± 0.2 (small). Changes were classified as unclear when there was a 5% or greater
likelihood of the effect being both positive and negative (Hopkins et al., 2009).
To further assess if any substantial changes can be considered “real”, based on the MDC
(75% confidence level) calculated from Chapter 4, a signal-to-noise (S: N) ratio was
calculated (Roe et al., 2016). In order for a variable to be deemed capable of detecting a
“real” change, and therefore sensitive to fatigue, the group mean change +24 h (signal)
must be greater than the random within-subject variability (MDC - noise), as indicated
by a ratio >1. This analysis was replicated for weeks one and two. For a variable to be
categorised as having a reproducible fatigue response the S: N ratio had to be >1 for both
weeks.

5.3 Results
Training load measures recorded during the strenuous standardised training session each
week are displayed in Table 5.1. No substantial differences were observed between week
one and two, indicating the standardised training session was the same during both weeks.
Changes in the mean and ES with magnitude based inferences (MBI) from baseline to
+24 h for the sub-maximal shuttle run test, jump performance and subjective wellness are
provided in Tables 5.2, 5.3 and 5.4 respectively.
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5.3.1 Sub-maximal shuttle run
No clear differences were found between baseline and immediately pre training during
weeks 1 or 2. During the first week of testing, at +24 h, substantial differences were found
for PLAP, PLML, PLV, %PLAP, %PLML and %PLV (Table 5.2). At +48 h, substantial
changes were shown for PL (ES 0.45 ± 0.42 CI, 84% likely positive), PLML (ES 0.58 ±
0.51 CI, 89% likely positive), %PLML (ES 0.37 ± 0.34 CI, 81% likely positive) and %PLV
(ES -0.52 ± 0.55 CI, 84% likely negative). All other measures displayed no clear
differences from baseline at +48 h. During the second week of testing, a reproducible
fatigue response at +24 h was shown for PLAP, PLML, %PLAP, %PLML and %PLV (Table
5.2). However, the only measures to display a S: N ratio greater than one across both
weeks at +24 h were PLML and %PLV.

5.3.2 Jump performance
No clear differences were found between baseline and immediately pre training during
weeks 1 or 2. During the first week of testing, at +24 h, substantial differences were found
for DJ-H and DJ-RSI (Table 5.3). At +48 h, substantial increases in jump performance
were shown for CMJ (ES 0.44 ± 0.20 CI, 97% very likely positive) and SJ (ES 0.33 ±
0.16 CI, 95% very likely positive). All other measures displayed no differences from
baseline at 48 h post. During the second week of testing, a reproducible fatigue response
at +24 h was shown for DJ-H and DJ-RSI (Table 5.3). However, the only jump
performance measure to display a S: N ratio greater than one across both weeks at +24 h
was DJ-RSI.
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Table 5.2. Sensitivity 24 h post training for PlayerLoad™ (PL), individual component
planes; anterior-posterior (PLAP), mediolateral (PLML), and vertical (PLV), and the
percentage contribution of each plane.

PL

PLAP

PLML

PLV

%PLAP

%PLML

%PLV

Baseline

24 h Post

Δ in
Mean

ES

MBI

S:N
Ratio

Week 1

38.67
(± 3.50)

39.73
(± 4.82)

1.06
(± 2.55)

0.28 ± 0.68
(Small)

58%
Possible Increase

0.77

Week 2

38.47
(± 4.02)

40.66
(± 3.88)

2.19
(± 1.94)

0.51 ± 0.45
(Small)

88% *
Likely Increase

1.59 **

Week 1

13.67
(± 2.24)

15.42
(± 4.14)

1.75
(± 2.00)

0.67 ± 0.77
(Moderate)

85% *
Likely Increase

1.03 **

Week 2

13.58
(± 2.23)

15.00
(± 2.92)

1.42
(± 1.30)

0.59 ± 0.54
(Small)

89% *
Likely Increase

0.83

Week 1

13.33
(± 1.87)

14.42
(± 2.11)

1.08
(± 1.05)

0.54 ± 0.52
(Small)

87% *
Likely Increase

1.02 **

Week 2

13.50
(± 1.38)

14.75
(± 1.36)

1.25
(± 0.97)

0.84 ± 0.34
(Moderate)

100% *
Most Likely Increase

1.18 **

Week 1

28.33
(± 2.50)

27.08
(± 2.81)

-1.25
(± 1.58)

-0.47 ± 0.59
(Small)

78% *
Likely Decrease

-0.96

Week 2

28.08
(± 2.35)

27.25
(± 3.19)

-0.83
(± 2.44)

-0.33 ± 0.50
(Small)

67%
Possible Decrease

-0.64

Week 1

24.6%
(± 2.6%)

26.7%
(± 3.6%)

2.1%
(± 1.5%)

0.76 ± 0.53
(Moderate)

96% *
Very Likely Increase

0.77

Week 2

24.2%
(± 2.0%)

26.2%
(± 3.5%)

2.0%
(± 1.9%)

0.95 ± 0.88
(Moderate)

92% *
Likely Increase

0.73

Week 1

24.1%
(± 2.6%)

25.4%
(± 2.4%)

1.3%
(± 1.3%)

0.46 ± 0.47
(Small)

83% *
Likely Increase

0.66

Week 2

25.5%
(± 2.0%)

26.0%
(± 2.6%)

0.5%
(± 1.1%)

0.24 ± 0.49
(Small)

56% *
Possible Increase

0.27

Week 1

51.3%
(± 2.5%)

47.9%
(± 3.7%)

-3.4%
(± 1.7%)

-1.27 ± 0.62
(Large)

100% *
Almost Certain
Decrease

-1.76 **

Week 2

50.3%
(± 2.9%)

47.8%
(± 4.3%)

-2.6%
(± 2.6%)

-0.82 ± 0.84
(Moderate)

89% *
Likely Decrease

-1.31 **

Data presented as changes in mean ± SD; effect size (ES) ± 90% confidence intervals with magnitude
based inference (MBI); signal: noise ratio.
*
**

A substantial increase or decrease classified as ≥75% likelihood of the effect being greater
than or equal to the ES ± 0.2 (small).
Signal: Noise Ratio > 1.00 or < -1.00; variable has the ability to detect “real” change.
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Table 5.3. Sensitivity 24 h post training for jump tests; countermovement jump height
(CMJ), squat jump height (SJ), drop jump contact time (DJ-CT) drop jump height (DJH) and drop jump reactive strength index (DJ-RSI).

CMJ

SJ

DJ-CT

DJ-H

DJ-RSI

Baseline

24 h Post

Δ in
Mean

ES

MBI

S:N
Ratio

Week 1

35.18
(± 4.92)

35.28
(± 4.56)

0.10
(± 1.01)

0.02 ± 0.19
(Trivial)

91%
Likely Trivial

0.04

Week 2

36.18
(± 3.85)

35.74
(± 4.06)

-0.44
(± 1.09)

-0.11 ± 0.26
(Trivial)

Unclear

-0.18

Week 1

34.04
(± 5.31)

33.07
(± 5.31)

-0.97
(± 0.86)

-0.17 ± 0.15
(Trivial)

Unclear

-0.43

Week 2

34.92
(± 4.01)

34.58
(± 3.68)

-0.34
(± 1.19)

-0.08 ± 0.28
(Trivial)

Unclear

-0.15

Week 1

0.206
(± 0.029)

0.208
(± 0.016)

0.001
(± 0.013)

0.04 ± 0.42
(Trivial)

Unclear

0.09

Week 2

0.203
(± 0.030)

0.206
(± 0.029)

0.003
(± 0.004)

0.10 ± 0.13
(Trivial)

92%
Likely Trivial

0.21

Week 1

29.18
(± 5.55)

26.06
(± 3.47)

-2.74
(± 1.50)

-0.46 ± 0.25
(Small)

96% *
Very Likely Decrease

-0.99

Week 2

29.44
(± 4.83)

26.75
(± 4.15)

-2.69
(± 1.43)

-0.52 ± 0.28
(Small)

97% *
Very Likely Decrease

-0.97

Week 1

1.45
(± 0.35)

1.29
(± 0.24)

-0.16
(± 0.09)

-0.43 ± 0.25
(Small)

94% *
Likely Decrease

-1.00 **

Week 2

1.50
(± 0.38)

1.34
(± 0.34)

-0.16
(± 0.08)

-0.40 ± 0.19
(Small)

96% *
Very Likely Decrease

-1.01 **

Data presented as changes in mean ± SD; effect size (ES) ± 90% confidence intervals with magnitude
based inference (MBI); signal: noise ratio.
*
**

A substantial increase or decrease classified as ≥75% likelihood of the effect being greater than or
equal to the ES ± 0.2 (small).
Signal: Noise Ratio > 1.00 or < -1.00; variable has the ability to detect “real” change.

5.3.3 Subjective wellness
No clear differences were found in subjective wellness questionnaire responses between
baseline and immediately pre training during weeks 1 or 2 (Table 5.4). During the first
week of testing, at +24 h, substantial decreases were found for sleep quality, muscle
soreness and total wellness (Table 5.4). During the second week of testing, a substantial
decrease in subjective fatigue was evident (Table 5.4).However, no subjective measure
displayed a S: N ratio of greater than one at any time point throughout the two-week study
period.
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Table 5.4. Sensitivity 24 h post training for subjective wellness measures.

Fatigue

Sleep
Quality

Muscle
Soreness

Stress

Mood

Total
Wellness

Baseline

24 h Post

Δ in
Mean

ES

MBI

S:N
Ratio

Week 1

3.00
(± 0.85)

2.83
(± 0.72)

-0.17
(± 0.49)

-0.18 ± 0.53
(Trivial)

Unclear

-0.36

Week 2

3.25
(± 0.62)

3.00
(± 0.60)

-0.25
(± 0.23)

-0.37 ± 0.35
(Small)

80% *
Likely Decrease

-0.53

Week 1

3.92
(± 0.29)

3.58
(± 0.67)

-0.33
(± 0.40)

-1.07 ± 1.30
(Moderate)

87% *
Likely Decrease

-0.36

Week 2

3.67
(± 0.49)

3.58
(± 0.79)

-0.08
(± 0.47)

-0.16 ± 0.88
(Trivial)

Unclear

-0.09

Week 1

3.17
(± 0.83)

2.33
(± 0.49)

-0.83
(± 0.37)

-0.93 ± 0.41
(Moderate)

100% *
Most Likely Decrease

-0.88

Week 2

2.67
(± 0.78)

2.33
(± 0.65)

-0.33
(± 0.51)

-0.40 ± 0.61
(Small)

Unclear

-0.35

Week 1

3.33
(± 0.78)

3.17
(± 0.83)

-0.17
(± 0.37)

-0.20 ± 0.44
(Small)

Unclear

-0.18

Week 2

3.33
(± 0.78)

3.50
(± 0.80)

0.17
(± 0.58)

0.20 ± 0.69
(Small)

Unclear

0.18

Week 1

3.83
(± 0.58)

3.75
(± 0.62)

-0.08
(± 0.35)

-0.13 ± 0.56
(Trivial)

Unclear

-0.09

Week 2

3.67
(± 0.78)

3.75
(± 0.75)

0.08
(± 0.60)

-0.10 ± 0.72
(Trivial)

Unclear

0.09

Week 1

17.25
(± 2.18)

15.67
(± 1.97)

-1.58
(± 1.39)

-0.68 ± 0.59
(Moderate)

91% *
Likely Decrease

-0.62

Week 2

16.58
(± 1.83)

16.17
(± 2.29)

-0.42
(± 1.47)

-0.21 ± 0.75
(Small)

Unclear

-0.16

Data presented as changes in mean ± SD; effect size (ES) ± 90% confidence intervals with magnitude
based inference (MBI); signal: noise ratio.
*
**

A substantial increase or decrease classified as ≥75% likelihood of the effect being greater than
or equal to the ES ± 0.2 (small).
Signal: Noise Ratio > 1.00 or < -1.00; variable has the ability to detect “real” change.

Page | 87

5.4 Discussion
The aim of the current study was to assess the sensitivity of a subjective wellness
questionnaire, measures of jump performance and sub-maximal shuttle run following a
standardised training session; and subsequently establish the reproducibility of this
fatigue response. The key findings from the present study were; 1) DJ-RSI, PLML and
%PLV were found to be sensitive measures of training-induced fatigue, displaying a
reproducible response, that was greater than the MDC (calculated in Chapter 4), across
both weeks; 2) CMJ, SJ and all subjective wellness measures were unable to detect a
reproducible fatigue response, potentially calling into question their use in the monitoring
of fatigue in athletes.
A novel aspect of the present study was the use of a sub-maximal shuttle run to assess triaxial accelerometer data. A number of variables showed substantial changes at 24 h post
training however only PLML and %PLV were able to demonstrate a reproducible response,
which was greater than the MDC established in Chapter 4, across both weeks of the study.
When analysing accelerometer data, as a surrogate measure of movement strategy, it is
important to consider the arbitrary nature of the data and resulting difficulty to discern
underlying mechanisms. PL is the combination of the magnitude and frequency of the
accelerations measured. Reductions in peak ground reaction forces during running have
been reported previously when examining the effects of fatigue (Nikooyan and Zadpoor,
2012), as has increased step frequency (Padulo et al., 2012, Girard et al., 2016). Although
ground reaction forces and step frequency are not available within the current data, it
could be speculated that the decrease in vertical acceleration is a result of decreased
ground reaction forces, and that this reduction supersedes the potential increase in step
frequency. This would suggest a decrease in the force absorption and generating capacity
of the musculoskeletal system (Latash and Zatsiorsky, 1993), which results in the
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reduction in %PLV, seen during sub-maximal shuttle running in the present study. The
mechanisms behind these changes might be a decrease in lower extremity stiffness which
has been associated with a decrease in physical performance and/or increased injury risk
(Butler et al., 2003). Future research should look to confirm a link between vertical
acceleration (%PLV) and lower extremity stiffness.
In contrast with the negative changes in %PLV there were substantial increases in PLML
following the strenuous standardised training session. Research has shown that postural
control and coordination during running deteriorate with fatigue (McClay and Cavanagh,
1994), possibly contributing to the increased mediolateral accelerations (PLML) found in
the present study. This has important implications for practitioners as a fatigue induced
reduction in postural control leading to an increased acceleration of the trunk, might
increase the overall energy cost of running and increase injury risk (Barrett et al., 2016).
The findings from the present study add to the growing body of evidence that tri-axial
accelerometer data, specifically vertical and mediolateral movement, are associated with
fatigue in team sport athletes (Cormack et al., 2013, Akenhead et al., 2017, Rowell et al.,
2018). The current study provides new knowledge to the current literature by establishing
not only a fatigue response but also which measures can repeatedly detect a response from
a standardised training stimulus. Practically, this sub-maximal assessment of fatigue is
highly applicable to the team sport environment. This test uses data that is readily
available to practitioners from the devices routinely worn in training. Furthermore, the
sub-maximal nature of the test lends itself to being completed as part of the players’
warm-up, meaning an assessment of fatigue can be gained with ease on a daily or weekly
basis.
The only jump performance measure to show a reproducible response, which was greater
than the MDC established in Chapter 4, was DJ-RSI. This is in line with previous research
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that has shown force-time variables such as the FT: CT ratio (Cormack et al., 2008a) or
RSI (Hamilton, 2009) to display a level of sensitivity to changes in training load. In the
present study, DJ-CT did not show any changes under fatigue, it was reductions in DJ-H
that resulted in the decrement in DJ-RSI. This might indicate that athletes are able to
maintain contact time, however, they do not display the same force generating capacity
when in a fatigued state, therefore jump height is reduced and consequently DJ-RSI.
Studies have suggested that there is a link between lower extremity stiffness and
performance during rebounding activities such as the DJ. Therefore, a decrease in lower
extremity stiffness might have resulted in increased compliance of the lower body during
the landing phase and subsequently decreases the ability to maximal utilise energy during
the propulsive phase of a DJ (Farley et al., 1991, Arampatzis et al., 2001). The decrement
in DJ-RSI evident in the present study is in agreement with previous findings which have
shown substantial reductions in DJ-RSI 24 h post match play (Brownstein et al., 2017).
An important, novel finding in the present study is the link between DJ-RSI and %PLV.
Both reactive strength and vertical acceleration might be associated with lower extremity
stiffness (Butler et al., 2003, Lloyd et al., 2009), it could therefore be suggested that
similar mechanisms of fatigue are causing the apparent reductions in both assessments
and further evidence that lower extremity stiffness is a key factor when assessing fatigue
in athletes. Future research should look to investigate which training load variables are
causing this apparent fatigue as this might help us further understand the underlying
mechanisms and facilitate the management of fatigue via training load monitoring.
Other measures of jump performance assessed in the present study, CMJ and SJ, did not
display any changes when in a fatigued state. This adds further evidence against the use
of jump height as a measure of fatigue. It was shown by Gathercole et al. (2015), that
CMJ height was not as sensitive as variables more indicative of CMJ strategy, such as
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eccentric and concentric duration. However, this analysis requires force-time data that
involves expensive equipment that might not be readily available to some practitioners.
The use of an optical measurement system might be more accessible, thus DJ-RSI could
be used as a surrogate force-time measure, which has been shown in the present study to
demonstrate a reproducible fatigue response.
Another key finding is the lack of reproducible response for subjective wellness.
Measures of fatigue, sleep quality, muscle soreness and total wellness did show
substantial changes in week 1 or 2 of testing however, the response to training was not
replicated across both weeks for any subjective wellness measure. This is in contrast to
recent research which has highlighted the superiority of subjective measures over
objective measures (Saw et al., 2015b). One potential reason for this is the design of the
psychometric questionnaire used in the present study to assess subjective wellness. Using
a 5-point Likert scale, with 1 point increments, gives a limited number of outcomes which
can be selected. A change from a score of 5 to a score of 4 might subjectively not be that
great to an athlete, however this is a 20% decrease. Changing the questionnaire to a larger
scale (e.g. 1-10) might improve the reliability, making detectable changes more accessible
and therefore improving the usefulness of subjective wellness measures for monitoring
fatigue.

5.4.1 Conclusion
In summary, this study demonstrates firstly, the sensitivity of a number of measures to
training induced fatigue following a standardised training session, and secondly, the
reproducibility of this training-induced fatigue response in elite youth football players.
Measurement of jump performance via DJ-RSI and tri-axial accelerometer variables
%PLv and PLML gained via a sub-maximal shuttle run were found to show a fatigue
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response, greater than the MDC established in Chapter 4, over both weeks of testing. In
contrast, no subjective wellness measures displayed a reproducible fatigue response.
These data suggest that a simple assessment of DJ performance and a sub-maximal shuttle
run can be used to accurately detect fatigue in a group of elite youth football players.

5.5 Perspective
The aim of Chapters 4 and 5 was to identify the most appropriate methods for monitoring
fatigue, using a three step approach. In Chapter 4 the reliability of potenital fatigue
measures was established, indicating that accelerometer data collected during a submaximal shuttle run and jump assessments; CMJ, SJ and DJ have good test re-test
reliability. However, subjective wellness measures were deemed to have poor test re-test
reliability.
Building on this, Chapter 5 looked to firstly establish the sensitivity of a training induced
fatigue response and secondly, to determine if this response is reproducible. Chapters 4
and 5 have highlighted that DJ-RSI, PLML and %PLV are three variables which are
reliabile, sensitive to fatigue and have a reproducible fatigue response. These measures
of fatigue were therefore used in Chapters 6 and 7 to assess the dose-response relationship
between training load and fatigue (Chapter 6) and how improvements in aerobic training
might facilitate a reduction in the fatigue response of football players (Chapter 7).
When assessing the sensitivity of the subjective wellness questionnaire to training
induced fatigue, although substantial changes were apparent for subjective fatigue,
muscle soreness and sleep quality during Chapter 5, no wellness measures displayed a
response greater than the MDC at any time point. It has been discussed in Chapter 5 that
this might be a result of the limited variation available with a 5-point Likert scale making
the MDC large and detectible changes difficult to achieve. As part of Chapter 6, we
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therefore, re assessed the test re-test reliability of an adapted questionnaire, which
increased the number of points on the Likert scale to 10 and reducing the number of items
to only include; subjective fatigue, muscle soreness and sleep quality.
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CHAPTER 6
6.0

DOSE-RESPONSE RELATIONSHIP BETWEEN
TRAINING LOAD, FATIGUE AND FITNESS IN
ELITE YOUTH FOOTBALL PLAYERS

Published papers from this chapter:
Fitzpatrick, J. F., Hicks, K. M. and Hayes, P. R. (2018) Dose-response relationship
between training load and changes in aerobic fitness in professional youth soccer players.
International. Journal of Sports Physiology and Performance, 13(10), 1365-1370.

Conference communications from this chapter:
Fitzpatrick, J. F., Hicks, K. M. and Hayes, P. R. (2017). Dose-response relationship
between training load and changes in aerobic fitness in elite youth soccer players. 5th
World Conference on Science in Soccer, Rennes, France, 31st May – 2nd June 2017.
Fitzpatrick, J. F., McLaren, S., Hicks, K. M. and Hayes, P. R. (2018). Dose-response
relationship between training load and changes in fatigue in elite youth soccer players.
BASES Student Conference, Newcastle, UK, 12th – 13th April 2018.
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6.1 Introduction
The concept of how training load affects performance is founded in the idea that training
contributes to two specific outcomes, these are developed simultaneously by repeated
bouts of training; fitness and fatigue (Banister et al., 1975). The ability to understand
these two factors and how they interact with training load is commonly termed the “doseresponse relationship” and is considered a fundamental component of training (Akubat,
2014). The aim of a monitoring system is therefore to prescribe training with confidence
that it will produce a predictable outcome within a defined period (Banister, 1991, Manzi
et al., 2009b). In order to achieve this aim practitioners must surmise the effect a given
training dose has on both fitness and fatigue, which in turn will aid in their ability to
structure a training program to maximise performance and reduce injury risk.
With regards to the interaction between training dose and fatigue a number of studies
have established that football training and match play results in metabolic, neuromuscular
and physical performance disturbances in the hours and days post (Bangsbo et al., 2007,
Nédélec et al., 2012, Russell et al., 2015, Brownstein et al., 2017). In order to assess these
disturbances a number of monitoring tools have been utilised including HR derived
indices (Buchheit, 2014), biochemical markers (Morgans et al., 2014), jump assessments
(Malone et al., 2015b) and subjective wellness questionnaires (Thorpe et al., 2017).
Despite the extensive literature on the post match fatigue response, the literature on
monitoring fatigue during the training week, specifically the dose response relationship
is lacking.
Chapters 4 and 5 of this thesis have highlighted that physical performance assessed via
DJ-RSI, accelerometer variables; PLML and %PLV, have good test re-test reliability, are
sensitive to training induced fatigue and that this fatigue response is reproducible.
However, measures of subjective wellness were unable to detect a fatigue response,
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potentially due to poor test re-test reliability. As part of Chapter 6 we therefore redesigned the subjective wellness questionnaire, based on the findings from Chapters 4
and 5. This adapted questionnaire included only 3 items, subjective fatigue, muscle
soreness and sleep quality. Furthermore, based on previous research (Impellizzeri and
Maffiuletti, 2007) and our assumption that a greater range on the Likert scale might
improve reliability the Likert scale for each item was changed from 1-5 to 1-10 (see
Appendix C). The same methodology as described in Chapter 4 was used to assess test
re-test reliability. Results indicate that subjective assessments of fatigue and muscle
soreness demonstrate good reliability when on a 1-10 Likert scale. However, sleep quality
demonstrated a low ICC (0.57) and the composite score for Total Wellness displayed poor
internal consistency (α = 0.24). The MDC for each subjective wellness measure is
displayed in Table 6.1. It was therefore determined that subjective fatigue and muscle
soreness would be used alongside DJ-RSI and accelerometer variables; PLML and %PLV
throughout Chapters 6 and 7 in order to assess a fatigue response.
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Table 6.1. Reliability statistics for subjective wellness measures (1-10 Likert Scale – see Appendix C).
Trial 1
(SD)

Trial 2
(SD)

TE
(90% CI)

ICC
(90% CI)

CV (%)
(90% CI)

MDC

MDC (%)

Required
Sample Size

Fatigue (au)

7.7
(1.3)

7.7
(1.1)

0.5
(0.4, 0.7)

0.83
(0.65, 0.92)

7.0
(5.5, 10.0)

0.8

10.6%

9

Sleep Quality (au)

7.9
(1.0)

7.6
(0.8)

0.6
(0.5, 0.8)

0.57
(0.25, 0.78)

7.9
(6.2, 11.2)

0.9

12.0%

9

Muscle Soreness (au)

7.4
(1.0)

7.1
(0.7)

0.4
(0.3, 0.6)

0.82
(0.63, 0.91)

5.5
(4.3, 7.7)

0.6

8.5%

9

Total Wellness (au)

23.0
(2.1)

22.4
(1.5)

0.8
(0.6, 1.1)

0.83
(0.65, 0.92)

3.5
(2.7, 4.8)

1.2

5%

9

Data are presented as group means (± SD) for each trial, typical error (TE), interclass correlation (ICC), coefficient of variation (CV), and minimum detectable
change (MDC) (75% confidence level). The required sample size represented 80% power to detect the MDC.
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Although these monitoring tools have shown acute changes following training (Chapter
5) it is important that they are sensitive to fluctuations in load (Meeusen et al., 2013). The
relationship between training load and fatigue monitoring tools has been previously
established in other team sports, such as AFL (Buchheit et al., 2013, Gastin et al., 2013).
Specifically in football, Thorpe et al. (2015) investigated the interaction between training
load and next day fatigue in a number of monitoring tools in elite football players. Their
findings suggest that subjective wellness, specifically subjective fatigue, to be the most
sensitive marker, displaying large associations with fluctuations in daily training load.
Other markers assessed such as CMJ and HR indices showed trivial to small associations,
calling into question the usefulness of these markers when assessing players’ fatigue
status. This is in agreement with the results of this thesis (Chapter 5), which found CMJ
height to not be sensitive to training induced fatigue, it could therefore be suggested that
DJ-RSI might display a stronger dose-response relationship.
With regards to the interaction between training load and fitness there is limited evidence
in team sports (Buchheit et al., 2013, Taylor et al., 2018) and in particular football
(Akubat et al., 2012, Manzi et al., 2013). It was established within Chapter 2 that the
internal response to a given external load is what drives aerobic fitness adaptation
(Impellizzeri et al., 2005) (Figure 2.3). A comparison of methods used to establish
internal load in youth football players was investigated by Akubat et al. (2012). They
found iTRIMP showed the strongest relationship with changes in fitness, as measured via
speed at lactate threshold. In agreement, Manzi et al. (2013) found similar results with
senior football players, showing large associations between iTRIMP and changes in
V̇O2max and in Yo-Yo IR1 performance. However, the assessment of iTRIMP can be time
consuming, particularly in a team sport environment, limiting its ability to perform
repeated assessments of a player’s HR-blood lactate profile. With regards to external load
GPS systems are widely used in elite team sports (Akenhead and Nassis, 2016) however,
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no research to date has investigated the dose-response relationship between external
training load and changes in fitness in football players.
It has been proposed that when assessing the demands of training and match-play that an
individualised approach to assessing external load might be advantageous (Abt and
Lovell, 2009, Lovell and Abt, 2013, Hunter et al., 2015). A number of methods have been
employed to assess training load with reference to individual fitness characteristics gained
via fields based assessments. Percentage of MSS has previously been used (Harley et al.,
2010), however, it has been highlighted that using one single fitness characteristic might
not reflect the complete locomotor of a player (Weston, 2013, Hunter et al., 2015).
Alternatively, Mendez-Villanueva et al. (2013) used a technique which assessed fieldbased testing data to estimate a players’ aerobic (MAS) and speed capabilities (MSS).
This technique allows for an estimation of a players’ ASR and has been used to establish
the transition into sprint work (>30ASR) (Bundle et al., 2003). Furthermore, Hunter et al.
(2015) stated that this method of using field-based measures of MAS, MSS and ASR
poses a more ecologically valid, economical and practical technique for individualising
thresholds.
There is a lack of consensus within the literature about which methods are most
appropriate for monitoring training load, specifically in regards to the dose-response
relationship. The aforementioned dose-response studies have used a range of measures to
quantity training and match load including sRPE (Buchheit et al., 2013) and high speed
running (>14.4 km.h-1) (Thorpe et al., 2015) and internal training load (iTRIMP) (Akubat
et al., 2012). Only one study to date has looked at the relationship between both arbitrary
and individualised training load measures in football players (Scott and Lovell, 2017).
This study found small to moderate relationships between training load and subjective
fatigue and muscle soreness, however, no differences between arbitrary and
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individualised training load measures were apparent. A major criticism of this study is
that, only subjective measures of fatigue were used, further, this study was conducted
during a 21-day training camp where training load was not carefully controlled, which
might have resulted in the low correlations observed. It has been shown in Chapter 5 that
a standardised training session can be reliably used to induce a fatigue response, a more
valid methodology might therefore be to manipulate the load within the standardised
training session and assess the fatigue response of players following different magnitudes
of training load.

6.1.1 Study aims
This Chapter was completed in two parts; Part I aimed to examine the dose-response
relationship between different methods used to assess training load, specifically arbitrary
and individualised speed thresholds, and markers of fatigue following three different
standardised training sessions. Part II then aimed to examine the dose-response
relationship between the same training load measures and markers of fitness over a 6week in season training period.

6.2 Part I - Dose Response Relationship between Training Load and Fatigue
6.2.1 Methods
6.2.1.1 Study design
For this experimental research, a repeated measures randomised crossover design was
employed. Data were collected over a 3-week period, during an in-season competition
phase (September). Players’ training loads were manipulated, during a standardised
training session (see Section 3.4.4), on the same day each week (Tuesday) over a 3-week
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period, in a crossover design. The standardised training session was manipulated to elicit
a “moderate”, “high” and “very high” training load. In order to assess a fatigue response
morning ratings of subjective fatigue and muscle soreness, assessments of DJ-RSI
performance and a sub-maximal shuttle run test were completed 24 h pre and 24 h post
training each week. All testing sessions were conducted at the same time of day to
minimise possible effects of circadian variation. All players were familiarised with the
experimental procedures, which form part of their training and monitoring routinely.

6.2.1.2 Participants
Fourteen male youth football players (age: 17.0 ± 0.6 years, height: 178.7 ± 5.2, body
mass: 71.0 ± 5.0), competing in the Under-18 Premier League agreed to participate in the
present study. Participants were given full details of the study procedures and provided
personal, and when under 18 years of age, parental/guardian, written consent before
participation. Institutional ethical approval was gained prior to any study involvement
(HLSJF100616). Prior to inclusion in the study, all participants were deemed fit to
participate and free of illness or injury by the club’s medical staff.

6.2.1.3 Procedures
In order to assess training load via individualised speed thresholds, tests of MSS and MAS
were conducted at start of the testing period.

Maximum sprint speed and maximal aerobic speed
A 40 m sprint test was used to assess MSS as described in Chapter 3, Section 3.4.2.1. A
1500 m time trial was conducted to assess MAS as described in Chapter 3, Section 3.4.2.2.
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Reliability data for MSS and MAS is displayed in Chapter 6.1, Section 6.1.3.2 and Table
6.2.

Standardised training session
An overview of the standardised training session can be found in Chapter 3, Section 3.4.4.
For the present study, all players completed the same “core” standardised training session
on each of the three occasions. To elicit a “moderate” training load players only
completed the “core” training. For the “high” and “very high” sessions additional running
was conducted (15 s at 120% MAS, 15 s passive recovery), for the “high” session players
completed one set of eight runs and for the “very high” session players complete 2 sets
of eight runs. This type of additional running was in line with the high intensity interval
training program conducted by Dupont et al. (2004). Players completed all three training
sessions, over a 3-week period in a randomised crossover design. A comparison of the
training loads elicited from the standardised training sessions can be seen in Figure 6.1.

Subjective wellness
Players’ subjective ratings of fatigue and muscle soreness were collected as described in
Chapter 3, Section 3.4.1.1. Reliability data is displayed in Table 6.1.

Jump performance
Jump performance was assessed via DJ-RSI. Data were collected as described in Chapter
3, Section 3.4.1.2. Reliability data is displayed in Chapter 4, Section 4.3.2 and Table 4.3.
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Sub-maximal shuttle run
A sub-maximal shuttle run was conducted as described in Chapter 3, Section 3.4.1.3.
Based on their test re-test reliability and sensitivity to fatigue PLML and %PLV were the
variables used in this study. Reliability data is displayed in Chapter 4, Section 4.3.3 and
Table 4.4.

Training load
Training load was monitored throughout the study in accordance with the description in
Chapter 3, Section 3.4.3. External training load variables collected were; TD, AD Load,
metres and time covered above HSR (m>HSR, t>HSR), metres and time covered above
very high speed running (VHSR) (m>VHSR, t>VHSR), metres and time covered above
MAS (m>MAS, t>MAS) and metres and time covered above 30% ASR (m>30ASR,
t>30ASR). Precision of the GPS signal throughout the study was; #sats = 12.9 ± 0.8;
HDOP = 0.83 ± 0.14. To assess internal training load HRE and sRPE were also collected
throughout the study as described in Chapter 3, Sections 3.4.3.2 and 3.4.3.3.
6.2.1.4 Statistical analysis
Visual inspection of histograms and Q–Q plots of raw data indicated no violation of
normality assumptions. Raw data are therefore presented as the mean ± SD. Differences
in training load across each of the three training sessions were compared via standardised
changes in the mean (ES) using a custom spreadsheet (Hopkins, 2017). The following
criteria were adopted to interpret the magnitude of change; >0.2–0.6, small; >0.6–1.2,
moderate; >1.2–2, large; >2, very large (Hopkins et al., 2009). The magnitude of change
was classified as a substantial increase or substantial decrease when there was a 75% or
greater likelihood of the effect being equal to or greater than the ES ± 0.2 (small). Changes
were classified as unclear when there was a 5% or greater likelihood of the effect being
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both positive and negative (Hopkins et al., 2009). Multicollinearity between training load
measures was also assess via a Pearson’s correlation coefficient matrix.
To understand the strength and direction of the dose-response relationship between
training load and changes in fatigue measures, a univariate general linear model was used
to calculate within subject correlation coefficients (r), with MBIs subsequently applied.
The following criteria were adopted to interpret the magnitude of the relationship; 0.00.1 trivial; >0.1-0.3 small; >0.3-0.5 moderate; >0.5-0.7 large; >0.7-0.9 very large; >0.90.99 nearly perfect; 1.00 perfect (Hopkins et al., 2009). Where the 90% confidence
interval overlapped both the positive and negative threshold by ≥5% the relationship was
deemed unclear (Hopkins et al., 2009).
Linear mixed models were used to calculate the intercept and slope of each within subject
relationship. Additionally, the minimum change in training load required to elicit the
MDC in fatigue response was calculated by rearranging the regression equation:
Training load to elicit MDC = MDC – Intercept / Slope

6.2.2 Results
Mean group differences across the “moderate”, “high” and “very high” training sessions
were found to be substantial for every training load variable, indicating that the
standardised training sessions were successful in manipulating training demands. Visual
representation of training loads for TD, m>VHSR, t>MAS and sRPE is shown in Figure
6.1.
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Figure 6.1. Box and whisker plots with median values, interquartile ranges and
minimum and maximum values for TD, m>VHSR, t>MAS and sRPE across the three
training sessions. + within each box plot represents the mean value.

Changes in subjective fatigue displayed moderate to very large relationships with all
training load measures. Within subject correlations are displayed in Table 6.2. Linear
mixed model variables such as intercept and slope are also shown in Table 6.2, along with
the load required for each variable to elicit the MDC in subjective fatigue (10.6%). An
example of the within subject relationship between t>MAS and % change in subjective
fatigue is shown in Figure 6.2.
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Table 6.2. Relationships between training load measures and percentage changes in subjective fatigue.
TD
(m)

AD Load
(m)

m>HSR
(m)

t>HSR
(min)

m>VHSR
(m)

t>VHSR
(min)

m>MAS
(m)

t>MAS
(min)

m>30ASR
(m)

t>30ASR
(min)

HRE
(AU)

sRPE
(AU)

-0.65

-0.51

-0.69

-0.69

-0.71

-0.71

-0.70

-0.70

-0.74

-0.74

-0.34

-0.64

-0.43, -0.80

-0.23, -0.71

-0.47, -0.82

-0.48, -0.83

-0.51, -0.84

-0.51, -0.84

-0.50, -0.83

-0.49, -0.83

-0.55, -0.86

-0.56, -0.86

-0.03, -0.60

-0.41, -0.80

MBI

Likely
Large

Possibly
Large

Likely
Large

Likely
Large

Possibly
Very Large

Possibly
Very Large

Possibly
Very Large

Possibly
Very Large

Possibly
Very Large

Possibly
Very Large

Possibly
Moderate

Likely
Large

Intercept (%)

56.1

36.2

-1.4

-1.0

-7.2

-7.4

-1.3

-1.2

-6.0

-6.3

-19.8

10.6

Slope (%)

-0.99

-13.88

-1.53

-5.32

-2.26

-8.60

-1.55

-5.39

-3.36

-12.75

-0.00

-0.04

TL to elicit
MDC

6773

338

697

2.0

470

1.2

686

2.0

316

0.8

4916

523

R
90% CI

Data displayed is the within subject correlation coefficients (r) with 90% confidence intervals (CI) and magnitude based inference (MBI). Linear mixed model intercept and slope
data are presented along with the training load (TL) required to elicit the minimum detectible change (MDC) in subjective fatigue (10.6%).
Abbreviations: TD; total distance, AD Load; acceleration and deceleration distance >2m.s-2, m>HSR; high speed running distance > 17 km.h-1, t>HSR; high speed running time >
17 km.h-1, m>VHSR; very high speed running distance > 21 km.h-1, t>VHSR; very high speed running time > 21 km.h-1, m>MAS; distance > MAS km.h-1, t>MAS; time > MAS
km.h-1, m>30ASR; distance > 30% ASR km.h-1, t>30ASR; time > 30% ASR km.h-1, HRE; heart rate exertion, sRPE; session rating of perceived exertion.
Note: Slope (%) for distance variables is per 100m

Page | 106

Figure 6.2. Within subjective correlation between t>MAS (min) and percentage change
in subjective fatigue. Grey lines represent each individual’s relationship and the black
line represents the “mean” within subject relationship.

Changes in subjective soreness displayed moderate to large relationships with all training
load measures. Within subject correlations are displayed in Table 6.3. Linear mixed
model variables such as intercept and slope are also shown in Table 6.3, along with the
load required for each variable to elicit the MDC in subjective soreness (8.5%).
Changes in DJ-RSI displayed large relationships with all training load measures. Within
subject correlations are displayed in Table 6.4. Linear mixed model variables such as
intercept and slope are also shown in Table 6.4, along with the load required for each
variable to elicit the MDC in DJ-RSI (10.9%). An example of the within subject
relationship between t>MAS and % change in DJ-RSI is shown in Figure 6.3.
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Figure 6.3. Within subjective correlation between t>MAS (min) and percentage change
in DJ-RSI. Grey lines represent each individual’s relationship and the black line
represents the “mean” within subject relationship.

Changes in PLML displayed a small relationship with training load measures; m>HSR,
t>HSR, m>MAS, t>MAS, m>30ASR and t>30ASR. All other training load measures
showed an unclear relationship. Within subject correlations are displayed in Table 6.5.
Linear mixed model variables such as intercept and slope are also shown in Table 6.5,
along with the load required for each variable to elicit the MDC in PLML (7.5%).
Changes in %PLV displayed small to moderate relationships with all training load
measures. Within subject correlations are displayed in Table 6.6. Linear mixed model
variables such as intercept and slope are also shown in Table 6.6, along with the load
required for each variable to elicit the MDC in %PLV (3.9%).
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Table 6.3. Relationships between training load measures and percentage changes in subjective soreness.
TD
(m)

AD Load
(m)

m>HSR
(m)

t>HSR
(min)

m>VHSR
(m)

t>VHSR
(min)

m>MAS
(m)

t>MAS
(min)

m>30ASR
(m)

t>30ASR
(min)

HRE
(AU)

sRPE
(AU)

-0.60

-0.37

-0.61

-0.62

-0.56

-0.56

-0.63

-0.63

-0.56

-0.56

-0.30

-0.61

-0.36, -0.77

-0.06, -0.61

-0.36, -0.78

-0.38, -0.78

-0.29, -0.74

-0.29, -0.74

-0.39, -0.79

-0.39, -0.79

-0.29, -0.74

-0.3, -0.75

0.01, -0.57

-0.36, -0.78

MBI

Likely
Large

Possibly
Moderate

Likely
Large

Likely
Large

Possibly
Large

Possibly
Large

Likely
Large

Likely
Large

Possibly
Large

Possibly
Large

Possibly
Moderate

Likely
Large

Intercept (%)

62.8

12.2

0.4

0.2

-5.7

-5.9

-0.1

-1.2

-7.5

-8.0

30.8

10.9

Slope (%)

-1.07

-7.72

-1.61

-5.54

-2.45

-9.31

-1.62

-5.32

-2.88

-10.85

-0.21

-0.04

TL to elicit
MDC

6696

268.0

552

1.6

348

0.9

527

1.6

296

0.8

191

478

R
90% CI

Data displayed is the within subject correlation coefficients (r) with 90% confidence intervals (CI) and magnitude based inference (MBI). Linear mixed model intercept and slope
data are presented along with the training load (TL) required to elicit the minimum detectible change (MDC) in subjective soreness (8.5%).
Abbreviations: TD; total distance, AD Load; acceleration and deceleration distance >2m.s-2, m>HSR; high speed running distance > 17 km.h-1, t>HSR; high speed running time >
17 km.h-1, m>VHSR; very high speed running distance > 21 km.h-1, t>VHSR; very high speed running time > 21 km.h-1, m>MAS; distance > MAS km.h-1, t>MAS; time > MAS
km.h-1, m>30ASR; distance > 30% ASR km.h-1, t>30ASR; time > 30% ASR km.h-1, HRE; heart rate exertion, sRPE; session rating of perceived exertion.
Note: Slope (%) for distance variables is per 100m
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Table 6.4. Relationships between training load measures and percentage changes in drop jump reactive strength index (DJ-RSI).
TD
(m)

AD Load
(m)

m>HSR
(m)

t>HSR
(min)

m>VHSR
(m)

t>VHSR
(min)

m>MAS
(m)

t>MAS
(min)

m>30ASR
(m)

t>30ASR
(min)

HRE
(AU)

sRPE
(AU)

-0.61

-0.58

-0.68

-0.67

-0.67

-0.68

-0.67

-0.67

-0.50

-0.50

-0.52

-0.66

-0.36, -0.78

-0.33, -0.76

-0.46, -0.82

-0.45, -0.82

-0.45, -0.81

-0.46, -0.82

-0.44, -0.81

-0.44, -0.81

-0.22, -0.71

-0.22, -0.71

-0.24, -0.72

-0.43, -0.81

MBI

Likely
Large

Possibly
Large

Likely
Large

Likely
Large

Likely
Large

Likely
Large

Likely
Large

Likely
Large

Possibly
Large

Possibly
Large

Possibly
Large

Likely
Large

Intercept (%)

34.5

20.8

9.4

9.7

6.0

6.0

9.6

10.0

3.8

3.0

51.3

19.5

Slope (%)

-0.49

-5.59

-0.97

-3.45

-1.44

-5.58

-1.03

-3.72

-1.65

-5.48

-0.22

-0.03

TL to elicit
MDC

9298

567.9

2104

6.0

1182

3.0

1994

5.6

895

2.5

285

1023

R
90% CI

Data displayed is the within subject correlation coefficients (r) with 90% confidence intervals (CI) and magnitude based inference (MBI). Linear mixed model intercept and slope
data are presented along with the training load (TL) required to elicit the minimum detectible change (MDC) in DJ-RSI (10.9%).
Abbreviations: TD; total distance, AD Load; acceleration and deceleration distance >2m.s-2, m>HSR; high speed running distance > 17 km.h-1, t>HSR; high speed running time >
17 km.h-1, m>VHSR; very high speed running distance > 21 km.h-1, t>VHSR; very high speed running time > 21 km.h-1, m>MAS; distance > MAS km.h-1, t>MAS; time > MAS
km.h-1, m>30ASR; distance > 30% ASR km.h-1, t>30ASR; time > 30% ASR km.h-1, HRE; heart rate exertion, sRPE; session rating of perceived exertion.
Note: Slope (%) for distance variables is per 100m
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Table 6.5. Relationships between training load measures and percentage changes in PlayerLoad™ mediolateral (PLML).
TD
(m)

AD Load
(m)

m>HSR
(m)

t>HSR
(min)

m>VHSR
(m)

t>VHSR
(min)

m>MAS
(m)

t>MAS
(min)

m>30ASR
(m)

t>30ASR
(min)

HRE
(AU)

sRPE
(AU)

-0.22

-0.13

-0.24

-0.24

-0.22

-0.22

-0.24

-0.25

-0.23

-0.24

0.23

-0.21

0.10, -0.50

0.20, -0.43

0.08, -0.52

0.08, -0.52

0.11, -0.50

0.10, -0.50

0.08, -0.52

0.08, -0.52

0.09, -0.51

0.09, -0.52

-0.09, 0.51

0.12, -0.49

Unclear

Unclear

Likely
Small

Likely
Small

Unclear

Unclear

Likely
Small

Likely
Small

Likely
Small

Likely
Small

Unclear

Unclear

0.9

1.6

1.2

1.4

-1.0

-0.9

Slope (%)

-0.30

-1.23

-0.34

-1.23

-0.40

-1.65

TL to elicit
MDC

2783

7.4

2566

7.2

1895

4.6

R
90% CI
MBI
Intercept (%)

Data displayed is the within subject correlation coefficients (r) with 90% confidence intervals (CI) and magnitude based inference (MBI). Linear mixed model intercept and slope
data are presented along with the training load (TL) required to elicit the minimum detectible change (MDC) in PL ML (7.5%).
Abbreviations: TD; total distance, AD Load; acceleration and deceleration distance >2m.s-2, m>HSR; high speed running distance > 17 km.h-1, t>HSR; high speed running time >
17 km.h-1, m>VHSR; very high speed running distance > 21 km.h-1, t>VHSR; very high speed running time > 21 km.h-1, m>MAS; distance > MAS km.h-1, t>MAS; time > MAS
km.h-1, m>30ASR; distance > 30% ASR km.h-1, t>30ASR; time > 30% ASR km.h-1, HRE; heart rate exertion, sRPE; session rating of perceived exertion.
Note: Slope (%) for distance variables is per 100m
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Table 6.6. Relationships between training load measures and percentage changes in the percentage contribution of PlayerLoad™ vertical (%PLV).
TD
(m)

AD Load
(m)

m>HSR
(m)

t>HSR
(min)

m>VHSR
(m)

t>VHSR
(min)

m>MAS
(m)

t>MAS
(min)

m>30ASR
(m)

t>30ASR
(min)

HRE
(AU)

sRPE
(AU)

-0.41

-0.49

-0.43

-0.43

-0.45

-0.45

-0.44

-0.44

-0.27

-0.27

-0.38

-0.22

90% CI

-0.10, -0.64

-0.21, -0.70

-0.13, -0.66

-0.12, -0.65

-0.15, -0.67

-0.15, -0.67

-0.14, -0.66

-0.14, -0.66

0.05, -0.54

0.05, -0.54

-0.08, -0.63

-0.10, -0.51

MBI

Possibly
Moderate

Likely
Moderate

Likely
Moderate

Likely
Moderate

Likely
Moderate

Likely
Moderate

Likely
Moderate

Likely
Moderate

Likely
Small

Likely
Small

Possibly
Moderate

Possibly
Small

8.0

5.8

1.9

2.0

1.5

1.5

1.9

1.9

1.0

1.0

3.2

1.8

-0.10

-1.42

-0.16

-0.57

-0.27

-1.01

-0.16

-0.55

-0.26

-0.96

-0.01

0.00

11484

683

3658

10.4

1479

3.9

3699

10.7

1549

4.1

513

2340

R

Intercept (%)
Slope (%)
TL to
MDC

elicit

Data displayed is the within subject correlation coefficients (r) with 90% confidence intervals (CI) and magnitude based inference (MBI). Linear mixed model intercept and slope
data are presented along with the training load (TL) required to elicit the minimum detectible change (MDC) in %PLV (3.9%).
Abbreviations: TD; total distance, AD Load; acceleration and deceleration distance >2m.s-2, m>HSR; high speed running distance > 17 km.h-1, t>HSR; high speed running time >
17 km.h-1, m>VHSR; very high speed running distance > 21 km.h-1, t>VHSR; very high speed running time > 21 km.h-1, m>MAS; distance > MAS km.h-1, t>MAS; time > MAS
km.h-1, m>30ASR; distance > 30% ASR km.h-1, t>30ASR; time > 30% ASR km.h-1, HRE; heart rate exertion, sRPE; session rating of perceived exertion.
Note: Slope (%) for distance variables is per 100m
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6.3 Part II – Dose Response Relationship between Training Load and Fitness
6.3.1 Methods
6.3.1.1 Study design
For this observational research, data were collected over a 6-week period, during an inseason competition phase (August-September). Throughout this period players took part
in normal team training as prescribed by club coaching staff. This included 6 competitive
matches, 23 training sessions, and 13 rest days. No structured conditioning was conducted
throughout this study. Physical assessments of MAS and MSS were completed at the start
and the end of the 6-week period, with training and match load monitored throughout.

6.3.1.2 Participants
Fourteen male youth football players (age: 17.1 ± 0.5 years, height: 178.3 ± 4.6 cm, body
mass: 70.9 ± 5.8 kg) (defenders = 5, midfielders = 6, forwards = 3), competing in the
English Under-18 Premier League agreed to participate in the study. Participants were
given full details of the study procedures and provided personal, and when under 18,
parental/guardian, written consent before participation. Institutional ethical approval was
gained prior to any study involvement (HLSJF200117). Prior to inclusion in the study, all
participants were deemed fit to participate and free of illness or injury by the football
club’s medical staff.

6.3.1.3 Procedures
In order to assess training load via individualised speed thresholds tests for MSS and
MAS were conducted at the start of the testing period. These measures were also assessed
at the end of the 6-week study period and used as physical performance measures.
Page | 113

Maximum sprint speed and maximal aerobic speed
A 40 m sprint test was used to assess MSS as described in Chapter 3, Section 3.4.2.1. A
1500 m time trial was conducted to assess MAS as described in Chapter 3, Section 3.4.2.2.
Reliability data for MSS and MAS is displayed in Chapter 4, Section 4.3.4 and Table 4.4.

Training load
Training load was monitored throughout the study in accordance with the description in
Chapter 3, Section 3.4.3. The same internal and external load variables were assessed as
in Part I. Precision of the GPS signal throughout the study was #sats: 12.4 ± 0.5; HDOP:
0.81 ± 0.10.

6.3.1.4 Statistical analysis
Visual inspection of histograms and Q–Q plots of raw data indicated no violation of
normality assumptions. Raw data are therefore presented as the mean ± SD. Pre-and postmeasures of MAS and MSS were compared via standardised changes in the mean (ES)
using a custom spreadsheet (Hopkins, 2017). The following criteria were adopted to
interpret the magnitude of change; >0.2–0.6, small; >0.6–1.2, moderate; >1.2–2, large;
>2, very large (Hopkins et al., 2009). The magnitude of change was classified as a
substantial increase or substantial decrease when there was a 75% or greater likelihood
of the effect being equal to or greater than the ES ± 0.2 (small). Changes were classified
as unclear when there was a 5% or greater likelihood of the effect being both positive and
negative (Hopkins et al., 2009).
To understand the strength and direction of the dose-response relationship between the
mean weekly training load and changes in fitness, Pearson’s product moment correlation
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coefficients (r) were calculated. The following criteria were adopted to interpret the
magnitude of the relationship; 0.0-0.1 trivial; >0.1-0.3 small; >0.3-0.5 moderate; >0.50.7 large; >0.7-0.9 very large; >0.9-0.99 nearly perfect; 1.00 perfect (Hopkins et al.,
2009). Where the 90% confidence interval overlapped both the positive and negative
threshold by ≥5% the relationship was deemed unclear (Hopkins et al., 2009).
Linear regression analysis was conducted following visual inspection of all relationships
to identify a linear or curvilinear relationship. To determine the level of variance in the
dependent variable explained by training load the coefficient of determination (R2) was
calculated, along with the intercept and slope of each relationship, via linear regression
analysis. To understand the error associated with each does-response relationship the
standard error of prediction (SEP) was calculated (Weir, 2005). Additionally, the
minimum change in training load required to elicit the MDC in fitness was calculated for
each relationship by rearranging the regression equation:
Training load to elicit MDC = MDC – Intercept / Slope

6.3.2 Results
A total of 387 training and match files were analysed for the 14 players during the 6-week
in-season training period, the mean number of sessions per player was 29 (range: 24 –
29). A description of training loads over the 6-week period are shown in Table 6.7. Mean
± SD weekly and daily t>MAS during the training period are displayed in Figure 6.4.
The mean change in MAS over the training period was 0.11 ± 0.12 km.h-1 from 17.04 to
17.15 km.h-1 (ES = 0.15 ± 0.17, 69% possibly trivial) and the mean change for MSS was
0.27 ± 0.20 km.h-1 from 31.71 to 31.98 km.h-1 (ES = 0.16, 74% possibly trivial).
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Table 6.7. Description of weekly training loads throughout the 6-week training period.
Training Load Measure

Weekly Mean ± SD

TD (m)

29,324 ± 4037

AD Load (m)

1477 ± 254

m>HSR (m)

2613 ± 576

t>HSR (min)

7.70 ± 1.66

m>MAS (m)

2512 ± 507

t>MAS (min)

7.41 ± 1.72

m>VHSR (m)

940 ± 242

t>VHSR (min)

2.35 ± 0.58

m>30ASR (m)

770 ± 176

t>30ASR (min)

1.95 ± 0.48

HRE (au)

957 ± 107

sRPE (au)

2091 ± 380

Note: TD: total distance, AD Load: acceleration and deceleration load, HSR: high speed
running, MAS: maximal aerobic speed, VHSR: very high speed running, ASR: anaerobic
speed reserve, HRE: heart rate exertion, sRPE: session rating of perceived exertion.
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A

B

Figure 6.4. Box and whisker plots with median values, interquartile ranges and
minimum and maximum values for weekly (A) and daily (B) time spent above maximal
aerobic speed (t>MAS) during the 6-week in-season training period.
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A very large linear relationship was found between t>MAS and changes in MAS (r = 0.77
[90% CI 0.48 to 0.91], R2 = 0.59) (Figure 6.5). Also, large relationships were found
between t>30ASR (r = 0.62 [90% CI 0.22 to 0.84], R2 = 0.38), m>MAS (r = 0.50 [90%
CI 0.06 to 0.78], R2 = 0.25) and changes in MAS. Relationships between all other mean
weekly arbitrary and individualised training load measures and changes in fitness
parameters were found to be unclear (Tables 6.8 and 6.9).
Other external load measures, TD (r = 0.26 [90% CI -0.23 to 0.64]) and AD Load (r =
0.20 [90% CI -0.29 to 0.60]) displayed unclear relationships with changes in MAS.
Similarly, internal load measures, HRE (r = -0.21 [90% CI -0.61 to 0.28]) and sRPE (r =
0.22 [90% CI -0.26 to 0.62]) were also unclear. In contrast, relationships with changes in
MSS were identified for TD (r = 0.46 [90% CI 0.00 to 0.76] possibly moderate, R2 =
0.21), AD Load (r = 0.57 [90% CI 0.15 to 0.81] possibly large, R2 = 0.32) and HRE (r =
0.40 [90% CI -0.07 to 0.73] possibly moderate, R2 = 0.16). However, sRPE (r = 0.37
[90% CI -0.11 to 0.71]) displayed an unclear relationship with changes in MSS.

Figure 6.5. Linear relationship between mean weekly time spent above maximal
aerobic speed (t > MAS) and percentage change in MAS during the 6-week in-season
training period. Intercept = −4.41%, slope = 0.68%, and SEP = 1.02%.
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Table 6.8. Relationships between mean weekly training load measures and percentage changes in maximal aerobic speed (MAS).
TD
(m)

AD Load
(m)

m>HSR
(m)

t>HSR
(min)

m>VHSR
(m)

t>VHSR
(min)

m>MAS
(m)

t>MAS
(min)

m>30ASR
(m)

t>30ASR
(min)

HRE
(AU)

sRPE
(AU)

0.26

0.20

0.22

0.37

-0.07

0.05

0.50 *

0.77 *

0.20

0.62 *

-0.21

0.22

-0.23, 0.64

-0.29, 0.60

-0.27, 0.62

-0.10, 0.71

-0.51, 0.40

-0.42, 0.50

0.06, 0.78

0.48, 0.91

-0.28, 0.61

0.22, 0.84

-0.61, 0.28

-0.26, 0.62

Unclear

Unclear

Unclear

Unclear

Unclear

Unclear

Possibly
Large

Possibly
Very Large

Unclear

Possibly
Large

Unclear

Unclear

Intercept (%)

-3.17

-4.41

-3.16

Slope (%)

1.52

0.68

1.96

SEP (%)

1.37

1.02

1.25

TL to elicit
MDC

3057

8.6

2.4

R
90% CI
MBI

Data are presented as Pearson’s correlation coefficients (r) with 90% confidence intervals (CI) and magnitude based inference (MBI). Linear regression intercept, slope and standard
error of prediction (SEP). Also displayed is the minimum training load (TL) required to elicit the MDC in MAS (1.5%).
Abbreviations: TD; total distance, AD Load; acceleration and deceleration distance >2m.s-2, m>HSR; high speed running distance > 17 km.h-1, t>HSR; high speed running time >
17 km.h-1, m>VHSR; very high speed running distance > 21 km.h-1, t>VHSR; very high speed running time > 21 km.h-1, m>MAS; distance > MAS km.h-1, t>MAS; time > MAS
km.h-1, m>30ASR; distance > 30% ASR km.h-1, t>30ASR; time > 30% ASR km.h-1, HRE; heart rate exertion, sRPE; session rating of perceived exertion.
Note: Slope (%) for distance variables is per 1000m
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Table 6.9. Relationships between mean weekly training load measures and percentage changes in maximum sprint speed (MSS).
TD
(m)

AD Load
(m)

m>HSR
(m)

t>HSR
(min)

m>VHSR
(m)

t>VHSR
(min)

m>MAS
(m)

t>MAS
(min)

m>30ASR
(m)

t>30ASR
(min)

HRE
(AU)

sRPE
(AU)

0.46 *

0.57 *

0.32

0.34

0.25

0.27

0.30

0.21

-0.09

-0.15

0.40 *

0.37

90% CI

0.00, 0.76

0.15, 0.81

-0.17, 0.68

-0.15, 0.69

-0.24, 0.64

-0.22, 0.65

-0.18, 0.67

-0.28, 0.61

-0.53, 0.39

-0.57, 0.33

-0.07, 0.73

-0.11, 0.71

MBI

Possibly
Moderate

Possibly
Large

Unclear

Unclear

Unclear

Unclear

Unclear

Unclear

Unclear

Unclear

Possibly
Moderate

Unclear

Intercept (%)

-3.68

-3.64

-4.07

Slope (%)

0.15

3.01

0.01

SEP (%)

1.25

1.16

1.28

37283

1882

1195

R

TL to elicit
MDC

Data are presented as Pearson’s product moment correlation coefficients (r) with 90% confidence intervals (CI) and magnitude based inference (MBI). Linear regression intercept,
slope and standard error of prediction (SEP). Also displayed is the minimum training load (TL) required to elicit the MDC in MSS (2.0%).
Abbreviations: TD; total distance, AD Load; acceleration and deceleration distance >2m.s-2, m>HSR; high speed running distance > 17 km.h-1, t>HSR; high speed running time >
17 km.h-1, m>VHSR; very high speed running distance > 21 km.h-1, t>VHSR; very high speed running time > 21 km.h-1, m>MAS; distance > MAS km.h-1, t>MAS; time > MAS
km.h-1, m>30ASR; distance > 30% ASR km.h-1, t>30ASR; time > 30% ASR km.h-1, HRE; heart rate exertion, sRPE; session rating of perceived exertion.
Note: Slope (%) for distance variables is per 1000m
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6.4 Discussion
The aim of this chapter was to examine the dose-response relationship between various
training load measures, markers of fatigue and assessments of fitness in elite youth
football players. Part I looked at the relationship between training load and fatigue. The
key findings suggest there is a large to very large dose-response relationship between
training load and DJ-RSI, subjective fatigue and muscle soreness. Furthermore, some
small to moderate relationships were evident between training load and accelerometer
measures; PLML %PLV. Part II looked at the relationship between training load and
fitness. Finding that training load measures utilising individualised speed thresholds,
specifically t>MAS, demonstrated a very large relationship with changes in aerobic
fitness. When the key findings from both studies are evaluated concurrently, t>MAS
appears to be an important training load measure that can demonstrate a strong doseresponse relationship with both fatigue and fitness.
This is the first investigation to assess the relationships between various measures of
training load and changes in fitness and fatigue. It has previously been shown that using
individualised thresholds could better represent the true physiological demands of
football training and match play (Abt and Lovell, 2009, Hunter et al., 2015). However,
linking these individualised measures to specific training outcomes, such as
improvements in aerobic fitness and training induced fatigue have not previously been
researched. The two studies in this chapter found that using an individualised method on
monitoring training, based on the time spent above an individual’s MAS, has the strongest
relationship with both changes in aerobic fitness and training induced fatigue. Evidenced
via decrements in DJ-RSI performance, altered movement strategy during a sub-maximal
shuttle run and perceptions of fatigue and muscle soreness. This adds important
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information to the current body of evidence on evaluating training loads, allowing
practitioners to clearly understand various physical outcomes from a given training load.
It has been shown that HSR (>19.8 km.h-1) is one of the most commonly used measures
of training load in elite football (Akenhead and Nassis, 2016). This chapter has
demonstrated that although arbitrary thresholds of 17.0 km.h-1 (HSR) and 21.0 km.h-1
(VHSR) presented some large to very large correlations with measures of fatigue (Tables
6.2-6.4), unclear correlations were found with changes in fitness parameters (Tables 6.76.8). This challenges the usefulness of arbitrary measures for assessing training load.
Additionally, as the dose-response relationship between HSR, VHSR and measures of
fitness is unclear, it is very difficult for practitioners to make informed decisions about
the desired training outcomes based on arbitrary speed thresholds, which could lead to
over/under-training, injury or illness.
Part I has built upon the limited research examining the dose-response relationship
between training load and fatigue in football players (Thorpe et al., 2015, Scott and
Lovell, 2017). Both of these studies found a relationship with subjective markers of
fatigue, however, the relationship found in the present study is substantially stronger. This
might be down to methodological differences, as both studies assessed fatigue on a daily
basis within a short training period (17-21 days), with no control over the players training
and match schedule or other confounding variables such as gym training, diet or lifestyle.
Whereas, the present investigation, utilised a robust randomised crossover design, within
which players took part in three standardised training sessions that successfully managed
to elicit varying degrees of training load (Figure 6.1). The reproducibility of this
standardised training session, and the subsequent fatigue response had already been
established in Chapter 5. In this study, varying the volume and intensity of the
standardised session in a crossover design might have eradicated some of the confounding
Page | 122

variables seen in previous literature (Thorpe et al., 2015, Scott and Lovell, 2017),
resulting in a stronger, and more consistent dose-response relationship.
In Part I the fatigue experienced after training increased with an increase in training load.
The following tests were able to detect this; DJ-RSI, subjective fatigue and muscle
soreness, as seen by the large to very large dose-response relationships. However, along
with the strength of the relationship it is also important to assess the model parameters,
such as, the intercept, slope and the training load required to elicit the MDC in each
fatigue measure. This analysis provided a deeper insight into the data; for example, when
assessing the intercept of each relationship with t>MAS it can be seen that for DJ-RSI
this is +10.0%. This suggests that players need to have completed a certain amount of
training (2.7 minutes) before any negative responses in DJ-RSI are evident, and around
5.6 minutes is needed to be confident that a ‘real’ decrement in DJ-RSI performance has
taken place (MDC = -10.9%). In contrast, subjective measures of fatigue and muscle
soreness start to experience decrements when training load increases above zero
(intercept = -1.2%), with only 2.0 minutes t>MAS needed to elicit the MDC of -10.6% in
subjective fatigue. This could be an indication of the subjective nature of these measures,
as training load accumulates players perceive they have experienced some level of fatigue
or muscle soreness. However, a greater amount of training load is required to experience
‘real’ decrements in objective measures. These results highlight the differences between
objective and subjective markers of fatigue and that different underlying mechanisms
might be the cause of fatigue. This is in agreement with previous literature (Thorpe et al.,
2015). The study by Thorpe et al. (2015) found a large relationship between arbitrary
HSR and subjective fatigue. However, trivial to small relationships were found with
objective fatigue markers; CMJ height and HRV. A possible reason for this discrepancy
could be that training load was not substantial enough to induce a fatigue response in the
objective markers, which has been suggested in previous research (Thorpe et al., 2016).
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The findings from the present chapter would corroborate this suggestion, as substantially
more training load was required to induce a fatigue response in objective compared to
subjective measures. Further research is needed to understand the level of change in these
markers that is anchored to substantial changes in sports specific performance and/or
injury risk. This will add to a practitioners understanding of what a detectable change is
and what changes in fatigue measures are practically important.
A novel aspect of the present study was the inclusion of time spent above both arbitrary
and individualised speed thresholds. When analysing external training loads the most
commonly used measure is distance covered above a specific threshold, this is evident in
both research and practice (Malone et al., 2015a, Akenhead et al., 2016, Akenhead and
Nassis, 2016, Jones et al., 2017). Findings from this chapter suggest that time spent above
an individualised speed threshold might be a more robust measure of training load, given
the stronger associations between time variables compared to distance variables in Part II
of this chapter. This would be in line with research on endurance athletes where time
spent at or near V̇O2max is an important consideration when looking to improve aerobic
fitness (Billat et al., 1999). However, two review articles by Midgley et al. (2006, 2007)
have suggested that although previous research (Mikesell and Dudley, 1984, Billat et al.,
1999, Smith et al., 1999, Billat et al., 2002) supports the premise that high-intensity
training might be effective for enhancing V̇O2max, the efficacy of specific training
interventions needs to be established. They also state well controlled studies in which
interventions are compared with protocols involving different training intensities are
required. The differences between time spent and distance covered above MAS, observed
in the present study, might be a consequence of players running at higher speeds. This
will lead to a large number of metres covered in a small amount of time. Therefore if
t>MAS is the parameter practitioners are looking to target, running at the speed associated
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with MAS, could be a key factor when looking to improve aerobic fitness in football
players.
This two part study is the first to assess the dose-response relationship between training
load and both fitness and fatigue simultaneously. Part I showed that all training load
variables had strong relationships with DJ-RSI, %PLV and subjective wellness measures.
This might be to do with the high multicollinearity between training load variables (see
Appendix E). The high multicollinearity observed is possibly due to training being
assessed acutely over only three training sessions that were standardised to elicit certain
loads. Therefore, only very small between measure differences were seen in the training
load-fatigue relationship. However, when training was analysed longitudinally in Part II,
clear between measure differences were apparent. This indicates that differences between
arbitrary and individualised measures are not as substantial on a session to session basis.
However, when training is accumulated over a number of days and weeks these small
differences become magnified, and the dose-response relationship with fitness was
stronger for individualised measures. Therefore, as understanding the relationship with
both fitness and fatigue is the goal of a successful monitoring system, an individualised
approach, specifically the calculation of t>MAS should be of high importance to
practitioners.
This chapter has demonstrated that t>MAS has a strong relationship with both fitness and
fatigue measures. Although an accumulation of t>MAS on a weekly basis will improve
aerobic fitness, too much during a single training session will result in a large amount of
fatigue. This highlights the importance of careful planning of an athletes daily and weekly
training schedule. Given the mean weekly t>MAS of 7.4 minutes seen in Part II and the
trivial mean change in fitness, a greater t>MAS might be needed throughout the training
week if players are to improve their fitness. By using the linear regression model
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parameters displayed in Table 6.8 an estimated percentage change in aerobic fitness can
be obtained from a given mean weekly t>MAS. For example, 6.5 minutes per week over
a 6-week period would estimate a 0% change in fitness, which might be the target of an
in-season maintenance phase. However, it is important to appreciate the standard error of
prediction within each model, for t>MAS this is 1% (Table 6.8). This means 6.5 minutes
per week might result in a -1% to +1% change in aerobic fitness. If the desired outcome
is to improve fitness, a target that is greater than the MDC will be more appropriate.
Findings suggests 8.6 minutes per week would estimate an improvement of 1.5% ± 1.0%,
giving a range of 0.3% to 2.3% change in aerobic fitness. Contrary to this, 8.6 minutes
will result in a substantial amount of fatigue if not programmed in manageable doses
throughout the week. Given that players on average spend 2.3 minutes above MAS during
match play (Figure 6.4B) this leaves 6.3 minutes to be accumulated each week during
training. A recommendation might be to not complete more than 5 minutes t>MAS on a
given day unless it is followed by a ‘rest’ day, as around 5 minutes t>MAS is estimated
to result in a substantial decrement in DJ-RSI performance. In summary, this chapter has
demonstrated that t>MAS has a strong relationship with both changes in aerobic fitness
and changes in fatigue. It is therefore recommended that t>MAS is a key measure for
practitioners when monitoring players’ training and match load. However, careful
programming of this variable is required to improve fitness without accumulating
excessive levels of fatigue on a daily basis. The dose-response models documented within
this chapter can be used by practitioners to estimate both the fitness and fatigue response
from a given training load.
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6.4.1 Conclusion
This is the first series of investigations to examine the dose-response relationship between
a range of measures quantifying training load and changes in fitness and fatigue. Results
indicate individualising training load, specifically the measurement of time above MAS
has a very large relationship with both subjective fatigue and aerobic fitness. Other
measures such as TD covered and arbitrary HSR did show strong relationships with
certain fatigue measures, however, unclear relationships with aerobic fitness. The
practical applications discussed might help practitioners to effectively plan their training
programs based on the desired training outcome. Detailed recommendations have been
given, showing how linear regression and linear mixed model analysis can be used to
estimate both the fitness and fatigue response from a given training load and how these
relationships will need to be managed to improve fitness while minimising the
accumulation of fatigue.

6.5 Perspective
In Chapters 4 and 5 the reliability and sensitivity of markers of fatigue was established.
This highlighted DJ-RSI performance, accelerometer variables; PLML and %PLV and
subjective ratings of fatigue and muscle soreness, were reliable, sensitive and able to
detect a reproducible fatigue response following a standardised training session. Chapter
6 looked to build upon this and in Part I assessed the dose-response relationship between
these fatigue measures and a range of training load measures. Of special interest was the
difference between using arbitrary or individualised speed thresholds based on a players
MAS and MSS. Part II of this chapter examined the dose-response relationship between
the same measures of training load and measures of fitness. Concurrently, the results from
these two studies indicate that t>MAS is a key training load variable as it has a very strong
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relationship with both measures of aerobic fitness and measures of fatigue. Furthermore,
these two studies have built upon the knowledge gained in Chapter 5 to show DJ-RSI,
%PLV and subjective measures of fatigue and muscle soreness demonstrate a clear
response based on a players training load. New knowledge was further provided in Part
II, indicating t>MAS is strongly related to improvements in aerobic fitness. This was the
first piece of research to investigate the relationship between individualised speed
thresholds and measures of fitness in football players.
So far this thesis has established the dose-response relationship between training load,
fitness and fatigue. As a logical extension of this, Chapter 7 will look to validate these
findings by investigating the relationship between changes in aerobic fitness and the
fatigue response following a standardised training session.

For practitioner’s

improvements in fitness is often their primary goal. The information gained in Chapter 6
– Part II will be used to develop a novel MAS intervention that looks to improve aerobic
fitness by prescribing supplementary running that will increase weekly t>MAS.
Secondly, a standardised training session, similar to that used in Chapters 5 and 6, will be
completed pre and post intervention to assess a players training induced fatigue response.
Based on previous literature and the findings from this thesis it can be hypothesised that
improvements in aerobic fitness will be evident from the MAS intervention and this
improvement in aerobic fitness will attenuate the fatigue experienced post standardised
training session, which will have far reaching implications for practitioners working in
football.
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CHAPTER 7
7.0 RELATIONSHIP BETWEEN CHANGES IN
AEROBIC FITNESS AND A TRAINING INDUCED
FATIGUE RESPONSE IN ELITE YOUTH
FOOTBALL PLAYERS

Conference communications from this chapter:
Fitzpatrick, J. F., Musham, C., Hicks, K. M. and Hayes, P. (2019). Relationship between
changes in aerobic fitness and a training induced fatigue response in elite youth football
players. 24th annual Congress of the European College of Sport Science, Prague, Czech
Republic, 3rd – 6th July 2019.
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7.1 Introduction
In recent years the physical demands of elite level football have significantly increased,
with high speed running and sprinting increasing by up to 35% (Barnes et al., 2014). In
addition, the number of matches played throughout a season has also increased, with
players participating in up to 50 games over the course of a competitive season, some of
which might occur with limited recovery time (<72 h) (Carling et al., 2015). With the
demands of training and matches increasing and available recovery times decreasing
(Nédélec et al., 2012, Morgans et al., 2014), methods for reducing fatigue and/or
improving subsequent recovery are of paramount importance to elite football players.
The previous chapters in this thesis have established the relationship between training
load, fitness and fatigue. The findings indicate that the accumulated weekly time spent
above MAS is an important consideration when looking to improve aerobic fitness and
that this measure (t>MAS) can be used to accurately estimate the fitness response from a
given training load. Based on previous research it could be suggested that improvements
in aerobic fitness will enhance the ability to recover between repeated bouts of high
intensity exercise (Tomlin and Wenger, 2001). An increase in aerobic fitness could
therefore reduce the fatigue associated with football training and match play.
The attenuation of fatigue from an improvement in aerobic fitness likely comes from a
number of possible mechanisms, resulting in a reduced level of fatigue for a given training
load. Repeated bouts of high intensity activity within football results in decreased ATPPCr stores (Krustrup et al., 2006). If the high intensity bout exceeds more than a few
seconds anaerobic glycolysis will be required to provide energy (Gaitanos et al., 1993).
The metabolic consequences of increased anaerobic glycolysis are an increase in H+
concentration and decreased pH. This will adversely affect performance by disrupting
contractile processes (Sahlin, 1992), which results in an inability to maintain power
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output. The physiological adaptations that occur from aerobic training, such as, increased
concentrations of aerobic enzymes, increased mitochondrial density (Holloszy and Coyle,
1984) and increased myoglobin (Saltin and Rowell, 1980), all contribute to improved
oxygen diffusion by the working muscle. Aerobic training also results in increased muscle
blood flow, which is accomplished through elevated cardiac output (Ekblom and
Hermansen, 1968) and an increased capillarisation of muscle tissue (Saltin and Rowell,
1980). Together, these enhancements facilitate an increased V̇O2 during high intensity
exercise. Resulting in an ability to supply more energy through PCr re-synthesis and the
aerobic system, decreasing the reliance on anaerobic glycolysis (Tomlin and Wenger,
2001). Thus, stemming the rise in H+ and lowering of muscle pH during high intensity
exercise (Sahlin and Henriksson, 1984). Based on the physiological mechanisms
discussed it could be suggested that using the training load-fitness relationship established
in Chapter 6 to facilitate an improvement in aerobic fitness, will subsequently attenuate
the fatigue response from a given training load.
Studies investigating the relationship between aerobic fitness and fatigue have largely
focused on the acute effects of exercise and the immediate recovery in the seconds and/or
minutes after exercise. In contrast, few studies have established the time course of
recovery in the hours and days after exercise, something that is of high importance given
the increases in match frequency and limited recovery time between matches (Carling et
al., 2015). One such study (Johnston et al., 2015) examined the influence of physical
qualities, such as aerobic fitness and strength level, on markers of fatigue and muscle
damage in the 48 h following a rugby football league match. They showed that in rugby
league players, post-match decrements in CMJ peak power were lower in players with
greater aerobic fitness (Yo-Yo IR1). This suggests that enhanced aerobic qualities allow
faster recovery following intense intermittent exercise (McMahon and Wenger, 1998).
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Within the literature a number of methods have been employed when looking to improve
aerobic fitness in football players; long aerobic intervals (Helgerud et al., 2001), high
intensity intervals (Dupont et al., 2004, Buchheit and Laursen, 2013a, Buchheit and
Laursen, 2013b), RS training (Bravo et al., 2008, Taylor et al., 2015) and football specific
SSGs (Impellizzeri et al., 2006). A criticism of protocols such as Helgerud et al. (2001)
long aerobic interval (4 x 4 minutes at 90-95% HRmax) intervention is the time it takes to
complete. Although substantially shorter than continuous training, long aerobic intervals
still detract significant time from technical and/or tactical training and substantially
increase training volume. Chapter 6 has highlighted that weekly t>MAS is a key
determinant when aiming to improve aerobic fitness. A novel training intervention would
be to target a weekly t>MAS with a specific aerobic fitness improvement in mind, using
the following equation:
Δ aerobic fitness (%) = 0.7 * weekly t>MAS - 4.4
Supplementary training, such as 30s at MAS – 30s passive rest (30:30), adapted from the
protocol extensively used by Billat et al. (1999, 2000, 2001), has been shown to increase
the time athletes can spend around V̇O2max. This prolonged exposure to high intensity
activity is likely to result in physiological adaptions, both centrally, via increased left
ventricle size and wall thickness, and peripherally, via increased mitochondria size and
volume plus increased skeletal muscle capillarisation. These changes in structure will
result in increased stroke volume and subsequent cardiac output, also an increased
maximal arterial-mixed venous oxygen difference, which are important determinants of
V̇O2max (Midgley et al., 2006). This 30:30 protocol could easily be programmed alongside
generic football training in order to increase the t>MAS experienced by players on a
weekly basis.
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7.1.1 Study aims
The aims of the present study were twofold. Firstly, to validate the concept of increasing
weekly t>MAS in order to facilitate an improvement in aerobic fitness. This study will
target a specific cumulative weekly time above MAS, based on the predicted
improvement in aerobic fitness. Secondly, this study investigated the effect that the
predicted improvements in aerobic fitness would have on the fatigue response, resulting
from a standardised training session.

7.2 Methods
7.2.1 Study design
For this experimental research, players were allocated to either a MAS group (n = 7) or a
RS group (n = 7) via stratified randomisation (Suresh, 2011) in order to balance the groups
based on baseline aerobic fitness, measured via a 1500 m time trial. A RS intervention
was selected as a positive control, due to its established effect on aerobic fitness (Taylor
et al., 2015). A traditional control group would not have been feasible given the elite
standard of the participants used, it would not have been ethical to provide some players
with an intervention and others not. All players completed a testing battery to assess
MAS, MSS and post training fatigue response, following a standardised training session
prior to (week 1) and post (week 7) a 5-week intervention (weeks 2-6). Data were
collected over a 7-week period, during the late in-season competition phase (MarchMay).
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7.2.2 Participants
Fourteen male youth football players (age: 17.6 ± 0.6 years, stature: 179.4 ± 5.4 cm, body
mass: 72.5 ± 4.8) competing in the Under-18 Premier League agreed to participate in the
present study. Before inclusion, players were examined by the club medical staff and were
deemed to be free from illness and injury. Institutional ethics approval was granted prior
to the commencement of the study (HLSJF270217) and conformed to the declaration of
Helsinki. Informed consent was provided by all players and by their parents for players
under 18 years of age.

7.2.3 Procedures
7.2.3.1 Physical performance
In order to assess training load via individualised speed thresholds, tests for MSS and
MAS were conducted the start of the testing period. These measures were also assessed
at the end of the 5-week intervention period and used as physical performance measures.

Maximum sprint speed and maximal aerobic speed
A 40 m sprint test was used to assess MSS as described in Chapter 3, Section 3.4.2.1. A
1500 m time trial was conducted to assess MAS as described in Chapter 3, Section 3.4.2.2.
Reliability data for MSS and MAS is displayed in Chapter 4, Section 4.3.4 and Table 4.4.

7.2.3.2 Fatigue response
As part of the testing battery players fatigue response was assessed 24 h pre (baseline)
and 24 h post a standardised training session as used in Chapters 5 and 6. An overview of
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the standardised training session can be found in Chapter 3, Section 3.4.4. For the present
study, all players completed the same standardised training session pre (week 1) and post
(week 7) the 5-week training intervention. A comparison of the training loads elicited
from the standardised training sessions can be seen in Table 7.1. Based on their reliability,
sensitivity and ability to detect a reproducible fatigue response the following measures
were assessed; subjective fatigue and muscle soreness, DJ-RSI performance and
accelerometer variables; PLML and %PLV.

Subjective wellness
Players’ subjective ratings of fatigue and muscle soreness were collected as described in
Chapter 3, Section 3.4.1.1. Reliability data is displayed in Chapter 6, Table 6.1.

Jump performance
Jump performance was assessed via DJ-RSI. Data were collected as described in Chapter
3, Section 3.4.1.2. Reliability data is displayed in Chapter 4, Section 4.3.2 and Table 4.3.

Sub-maximal shuttle run
A sub-maximal shuttle run was conducted as described in Chapter 3, Section 3.4.1.3.
Based on their test re-test reliability and sensitivity to fatigue PLML and %PLV were the
variables used in this study. Reliability data is displayed in Chapter 4, Section 4.3.3 and
Table 4.4.
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7.2.3.3 Training intervention
As previously mentioned players were assigned to either a MAS or a RS intervention
group. During the intervention all players completed the same training and match
schedule, as prescribed by club coaches (4-5 training sessions per week and 1 competitive
match per week). On top of their typical training, players completed one supplementary
conditioning session per week depending on which group they were assigned to. Specifics
for each training intervention are detailed below.

Maximal aerobic speed intervention
The MAS intervention was based on the findings of Chapter 6 – Part II and aimed to
increase t>MAS to a level (13 minutes per week) that, based on the dose-response
relationship previously established, would estimate an increase in aerobic fitness of
approximately 4.7% or about three times the MDC in MAS. A graphical representation
of how this intervention was programmed to increase t>MAS is depicted in Figure 7.1.
Chapter 6 – Part II established a typical training week elicits around 7 minutes per week
t>MAS. The supplementary MAS intervention would therefore need to produce, on
average, an additional 6 minutes t>MAS in order to reach the target of 13 minutes per
week.
Slope * t>MAS + intercept = Δ aerobic fitness (%)
0.7 * 13.0 + (-4.4) = 4.7%
To achieve the additional mean weekly t>MAS of 6 minutes, the intervention was
programmed in a progressive manner, over a 5-week period (Figure 7.1). Adapted from
Billat et al. (2000) the intervention required players to perform a linear run at 110% of
their individual MAS for 30-seconds followed by 30-seconds of passive recovery, with 2
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minutes rest between sets. Players performed two sets of four repetitions, during the first
week of the intervention. In each subsequent week the number of repetitions per set
increased by one, resulting in the players completing two sets of eight repetitions in the
final week of the intervention.

Figure 7.1. Graphical representation of the targeted t>MAS for the MAS intervention
group. The dashed line represented the targeted mean weekly t>MAS of 13 minutes.

Repeated sprint intervention
The RS group performed 40 m maximum sprints at ∼1:9 work: rest ratio, which is in
accordance with previous research and has been shown to elicit improvements in aerobic
performance (Yo-Yo IR1: ES = 0.61) (Taylor et al., 2015). The sets and reps performed
each week by the RS group were matched to the MAS group by number and time.

7.2.3.4 Training load monitoring
Training load was monitored throughout the study in accordance with the description in
Chapter 3, Section 3.4.3. External training load variables collected in the present study
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were; TD, m>VHSR, m>SPR and t>MAS. Precision of the GPS signal throughout the
study was; #sats: 13.8 ± 0.7; HDOP: 0.76 ± 0.11.

7.2.4 Statistical analysis
Visual inspection of histograms and Q–Q plots of raw data indicated no violation of
normality assumptions. Raw data are therefore presented as the mean ± SD. Within and
between group changes in fitness and fatigue response were compared via standardised
changes in the mean (ES) using a custom spreadsheet (Hopkins, 2017). Uncertainty in
these estimates were expressed as 90% confidence intervals (CI). The following criteria
were adopted to interpret the magnitude of change; >0.2–0.6, small; >0.6–1.2, moderate;
>1.2–2, large; >2, very large (Hopkins et al., 2009). The chances of a clear effect being
at least the observed magnitude or trivial was interpreted using the following scale of
probabilistic terms: < 0.5% most unlikely; 0.5–5% very unlikely; 5–24.9% unlikely; 25–
74.9% possibly; 75–94.9% likely; 95–99.4% very likely; ≥ 99.5% most likely (Batterham
and Hopkins, 2006). The magnitude of change was classified as a substantial increase or
substantial decrease when there was a 75% or greater likelihood of the effect being equal
to or greater than the ES ± 0.2 (small). Changes were classified as unclear when there was
a 5% or greater likelihood of the effect being both positive and negative (Hopkins et al.,
2009).
To understand the strength and direction of the relationship between the changes in fitness
and changes in fatigue response, Pearson’s product moment correlation coefficients (r)
were calculated. The following criteria were adopted to interpret the magnitude of the
relationship; 0.0-0.1 trivial; >0.1-0.3 small; >0.3-0.5 moderate; >0.5-0.7 large; >0.7-0.9
very large; >0.9-0.99 nearly perfect; 1.00 perfect (Hopkins et al., 2009). Where the 90%
confidence interval overlapped both the positive and negative threshold by ≥5% the
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relationship was deemed unclear (Hopkins et al., 2009). Probabilistic inference was
interpreted as stated above. If a relationship was classified as “substantial” a linear
regression model was conducted to determine the level of variance in fatigue response
explained by changes in fitness. The coefficient of determination (R2) was calculated,
along with intercept and slope values. Additionally, the minimum change in fitness
required to elicit the MDC in fatigue response was calculated for each substantial
relationship by rearranging the regression equation:
Training load to elicit MDC = MDC – Intercept / Slope

7.3 Results
During the 5 week intervention period three players sustained injuries unrelated to the
intervention training program. As a result, the final analysis was conducted with five
players in the MAS group and six players in the RS group. A total of 211 training and
match files were analysed for the 11 players during the 5-week intervention period, the
mean number of sessions per player was 19 (range: 17 – 21). All players completed all
five prescribed conditioning sessions during the intervention period. Mean weekly
training loads during the intervention period are shown in Figure 7.2. A substantially
greater TD and t>MAS was completed by the MAS group, while the RS group completed
substantially more m>SPR. Unclear differences in m>VHSR were observed. Excluding
the intervention data, differences in training and match load were substantially greater for
TD in the MAS group, all other differences were unclear.
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Figure 7.2. Training and match load over the 5-week intervention period for A) TD, B)
m>VHSR, C) m>SPR and D) t>MAS. Box and whisker plots with median values,
interquartile ranges and minimum and maximum values. + within each box plot
represents the mean value.

7.3.1 Physical performance
7.3.1.1 Maximal aerobic speed
For aerobic fitness, observed changes within the MAS group showed a likely
improvement (ES = 0.42; 90% CI 0.14 to 0.70) from 16.68 to 17.19 km.h-1 and the RS
group were very likely trivial (ES = 0.11; 90% CI 0.02 to 0.20) changing from 16.51 to
16.64 km.h-1. A likely difference between groups for ΔMAS (%) was observed (ES =
1.74; 90% CI 0.09 to 3.38) as shown in Figure 7.3. The observed difference in Δ MAS
for the MAS group was 2.1 times the MDC (1.5%).
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Figure 7.3. A) Between group changes in MAS (km.h-1) pre (white bars) and post (grey
bars) repeated sprint (RS) or maximal aerobic speed (MAS) intervention.
B) Within group changes in MAS (%). Grey shaded area represents the MDC (1.5%).

7.3.1.2 Maximum sprint speed
For MSS, observed changes within the MAS group saw a possible improvement (ES =
0.26; 90% CI -0.11 to 0.64) from 31.58 to 31.98 km.h-1 and within the RS group a most
likely improvement (ES = 1.24; 90% CI 0.89 to 1.59) from 32.55 to 33.76 km.h-1. A likely
difference was observed between groups for Δ MSS (%) (ES = -1.23; 90% CI -2.27 to 0.19) as shown in Figure 7.4. The observed difference in Δ MSS for the RS group was
1.9 times the MDC (2.0%). Although a possible improvement was observed in the MAS
this improvement was below the MDC.

Figure 7.4. A) Between group changes in MSS (km.h-1) pre (white bars) and post (grey
bars) repeated sprint (RS) or maximal aerobic speed (MAS) intervention.
B) Within group changes in MSS (%). Grey shaded area represents the MDC (2.0%).
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7.4.2 Fatigue response
7.4.2.1 Standardised training session
No clear within or between group differences in training load were found between the pre
and post intervention standardised training sessions, used to induce a fatigue response
(Table 7.1).

7.4.2.2 Subjective fatigue and muscle soreness
In response to the standardised training session, observed changes for subjective fatigue
within the MAS group showed a very likely improvement (ES = 0.69; 90% CI 0.36 to
1.01) and within the RS group were unclear (ES = 0.05; 90% CI -0.49 to 0.60). There
was a very likely between group difference for Δ subjective fatigue response (ES = 1.45;
90% CI 0.52 to 2.37) as shown in Figure 7.5. The observed difference for Δ subjective
fatigue response for the MAS group was 1.1 times the MDC (10.6%).
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Table 7.1. Within and between group differences in training loads during the standardised training sessions.
RS Group

MAS Group

Between Group ES (MBI)

Pre

Post

Within Group
ES (MBI)

Pre

Post

Within Group
ES (MBI)

Pre

Post

TD (m)

8714
(± 884)

8842
(± 658)

0.12 ± 0.35
(Unclear)

9269
(± 700)

9273
(± 738)

0.01 ± 0.68
(Unclear)

0.58 ± 0.93
(Unclear)

0.51 ± 0.94
(Unclear)

VHSR (m)

536
(± 124)

545
(± 150)

0.06 ± 0.23
(Likely Trivial)

522
(± 119)

575
(± 209)

0.35 ± 0.96
(Unclear)

-0.10 ± 0.92
(Unclear)

0.14 ± 1.00
(Unclear)

SPR (m)

86
(± 59)

74
(± 39)

-0.17 ± 0.51
(Unclear)

55
(± 11)

61
(± 34)

0.44 ± 1.74
(Unclear)

-1.33 ± 2.13
(Unclear)

-0.29 ± 0.92
(Unclear)

t>MAS

4.7
(± 0.9)

5.0
(± 0.5)

0.23 ± 0.77
(Unclear)

5.5
(± 1.1)

5.4
(± 0.8)

-0.06 ± 0.73
(Unclear)

0.62 ± 0.94
(Unclear)

0.60 ± 1.18
(Unclear)

Note: TD; total distance, VHSR; very high speed running, SPR; sprinting, t>MAS; time above maximal aerobic speed, ES: effect size, MBI: magnitude based
inference.
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Figure 7.5. A) Between group changes in subjective fatigue response (%) pre (white
bars) and post (grey bars) repeated sprint (RS) or maximal aerobic speed (MAS)
intervention. B) Within group changes in subjective fatigue (%). Grey shaded area
represents the MDC (10.6%).

In response to the standardised training session, observed changes for subjective muscle
soreness, within the MAS group showed a likely improvement (ES = 1.38; 90% CI 0.12
to 2.63) and within the RS group were unclear (ES = 0.10; 90% CI -0.72 to 0.92). A likely
between group difference for Δ subjective muscle soreness response was observed (ES =
0.80; 90% CI -0.13 to 1.73) as shown in Figure 7.6. The observed difference for Δ
subjective soreness response for the MAS group was 1.6 times the MDC (8.5%).

Figure 7.6. A) Between group changes in subjective muscle soreness response (%) pre
(white bars) and post (grey bars) repeated sprint (RS) or maximal aerobic speed (MAS)
intervention. B) Within group changes in subjective muscle soreness (%). Grey shaded
area represents the MDC (8.5%).
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7.4.2.4 Drop jump performance
In response to the standardised training session, observed changes for DJ-RSI within the
MAS group showed a very likely improvement (ES = 1.59; 90% CI 0.62 to 2.55) within
the RS group showed a likely improvement (ES = 0.49; 90% CI 0.00 to 0.97).
Furthermore, a likely between group difference for Δ DJ-RSI response was observed (ES
= 0.89; 90% CI -0.09 to 1.88) as shown in Figure 7.7. Although substantial changes were
observed for both groups neither were above the MDC.

Figure 7.7. A) Between group changes in DJ-RSI response (%) pre (white bars) and
post (grey bars) repeated sprint (RS) or maximal aerobic speed (MAS) intervention.
B) Within group changes in DJ-RSI response (%). Grey shaded area represents the
MDC (10.9%).

7.4.2.5 Sub-maximal shuttle run
In response to the standardised training session, observed changes in PLML, within the
MAS group (ES = -3.45; 90% CI -7.51 to 0.60) were unclear and for the RS group were
also unclear (ES = -0.95; 90% CI -2.74 to 0.83). An unclear between group difference
for Δ PLML response was observed (ES = -0.38; 90% CI -1.32 to 0.55) as shown in Figure
8.8.
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Figure 7.8. A) Between group changes in PLML response (%) pre (white bars) and post
(grey bars) repeated sprint (RS) or maximal aerobic speed (MAS) intervention.
B) Within group changes in PLML response (%). Grey shaded area represents the MDC
(7.5%).

In response to the standardised training session, observed changes in %PLV within the
MAS group showed a most likely improvement (ES = 2.09; 90% CI 1.79 to 2.39) and
within the RS group a likely improvement (ES = 0.57; 90% CI 0.02 to 1.12). A very likely
between group difference for Δ %PLV response was observed (ES = 1.86; 90% CI 0.27
to 3.45) as shown in Figure 7.9. The observed difference for Δ %PLV response for the
MAS group was 1.1 times the MDC (3.9%).

Figure 7.9. A) Between group changes in %PLV response (%) pre (white bars) and post
(grey bars) repeated sprint (RS) or maximal aerobic speed (MAS) intervention.
B) Within group changes in %PLV response (%). Grey shaded area represents the MDC
(3.9%).
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7.3.4 Fitness – fatigue relationship
Substantial relationships were found between the percentage change in MAS and the
percentage change in fatigue response for; DJ-RSI (r = 0.85; 90% CI 0.59 to 0.95, likely
large), subjective fatigue (r = 0.84; 90% CI 0.56 to 0.95, likely large) and subjective
muscle soreness (r = 0.80; 90% CI 0.48 to 0.93, possibly large) (Figure 7.10).
Relationships between all other measures were unclear. This indicates that as MAS
improves there is a linear attenuation of fatigue for these measures.
For the three substantial relationships linear regression models between changes in fitness
measures and changes in fatigue response were calculated (Figure 7.10). These models
specify the minimum percentage improvement in MAS required to elicit the MDC in
fatigue response is 3.16% for subjective fatigue, 2.03% for subjective muscle soreness
and 5.78% for DJ-RSI. This specifies the improvement in MAS that is required to attain
a detectable improvement in fatigue response.
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Figure 7.10. Relationships between percentage change in maximal aerobic speed
(MAS) and changes in fatigue response for A) subjective fatigue, B) subjective muscle
soreness and C) drop jump reactive strength index (DJ-RSI).
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7.4 Discussion
The aims of the present study were twofold. Firstly, to compare the effects of two training
interventions on measures of fitness; a novel MAS intervention, looking to increase time
spent above MAS and a RS intervention. Secondly, to establish whether improvements
in fitness might attenuate the fatigue response to a strenuous standardised training session.
The main finding from this study is that aerobic fitness was substantially improved in the
MAS group, and this improvement in aerobic fitness attenuated the fatigue response post
a standardised training session in a group of elite youth football players. These findings
validate the dose-response relationships established in Chapter 6, indicating that the
prescription of weekly t>MAS can provide a predictable improvement in aerobic fitness
and furthermore, this is associated with a predictable attenuation of fatigue.
Previous research has established the ability of various interventions to improve aerobic
fitness in football players; long aerobic interval such as Helgerud et al. (2001) 4 x 4
minute intervention, high intensity intervals such as the 15:15 protocol at 120% MAS
used by Dupont et al. (2004), RS training interventions (Bravo et al., 2008, Taylor et al.,
2015) and football specific SSG programmes (Impellizzeri et al., 2006). However,
methodological differences, such as, training modality, training frequency and differences
in the assessment of aerobic fitness make comparisons between studies difficult. Dupont
et al. (2004) used a similar testing battery to the present study, assessing MAS and 40 m
sprint time. They reported an 8% improvement in MAS and a -3.5% reduction in 40 m
sprint time following 10 weeks of high intensity interval training (15:15 protocol). The
greater percentage improvement in MAS seen in the study by Dupont et al. (2004) could
be due to the longer intervention period (10 weeks versus 5 weeks) or possibly the lower
starting level of aerobic fitness (16.1 km.h-1 versus 16.7 km.h-1).
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This is the first intervention study that has used the dose-response relationship between
t>MAS and changes in aerobic fitness (established in Chapter 6 – Part II) to prescribe
weekly cumulative t>MAS in order to improve aerobic fitness. The present study found
a likely improvement in aerobic fitness within the MAS group and a likely difference
between intervention groups. This indicates that an intervention targeting increased
t>MAS is practically useful for improving aerobic fitness over a short, 5-week in season
period, when compared to a RS intervention. The lack of improvement in the RS
contradicts the findings of a recent meta-analysis that indicated possible moderate
improvements in Yo-Yo IR1 are seen following a RS training intervention similar to that
used in the present study (Taylor et al., 2015). The reason for this discrepancy might be
the differences in methods used to assess aerobic fitness. It has been suggested that YoYo IR1 performance can be determined by a range of different physical qualities, such
as, aerobic and anaerobic fitness, sprint speed and change of direction ability (MendezVillanueva and Buchheit, 2013). Therefore, when targeting improvements in an isolated
physical quality such as MAS, estimated from 1500 m time trial performance, a RS
intervention might not be as effective as previously thought. On the other hand, a most
likely improvement in MSS was observed for the RS group and a likely between groups
difference. This shows that, while the expected improvement in aerobic fitness was not
seen in the RS group a substantial improvement in MSS was observed. These findings
highlight the importance for practitioners to select the appropriate intervention when
looking to improve certain physical qualities within their squad of players.
A key component of this study was the programming of the MAS groups’ intervention
based on the dose-response relationship established in Chapter 6 – Part II. It was estimated
that the MAS intervention, plus typical training and match load, would provide around
13 minutes per week t>MAS and this would increase aerobic fitness by around 4.7%.
Findings indicate the MAS group completed, on average, around 10.8 minutes per week
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t>MAS (Figure 7.2). As all conditioning sessions were completed this discrepancy
between planned and actual t>MAS might be due to differences in training and match
load. Despite the lower than planned t>MAS, the improvement in aerobic fitness within
the MAS group was 3.04%, this is very close to what would be predicted from a weekly
t>MAS of 10.8 minutes (2.95%). This further highlights the predictable nature of the
relationship between t>MAS, as a load measure, and improvements in aerobic fitness.
Additionally, these data show how practitioners can use the information provided in
Chapter 6 – Part II to inform their training programmes.
A novel aspect of this study was the assessment of a fatigue response following a
standardised training session, similar to that used in Chapters 5 and 6. Results indicate a
clear reduction in the fatigue response of the MAS group post intervention. Substantial
between group differences were found for DJ-RSI, %PLV and subjective ratings of fatigue
and muscle soreness. This is the first study to document how an intervention improving
aerobic fitness, can attenuate the fatigue response following training in football players.
Although the reasons behind the reduction in fatigue response were not assessed in the
present study, it could be suggested that with an improvement in aerobic fitness the
relative intensity of the standardised training session was reduced. Resulting in a reduced
fatigue response for the same external workload. Various mechanisms could have resulted
in this attenuation of fatigue; for example, an athlete with greater aerobic might exhibit
an increased mitochondrial number, size, and surface area (Holloszy and Coyle, 1984)
which will allow greater movement of pyruvate into the mitochondria, resulting in
reduced lactate production. Also, increased concentrations of aerobic enzymes will
enhance the capacity to generate ATP by oxidative phosphorylation during exercise.
Furthermore, individuals with an increased MAS might have increased myoglobin
concentrations (Saltin and Rowell, 1980). This would enhance the ability of the skeletal
Page | 151

muscle to transport oxygen from the muscle cell membrane to the mitochondria and will
increase the size of myoglobin oxygen stores, therefore increasing the delivery of oxygen
to the mitochondria during exercise (Jones et al., 2013). The adaptations that result from
an improvement in aerobic fitness could therefore result in an ability to supply more
energy through the phosphagen and aerobic systems, for the same external workload.
Therefore, during the standardised training session post intervention players had less
dependence on anaerobic glycolysis, resulting in less accumulation of H+, maintenance
of optimum muscle pH, and less interference with sarcoplasmic reticulum calcium release
and cross-bridge cycling, resulting in greater maintenance of muscle force production
(Metzger and Moss, 1990) throughout the training session. These mechanisms are likely
the cause of the reduction in fatigue response from the same workload, observed in the
present study.
A final novel finding is the association between changes in aerobic fitness and changes
in fatigue response for DJ-RSI, subjective fatigue and muscle soreness. This indicates a
dose-response relationship is present; the greater the improvement in aerobic fitness, the
greater the potential reduction in fatigue response (Figure 7.10). This analysis also
attempted to establish the change in aerobic fitness that is required to achieve the MDC
for each fatigue measure. For example, to achieve a detectable improvement in DJ-RSI
performance, a 5.8% improvement in aerobic fitness is required. This is of great
importance to practitioners as it contributes to the understanding of what might be a
minimum practically important change in aerobic fitness (Thorpe et al., 2017). Findings
from Chapter 6 – Part II would suggest that around 15 minutes per week t>MAS is
required in order to gain a 5.8% improvement in aerobic fitness. This information can
therefore assist practitioners in designing appropriate training programs that will produce
a practically important change in MAS and in turn a detectable improvement in fatigue
response.
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7.4.1 Conclusion
This is the first investigation to examine the effect a novel method of prescribing a
training intervention will have on aerobic fitness and the fatigue response following a
standardised training session. This intervention prescribed weekly t>MAS based on the
dose-response relationship established in Chapter 6. Clear, predictable improvements in
aerobic fitness resulted from the 5-week MAS conditioning intervention, in comparison
to trivial changes following a traditional RS intervention. Consequently, these
improvements in aerobic fitness facilitated a clear attenuation of fatigue, following a
standardised training session, for DJ-RSI, %PLV and subjective measures of fatigue and
muscle soreness. Furthermore, key practical recommendations such as the predictable
nature of the training response, both in terms of improvements in aerobic fitness and the
reduction in fatigue response have been highlighted.

7.5 Perspective
Chapter 6 of this thesis emphasised t>MAS as a key training load variable if practitioners
are looking for accurate outcomes from their training programmes, with regards to fitness
and fatigue. Furthermore, the need for careful manipulation of this measure was
highlighted, given the known trade-off between fitness and fatigue. Increases in t>MAS
are essential for improvements in aerobic fitness (Chapter 6 – Part II), however, large
acute doses of t>MAS result in decrements in DJ-RSI performance, with concomitant
increases in subjective fatigue and muscle soreness (Chapter 6 – Part I). Training load
must therefore be carefully manipulated in order to mitigate the accumulation of fatigue,
particularly in-season.
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This chapter set out to address the need for empirical evidence surrounding the
relationship between improvements in aerobic fitness and the attenuation of fatigue in
football players. Previous research suggested that improvements in aerobic fitness might
reduce the fatigue associated with high intensity exercise (Tomlin and Wenger, 2001)
however, research specific to football players is lacking. Furthermore, no research to date
has assessed if interventions that improve aerobic fitness can also attenuate a fatigue
response. Chapter 7 therefore, looked to perform a novel intervention, that used the
evidence from Chapter 6 – Part II, targeting a specific t>MAS to elicit a predicted
improvement in aerobic fitness. Results from Chapter 7 indicate a highly predictable
improvement in aerobic fitness from the training load that was completed during the
study, validating the use of the t>MAS as a monitoring tool. Additionally, this
improvement in aerobic fitness attenuated the fatigue response following a standardised
training session, a feature used repeatedly throughout this thesis (Chapters 5 and 6). The
final key finding was the very strong relationship between improvements in aerobic
fitness and reductions in fatigue response. This further highlights the importance of
aerobic fitness in relationship between training load and fatigue, demonstrating that for a
given t>MAS one can estimate the improvement in aerobic fitness and subsequently
estimate the reduction in fatigue response.
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CHAPTER 8
8.0

Synthesis of Findings
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8.1 Synthesis
The purpose of the following chapter is to discuss the present findings in relation to the
original aims and objectives of this research programme. A synthesis of findings will be
presented in relation to current literature and how these findings have contributed to the
existing body of knowledge. Practical recommendations to optimise the prescription and
monitoring of training load and fatigue in elite youth football players will be discussed,
based on the major findings from this thesis. The limitations of the present programme of
research will be acknowledged before making recommendations for future research based
on the current thesis and the evolution of football training methods, statistical analysis
and technologies in recent years.

8.2 Achievement of Aims and Objectives
Applied research within football continues to investigate methods of monitoring both
training load and training response. The advancement in technology in recent years has
increased the ability to monitor and assess athletes (Akenhead and Nassis, 2016, Weston,
2018). However, with this increase in monitoring comes a need to understand the validity,
reliability and sensitivity of the assessment tools, how these tools relate to specific
training outcomes and finally how these tools can have a positive impact on the training
process.
The main aim of this thesis was therefore to establish the most appropriate methods for
quantifying both training load and training response, to investigate how these measures
interact via the dose-response relationship, and finally how these findings can help to
inform the training process, through individualised training interventions, within an elite
youth football academy. This aim was met through the completion of 5 separate studies
(Chapters 4, 5, 6 and 7) investigating the following objectives:
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Objective One: To determine the most appropriate methods for assessing fatigue in an
applied environment by establishing the test-re-test reliability, sensitivity and
reproducibility of potential fatigue monitoring measures. (Chapters 4 and 5)

In order to determine the most appropriate methods for assessing fatigue a three stage
approach was employed that assessed the reliability, sensitivity and reproducibility of
potential fatigue monitoring measures (Figure 8.1). This objective was met in Chapters 4
and 5. Firstly, test re-test reliability was established in Chapter 4 and values for the
minimum detectable change (MDC) calculated for tri-axial accelerometer measures
collected during a submaximal shuttle run, various assessment of jump performance and
for subjective wellness measures.

Test Retest Reliability
Chapter 4
Sensitivity to
Training Induced Fatigue
Chapter 5
Reproducibility of a
Training Induced
Fatigue
Response
Chapter 5
Most appropriate measures for monitoring fatigue
Figure 8.1. Schematic of the three staged approach used to select the most appropriate
methods for assessing fatigue in an applied environment.
Chapter 5 then built upon this by assessing if, following a strenuous standardised training
session changes in these measures exceeded the MDC. This would determine if the
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“signal” (changes following strenuous training) was greater than the “noise” (test re-rest
MDC). If the signal is greater than the noise then a measure is deemed to have appropriate
sensitivity. Finally, Chapter 5 repeated this method over two consecutive weeks to
establish the reproducibility of this fatigue response. Only of an assessment was deemed
sensitive and reproducible would it be considered for use in subsequent chapters. Five
measures were therefore highlighted as the most appropriate for use in a practical
environment; subjective fatigue and muscle soreness, DJ-RSI and tri-axial accelerometer
variables PLML and %PLV.

Objective Two: To examine the dose-response relationship between training load, fitness
and fatigue, with special reference to the use of individualised external training load.
(Chapter 6)

Following on from the findings of Chapters 4 and 5 it was important to understand how
these measures of fatigue change following different doses of training load and also how
more chronic changes in training load can influence a football players’ fitness levels. This
objective was met in Chapter 6 – Part I and II. An important aim for this chapter was to
assess differences in the dose-response relationships when using various training load
measures, in particular, differences between arbitrary and individualised speed
thresholds. It was hypothesised that an individualised external training load measure
would display a stronger dose-response relationship, compared to arbitrary measures,
given its association with a players’ individual physiological characteristics. The results
of Chapter 6 suggest that an individualised measure of external training load, that takes
into consideration the time each player spends above their maximal aerobic speed
(t>MAS) has strong associations with both acute fatigue and chronic changes in fitness.
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This finding demonstrates that t>MAS is a key measure of training load that must be
monitored carefully by practitioners if they are to increase chronic training loads in order
to improve fitness whilst not accumulating acute fatigue on a daily basis.

Objective Three: To investigate the efficacy of a training intervention to improve aerobic
fitness and subsequently examine its ability to attenuate a fatigue response. (Chapter 7)

Considering the outcomes of Chapter 6, an intervention study was conducted in order to
firstly assess the efficacy of a training programme that systematically increased chronic
t>MAS, to improve aerobic fitness. Secondly, to investigate if these improvements in
aerobic fitness contributed to the reduction of a post training fatigue response. These
objectives were clearly met in Chapter 7. Players were assigned to either an intervention
group targeting increased weekly t>MAS or a RS intervention group. Both interventions
were conducted alongside players’ training and match schedule over a 5-week period.
Findings demonstrate that clear improvements in aerobic fitness were observed in the
t>MAS group and clear improvements in sprinting speed in the RS group, highlighting
the importance of specificity when selecting an appropriate training intervention.
Furthermore, the improvements in aerobic fitness clearly attenuated the post training
fatigue response. These findings suggest that an intervention targeting increased t>MAS
is an effective way of improving aerobic fitness and subsequently reducing the amount of
fatigue that is accumulated from a given training load.
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8.3 General Discussion
This research programme investigated the effectiveness of an individualised method of
monitoring and prescribing training to improve fitness and attenuate fatigue in elite youth
football players. The main findings were that an individualised method of monitoring
training load (t>MAS) displayed the strongest associations with both acute fatigue 24 h
post training and longitudinal improvements in fitness over a 5-week training period.
Furthermore, when this individualised method was used to prescribe training load, a clear,
predictable improvement in aerobic fitness was evident. Most notably, this is the first
research project to document that following this improvement in aerobic fitness, players
fatigue response, 24 h post training, was substantially reduced.
The exact mechanisms behind this improvement in fatigue response were not assessed
during this study. However, it is fair to suggest that the attenuation in fatigue response
occurred as a result of reduced relative intensity of the standardised training session
following an improvement in aerobic fitness. This means that for the same external
workload, players with greater aerobic fitness accumulated less fatigue within the
standardised training session, post intervention. This has important implications for
practitioners. It has been suggested that individuals with greater aerobic capability display
increased concentrations of aerobic enzymes, increased mitochondrial number, size and
surface area (Holloszy and Coyle, 1984, Jones and Carter, 2000). Together, these
adaptations contribute to improved oxygen utilisation. Aerobic training has also been
shown to result in increased muscle blood flow, which is accomplished through elevated
cardiac output (Ekblom and Hermansen, 1968) and increased capillarisation of muscle
tissue (Andersen and Henriksson, 1977). These enhancements result in an increased V̇O2
during training (Ekblom et al., 1968). The adaptations that result from an improvement
in aerobic fitness could therefore result in an ability to supply more energy through the
phosphagen and aerobic systems. Thus, decreasing the dependence on anaerobic
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glycolysis, resulting in less accumulation of H+, maintenance of optimum muscle pH, less
interference with sarcoplasmic reticulum calcium release and cross-bridge cycling,
resulting in greater maintenance of muscle force production (Metzger and Moss, 1990).
In addition to acidosis, anaerobic metabolism in skeletal muscle also involves hydrolysis
of creatine phosphate to creatine and Pi. Creatine has little effect on contractile function,
whereas Pi, is thought to be an important cause of fatigue during high intensity exercise
(Westerblad et al., 2002). Increased Pi substantially impairs myofibrillar performance,
decreases sarcoplasmic reticulum calcium release and therefore contributes to the
decreased activation of the muscle (Allen and Trajanovska, 2012). These physiological
mechanisms could be applied to the results of Chapter 7, furthermore, highlighting to
practitioners the importance of considering the aerobic fitness of football players, not only
from a performance perspective, but also from a fatigue perspective. If players are able
to tolerate greater training loads throughout the training week they will be able to spend
a greater about of time working on technical and tactical performance, something that
could have great benefits particularly in an elite football academy.
Another novel finding from this thesis was the ability to prescribe training based on
t>MAS, resulting in a predictable improvement in aerobic fitness. This highlights that
practitioners should carefully monitor and target increased t>MAS if an improvement in
aerobic fitness is the desired outcome of their training programme. Chapter 7 utilised a
running intervention whereby players ran for 30 seconds at 110% of their MAS followed
by 30 seconds of passive recovery, this was adapted from previous work by (Billat et al.,
2000). The time cost of this intervention was around 8 to 16 minutes per week, this is
substantially less than other interventions such as the 4 x 4 minutes protocol utilised by
Helgerud et al. (2007). Again, this then allows more time for technical and tactical
development throughout the training week. Another interesting finding from Chapter 7
was the substantial improvement in MSS observed in the repeated sprint group. It is
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possible that the 1:9 work to rest ratio, although within guidelines (Taylor et al., 2015),
was too high to elicit improvements in aerobic fitness. However, the greater rest between
sprints has facilitated clear improvements in sprint speed. This highlights the importance
of specificity within the training programme. Physical assessments such as the 1500m
time trial and 40 m sprint test conducted throughout this thesis should be used to complete
a locomotor profile of each player and identify areas for development. Players can then
be assigned to either an MAS group or an MSS group based on their individual physical
development needs. If improvements in both areas are required previous research by
Dupont et al. (2004) has shown a 15:15 protocol at 120% MAS resulted in improvements
in both aerobic fitness and sprint speed.
As well as investigating the ability to monitor and prescribe training to estimate changes
in fitness another important objective within this thesis was to establish the ability to
monitor and prescribe training to estimate changes in fatigue. It was hypothesised that an
individualised external training load measure (t>MAS) would display the strongest doseresponse relationship between training load and fatigue. Two previous studies have
assessed the relationship between external training load and fatigue in football (Scott and
Lovell, 2017, Thorpe et al., 2015). Thorpe et al. (2015) found a large relationship
between arbitrary high speed running (>14 km·h-1) and subjective fatigue however,
objective measures; CMJ and HRV displayed trivial to small relationships. A potential
explanation could be that training load was not sufficient to induce a fatigue response in
these objective measures. In agreement with this notion, results in Chapter 6 – Part I
showed a greater training load is required to elicit the MDC in objective measures
compared to subjective measures. For example, the t>MAS required too elicit the MDC
in subjective fatigue is 2.0 min, in contrast the t>MAS required to elicit the MDC in DJRSI performance is 5.6 min. This indicates that from a small amount of t>MAS players
perceive a substantial level of subjective fatigue however, 5.6 minutes above MAS can
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be completed in training before physical performance shows a detectable change. This
has multiple important implications for practitioners. Firstly, it highlights the need to
conduct both objective and subjective assessments in order to gain a full understanding
of an athletes fatigue status. This might lead to informal education with individual players
around sensations of fatigue and how these perceptions can influence physical
performance. Secondly, it highlights that if only subjective assessments are used training
modifications based on these measures might lead to an overly cautious approach,
whereby training load is reduced given the substantial levels of subjective fatigue when
objectively players’ physical performance is at an optimal level. This could lead to
unnecessary reductions in training load and ultimately under training that might
negatively affect performance and increase injury risk (Gabbett, 2016).
Scott and Lovell (2017) expanded on the work of Thorpe et al. (2015), by assessing both
individualised and arbitrary measures of training load. Scott and Lovell (2017) found only
small relationships between training load and subjective fatigue, with no differences
between arbitrary and individualised training load measures. However, a major criticism
of this study is that no objective assessments of fatigue were completed. The results of
Chapter 6 – Part I indicated a large to very large relationship between training load and
changes in DJ-RSI performance, subjective fatigue and muscle soreness and moderate
relationships with %PLV. However, in agreement with Scott and Lovell (2017) no
differences were found between arbitrary and individualised measures. It is possible that
the large multicollinearity (see Appendix E) between training load measures following an
acute training session is the reason for the lack of differences observed between arbitrary
and individualised measures. This is likely a common issue with this type of data as a
large number of training load variables are displaying covariance with each other. A
potential solution might be to conduct a principle component analysis as descripted by
Weaving et al. (2019). This dimension reduction technique can be used to assess large
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data sets. It will reduce the number of variables analysed and the covariance within the
data, whilst maintaining the maximum amount of information within each principle
component, therefore allowing multivariate analysis to be conducted.
Another real strength to this thesis was the rigorous approach used to determine suitable
methods of assessing fatigue in the applied environment (Figure 8.1). The approach used
allows for the reliability (noise) and the sensitivity (signal) to be assessed before decisions
are made about the usefulness of any measure. Previous literature has tended to use a
criteria based approach for decisions around reliability, with thresholds of 10% for CV
and 0.80 for ICC typically used (Cormack et al., 2008b, Beattie and Flanagan, 2015, Roe
et al., 2016). Although this criteria based approach might aid in the decision making
process around measurement error it is our opinion that reliability data should only be
assessed alongside an estimate of measurement sensitivity. With this method researchers
can be more confident that the signal of the measure is greater than the noise and therefore
the measure can be used with confidence in future research and in the applied setting.
With the aforementioned criteria based approach certain measures might display a CV <
10%, however, if sensitivity is low, this will make it very difficult to detect meaningful
changes in future studies. In contrast if a measure displays a CV > 10% it might be
deemed unreliable and therefore inappropriate for future research. However, if sensitivity
data suggests the signal of this measure is around 20-30% this might actually make it a
useful measure. In summary, the methodology used within this thesis to select appropriate
measures utilises the signal to noise ratio. This can be used to identify measures that are
capable to detecting meaningful changes in future research and is a more robust method
than the popular criteria based assessments of reliability.
The MDC was used extensively throughout this thesis as a threshold for detectable
changes in each outcome measure. As was discussed in previous chapters this is seen as
a more stringent measure of test re-test reliability as it constructs a confidence level
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around the typical error of measurement. However, another important consideration when
making decisions around the magnitude of change is the minimum practical important
change (MPIC) (Atkinson, 2003, Thorpe et al., 2017). It is important to consider that the
MDC might not be the same as the MPIC. The MDC is the smallest true change that has
a reasonable probability of being substantial in a well enough powered study, however,
this change might still not be practically important. The selection of an MPIC is however
difficult in a multifactorial sport such as football, where it is not straight forward to
attribute changes in a physical/ physiological measure with on pitch performance. One
method for calculating a MPIC is the “anchor” method. In the “anchor” approach, the
measurement (or change in measurement) is anchored to an associated change in another
outcome measure, the anchor variable. A change in fatigue status could be anchored to
changes in illness, soft-tissue injury, or physical match performances. To give a
theoretical example, the MDC for DJ-RSI is 10.9%, this means that if a change of this
magnitude occurs we are 75% confidence that a real change has occurred, given the
known within-subject variability in this measurement. However, theoretically the MPIC
for DJ-RSI could be 20% as a reduction in DJ-RSI performance of this magnitude relates
to a 10% increase in injury risk. Although this is a theoretical example it is important that
researchers and practitioners attempt to quantify not only the MDC but also the MPIC.
To investigate the MPIC for the outcome measures used in this research programme was
beyond the scope of this thesis. Nonetheless, future research should strive to quantify
such thresholds through prognostic-longitudinal type research (Hemingway et al., 2013,
Finch and Marshall, 2016).
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8.3.1 Conclusion
In conclusion, this research programme has been the first to establish that an
individualised approach to monitoring and prescribing training can be an effective means
of improving aerobic fitness, which in turn attenuates the fatigue response for a given
training load. The relationship between training load, fitness (Akubat et al., 2012, Manzi
et al., 2013) and fatigue (Thorpe et al., 2015, Scott and Lovell, 2017) has previously been
investigated. However, no study has assessed these relationships concurrently, using the
same training load measures. This thesis has highlighted that an individualised approach
to monitoring and prescribing training, via the assessment of t>MAS, can provide novel
information with regards to the relationship between training load, fitness and fatigue.
Furthermore, the new knowledge gained throughout this thesis has important applications
for practitioners. Clear methods have been documented with regards to how the
monitoring and prescription of training load can be utilised on an individual basis. Firstly,
to consider the acute effects of training load on fatigue, and secondly, the chronic effects
on fitness and finally, how improvements in fitness can facilitate the attenuation of
fatigue. This thesis has documented the importance of assessing both reliability and
sensitivity in order to make decisions on the usefulness of a fatigue or physical
performance measure, and the need for future research to investigate the MPIC in these
outcome measures.

8.4 Practical Applications
The experimental studies that comprise this thesis have a very high level of applicability
to practitioners. It is hoped that the novel information gained throughout this thesis will
provide practitioners with a greater understanding of the relationship between training
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load, fitness and fatigue and assist with the prescription and monitoring of training in their
daily practice.

Decision making based on the MDC
A challenge for any practitioner is to quickly and effectively establish the physical state
of a group of players prior to the start of each training session. Training preparation,
prescription and subsequent recovery strategies might hinge on the results of pre training
fatigue assessments. They therefore need to be time efficient, easy to analyse, valid,
reliable and sensitive in order for practitioners to assist in the decision making process.
The key practical application of the findings from Chapters 4 and 5 is the use of the MDC,
that can be used as a threshold for changes that are considered “real” (Charter, 1996,
Weir, 2005). For example the MDC for %PLV established in Chapter 4 is 3.9%, this
stipulates that an increase greater than 3.9% must be achieved before a change is greater
than the measurement error and can be considered real (at a 75% confidence level). Using
this statistical approach can enhance the decision making process for practitioners by
quickly highlighting individuals who fall outside of the MDC. This might lead to timely
interventions, such as, further discussion with the player, recovery interventions and/or
training load modifications. Finally, a 75% confidence level for the MDC was selected to
be used throughout this thesis based on the applied nature of the research programme.
However, if a more stringent approach is warranted then an 85% or 95% confidence level
could be calculated. Using the example of %PLV this would have resulted in MDCs of
4.9% or 5.6% respectively.
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Estimating the fatigue response to training
Another practical application is the ability to estimate fatigue from a given training load
based on the relationship between training load and fatigue, established in Chapter 6 –
Part I. This could enhance a practitioner’s ability to plan appropriate training loads,
subsequently improving the training process. For example, if the planned t>MAS for a
given session is six minutes, the decrement in DJ-RSI performance can be estimated
based on the model parameters presented in Chapter 6:
slope * t>MAS + intercept = Δ DJ-RSI (%)
-3.7 * 6.0 + 10.0 = -12.2
This estimates the decrement in DJ-RSI performance, 24 h post training will be -12.2%.
This would indicate a large amount of fatigue will result from this session, depending
on where this training session falls within the overall program, the practitioner might
look to adapt the t>MAS for this session to reduce the predicted fatigue response.

Estimating the fitness response to training
In a similar manner to estimating the fatigue response, the ability to accurately estimate
aerobic fitness responses based on weekly t>MAS is a key finding from this thesis.
Practitioners can again use the linear regression model parameters, intercept (-4.4), slope
(0.7) and SEP (1.0), to estimate the aerobic fitness response from weekly t>MAS. For
example, if the targeted t>MAS for a 6-week training period is 12 minutes per week.
Using the following equation:
slope * t>MAS + intercept = Δ aerobic fitness (%)
0.7 * 12.0 + (-4.4) = 4.0
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This predicts an improvement in aerobic fitness of +4.0% (±1.0%). This highlights the
predictive value of t>MAS as a training monitoring and prescription tool and how
practitioners can use the results established within Chapter 6 – Part II to monitor weekly
t>MAS, with a clear, predictable physiological response as the outcome measure.

Relationship between improvements in aerobic fitness and the attenuation of fatigue
A further practical application is the novel finding from Chapter 7 that a clear linear
relationship exists between changes in aerobic fitness and changes in fatigue response for
DJ-RSI, subjective fatigue and muscle soreness (see Figure 7.10). This indicates that
improvements in aerobic fitness reduce player fatigue in a predictable manner, giving
further evidence to the relationship between fitness and fatigue. Practitioners can use this
information to help target specific improvements in aerobic fitness that will result in
detectable reductions in fatigue response. Again, by using the linear regression
parameters established for this relationship in Chapter 7, practitioners can estimate the
reduction in fatigue response from a specific improvement in aerobic fitness. For
example, the MDC for DJ-RSI is 10.9%, to understand the improvement needed in
aerobic fitness to facilitate this reduction in DJ-RSI response, the following equation can
be used:
(targeted Δ DJ-RSI response – intercept) / slope = Δ aerobic fitness required
(10.9 – 1.1) / 1.7 = 5.8
This suggests that an improvement in aerobic fitness of +5.8% is required to elicit a 10.9%
reduction in the fatigue response following a standardised strenuous training session.
Furthermore, this statistical method can be used for other variables that displayed a
similar relationship i.e. subjective fatigue and muscle soreness (Figure 7.10).
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8.5 Main Limitations of Findings
Limitations associated with this thesis should be considered within the context of the elite
sporting environment that the research was conducted. Small sample sizes and limited
opportunities to manipulate training programmes are inherent issues when conducting
research of this nature. It is noteworthy that while certain limitations are apparent, the
studies conducted as part of this thesis have had unprecedented ability to standardise
training sessions, manipulate training variables and to conduct training interventions.
Firstly, with regards to the assessment of reliability in Chapter 4, the relatively small
sample sizes used might lead to greater error associated with the statistics presented.
However, the sample sizes are specific to the elite football environment. A typical squad
within an elite youth academy will consist of around 15-20 players, therefore reliability
statistics are representative of the sample size which was used in subsequent experimental
chapters. Furthermore, power estimations conducted as part of Chapter 4 indicated that a
sample size of 9-10 players would be deemed acceptable for all outcome measures, this
was exceeded in all studies apart from Chapter 7 which had seven players per group.
It has been suggested that greater than two trials are required to provide a more accurate
representation of the systematic error that could exist in each measure (Hopkins, 2000).
However, the use of two trials has been used repeatedly within the literature (Buchheit
and Mendez-Villanueva, 2013, Roe et al., 2016). Furthermore, the test re-test design of
the reliability studies provides practitioners with valuable insight into the reproducibility
of said measures.
Given the relatively small sample sizes and single cohort designs some caution must be
taken when generalising the results from this thesis. Particularly; for example, when
assessing the dose response relationship between training load and fitness in Chapter 6 –
Part II. This model was create using data from a sample of 14 players, from one Academy
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squad, over a 6 week period and although it was validated as an effective method of
improving aerobic fitness, with this cohort of players, in Chapter 7, in order to generalise
these findings to a wider population, more data might need to be collected. Future
research should look to complete a replication study with a larger sample of players, from
multiple Academies, across a range of age groups. Furthermore a study with more than
one observation per player of the course of a competitive season would be warranted.
Chapter 6 – Part I looked to investigate the relationship between training load and a
fatigue response. A rigorous methodological approach was used in order to assess players
via a randomised crossover design, something which was lacking from previous doseresponse studies (Thorpe et al., 2015, Scott and Lovell, 2017). In order to complete this
type of research in an applied environment however, the number of observations that
could be completed was limited to three (the minimum needed in order to conduct the
within subject models used). This limited the analysis to only complete mixed linear
models, however, conceptually the training load-fatigue relationship might be more
curve-linear. Future research could look to replicate this study with a greater number of
observations, allowing a greater range of models to be fit to the data.
It might be noted that there are a lack of physiological response measures when assessing
both fatigue and fitness. This could be seen as a limitation throughout this thesis. For
example, assessments of jump performance were used as surrogate measures of
neuromuscular fatigue and the average speed during a 1500 m time trial used as an
estimate of MAS. However, these decisions were always based on the evidence of
previous mechanistic studies that have shown these practical assessments to be valid
estimates of physiological responses for both fatigue (Brownstein et al., 2017, Thomas et
al., 2017) and fitness (Lorenzen et al., 2009, Bellenger et al., 2015). On a spectrum from
mechanistic to applied research this is very much an applied body of work. It was very
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important throughout that the measures used, whilst evidence based, are also practically
applicable in the elite sporting environment.

8.6 Recommendations for Future Research
The results of this thesis have made a considerable contribution to the existing literature
surrounding the monitoring and prescription of training in football players, however, a
number of opportunities for future research have been identified.
One of the major findings of this thesis is the established relationship between training
load, specifically t>MAS, and fitness and fatigue. Another important consideration is the
relationship between training load and injury risk, something which has received
extensive research in recent years (Gabbett, 2016). However, current research has mainly
focused on perceived training loads (Rogalski et al., 2013), TD covered (Colby et al.,
2014) and arbitrary speed thresholds (Bowen et al., 2017). Given the link between
t>MAS, fitness and fatigue, longitudinal analysis of the association between t>MAS and
injury risk is warranted.
A metric which has gained huge popularity in recent years is the acute: chronic workload
ratio (Gabbett, 2016). This metric is the ratio between acute training load (typically 7
days) and chronic training load (typically 28 days). However, it has now been shown that
assessing training load in this manner can lead to erroneous assumptions about a players
training status (Lolli et al., 2017, Lolli et al., 2018). A possible solution might be to build
upon the information gained throughout this thesis and develop a systems modelling
approach. Developed originally by Banister et al. (1975) and later adapted by Morton et
al. (1990) and Busso et al. (1991) this type of approach uses training load to estimate
fitness and fatigue on an individual basis. Using parameters such as weighting factors and
decay constants, performance at any given time can be estimated. Predicted performance
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and actual performance are subsequently evaluated to adjust parameters and create the
best model fit. However, due to the difficulty of quantifying “performance” in football
this type of analysis has yet to be investigated.
This thesis has gone some way to explaining the reliability and sensitivity of a range
fatigue and physical performance measures. A key statistic, as discussed in the practical
applications, is the MDC. This gives practitioners a threshold which they can be confident
is above the noise of the test. The next step in this analysis would be to calculate the
minimum practically important change as discussed by Thorpe et al. (2017). The
minimum practically important change is another important threshold to consider,
alongside the MDC, as it describes not only what change is detectable, but what change
will have some practical relevance. This is a difficult measure to assess in sports such as
football, given the multifactorial nature to what constitutes “football performance”.
Future research might look to anchor changes in fatigue response or aerobic fitness to
outcomes such as injury risk, match activity profiles or technical match statistics,
measures that might act as surrogate key performance indicators in football.
Finally, the association between DJ-RSI performance, vertical acceleration during submaximal running and players’ fatigue response has been investigated throughout this
thesis. Based on previous research a possible link between these assessments and lower
extremity stiffness has been made (Butler et al., 2003, Lloyd et al., 2009). This highlight
the need to assess the link between lower extremity stiffness and fatigue, potentially
through jumping and hopping tasks or via tri-axial accelerometer data. Preliminary work
in this area has looked promising (Buchheit et al., 2015b, Buchheit et al., 2018), however,
recent concerns about the validity and reliability of trunk housed tri-axial accelerometers
to determine peak vertical acceleration have been published (Edwards et al., 2018). Future
research should look to advance this area by using advanced analytical techniques, such
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as machine learning, to correctly quantify lower extremity stiffness from commonly worn
tri-axial accelerometers and inertial measurement units (Cust et al., 2018).
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CHAPTER 9
9.0

Appendices
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Appendix A: Example Informed Consent Form

INFORMED CONSENT FORM
Project Title: The reliability of a fatigue and recovery response in elite youth
football players

Principal Investigator: John Fitzpatrick

Participant Number: ______

For the participant:
please tick where applicable
I have read and understood the Participant Information Sheet.
I have had an opportunity to ask questions and discuss this study and I have
received satisfactory answers.
I understand I am free to withdraw from the study at any time, without having
to give a reason for withdrawing, and without prejudice.
I agree to take part in this study.

For the parent or guardian:
please tick where applicable
I have read and understood the Participant Information Sheet.
I agree that my child/children may participate in the research

Signature of researcher................................................ Date.....………………..
(NAME IN BLOCK LETTERS)....................................................……………….
Signature of participant................................................ Date.....………………..
(NAME IN BLOCK LETTERS)....................................................……………….
Signature of parent or guardian.................................

Date.....………………..

(NAME IN BLOCK LETTERS).................................................………………….
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Appendix B: 5-Item Subjective Wellness Questionnaire
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Appendix C: 3-Item Subjective Wellness Questionnaire
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Appendix D: Example Standardised Training Session
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Appendix E: Multicollinearity matrix for training load variable in Chapter 6-Part I
TD
(m)

AD Load
(m)

m>HSR
(m)

t>HSR
(min)

m>VHSR
(m)

t>VHSR
(min)

m>MAS
(m)

t>MAS
(min)

m>30ASR
(m)

t>30ASR
(min)

HRE
(AU)

TD (m)

-

AD Load (m)

0.62

-

m>HSR (m)

0.76

0.71

-

t>HSR (min)

0.78

0.71

0.95

-

m>VHSR (m)

0.66

0.66

0.94

0.91

-

t>VHSR (min)

0.67

0.66

0.95

0.92

0.94

-

m>MAS (m)

0.72

0.62

0.97

0.98

0.89

0.90

-

t>MAS (min)

0.70

0.60

0.96

0.97

0.86

0.87

0.92

-

m>30ASR (m)

0.59

0.38

0.81

0.79

0.83

0.82

0.82

0.80

-

t>30ASR (min)

0.59

0.37

0.80

0.79

0.81

0.80

0.82

0.80

0.96

-

HRE (AU)

0.15

0.23

0.35

0.34

0.36

0.36

0.33

0.31

0.32

0.33

-

sRPE (AU)

0.46

0.24

0.68

0.68

0.66

0.66

0.72

0.72

0.78

0.79

0.29

-2

sRPE
(AU)

-

-1

Abbreviations: TD; total distance, AD Load; acceleration and deceleration distance >2m.s , m>HSR; high speed running distance > 17 km.h , t>HSR; high speed running time >
17 km.h-1, m>VHSR; very high speed running distance > 21 km.h-1, t>VHSR; very high speed running time > 21 km.h -1, m>MAS; distance > MAS km.h-1, t>MAS; time > MAS
km.h-1, m>30ASR; distance > 30% ASR km.h-1, t>30ASR; time > 30% ASR km.h-1, HRE; heart rate exertion, sRPE; session rating of perceived exertion.
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